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1 Abstract

This dissertation consists of four related essays on stochastic volatility mod-
els in asset and option pricing. More precisely, this dissertation focuses on
stochastic interest rate and multiscale stochastic volatility models, with ap-
plications in various financial products such as European vanilla options,
U.S. government bond yield, health insurance policy, implied volatility, and
foreign exchange rate.

Volatility study has became one of the most important topics since 2007-
2008 financial crisis. Quantitative easing policy (QE), initialized by U.S.
Federal Reserve (the Fed) since 2008, has spread world-wide. The expan-
sionary monetary policy significantly escalates global debt level and creates
massive bubbles especially in emerging markets. Financial instability leads
to severe market volatilities and declares the necessity of investigation on
sophisticated stochastic volatility models.

In first essay, a hybrid Heston-CIR (HCIR) model with a stochastic inter-
est rate process is presented. This hybrid model is analytically tractable
and inspired by the model illustrated by Grzelak and Oosterlee 2011. Their
model is modified to preserve the affine structure and to permit a “direct”
correlation between the equity and the interest rate. In this essay, explicit
elementary formulas for the moments of the asset price variables as well as
efficient formulas to approximate the option prices are deduced. Using Eu-
ropean call and put option prices on U.S. S&P 500 index, empirical study
shows that the HCIR model outperforms Heston model in interpreting and
predicting both call and put option prices.

The second essay is a further extension of the HCIR model with two dif-
ferent applications. The first application is using HCIR model to interpret
bond yield term structure. Specially, the model shows ability to capture the
relationship between short and long term bond yields and to forecast their
upward /downward trend. The second analysis is based on the values of the
long-term health endowment policy (i.e. Credit Agricole index linked policy,
Azione Piu Capitale Garantito Em.64). The empirical analysis shows that
the stochastic interest rate plays a crucial role as a volatility factor and pro-
vides a multi-factor model that outperforms the Heston model in predicting

7



1. ABSTRACT

health endowment policy price.

The third essay aims to extend the Heston model in order to efficiently solve
option pricing problems when negative values of interest rate are observed.
A hybrid Heston Hull-White (HHW) model is designed to describe the dy-
namics of an asset price under stochastic volatility and interest rate that
allows negative values. Explicit elementary formulas for the transition prob-
ability density function of the asset price variable and closed-form formulas
to approximate the option prices are deduced. In first empirical analysis, the
HHW model is calibrated by using implied volatility, and the result shows
that the stochastic but possible negative values of interest rate plays a sig-
nificant role in the option pricing. The second empirical analysis focuses
on the Eurodollar futures prices and the corresponding European options
prices with a generalization of the Heston model in the stochastic interest
rate framework. The results are impressive for both approximation and pre-
diction. This confirms the efficiency of HHW model and the necessary to
allow for negative values of interest rate.

The fourth essay describes a multiscale hybrid Heston model of the spot
FX rate which is an extension of the model De Col, Gnoatto and Grasselli
2013 in order to allow stochastic interest rate. The analytical treatment of
the model is described in detail both under physical measure and risk neu-
tral measure. In particular, a formula for the transition probability density
function is derived as a one dimensional integral of an elementary integral
function which is used to price European Vanilla call and put options.



2 Introduction

2.1 DMotivation and Research Background

The collapse of the Bretton Woods system, due to the oversupply of U.S.
dollar, has caused severe global monetary instability. Strong exchange rate
and interest rate fluctuations have destroyed the conventional financial mar-
ket disciplines. Sense of uncertainty and unsafety urges people’s incentive
on risk hedging. Therefore, to meet enormous demand on innovative finan-
cial instruments for hedging risk, derivatives market has substantially and
rapidly expanded. Besides risk hedging, corporates’ pursuit for maximum
profits become another fundamental driving force of financial innovation,
which further develops financial system, and improves the efficiency of finan-
cial intermediation in both primary and secondary markets, so as to better
fulfil the economic duties of the financial system, such as liquidity control,
risk management, information extraction, acceleration the trade, and so on.

A financial derivative is a contract between two or more parties who are
willing to pay based on some agreed-upon terms. Derivatives vary according
to different types of contracts. In derivatives market, individual investors
could hedge risk by transferring risk to institutional investors who are able
and willing to take the risk. The integration and globalisation of finan-
cial markets increase market volatility, assert trading volume, and types of
derivatives including futures, forward contracts, options, swaps, and hybrid
products. Today, the derivatives market has great influence on world econ-
omy.

For one example, credit default swap (CDS), which is recognized as the trig-
ger of subprime mortgage crisis. In 2007, the year before the crisis, the global
CDS amount was $62 trillion. About $14 trillion CDS were held in U.S. top
25 banks at the third quarter of 2007 which was higher than U.S. entire year’s
GDP, $13.8 trillion. Obviously, it is not sufficient to cover CDS losses even
liquidating the total GDP. Ironically, as a risk hedging instrument, CDS did
not reduce the risk, but created horrible financial crisis.

It has been over 7 years since 2008 financial crisis, however, we are still
unclear about the trend of the world economy and the stability of financial



2. INTRODUCTION

market. Quantitative easing policy (QE), initialized by U.S. Federal Reserve
(the Fed) in 2008, has spread world-wide, not only in developed market such
as EU and Japan, but also in emerging market, e.g. China. The effectiveness
of expansionary monetary policy (money printing) is always controversial.
Furthermore, referring to the Greek sovereign debt default in 2012 and 2015,
the economic consequences of EU-U.S. sanctions against Russia over Ukraine
crisis since March 2014, the Syria war and European refugee crisis since April
2015, we can not help but ask: do we believe that our economy is recovering?
In other words, is the world economy gradually away from the last recession,
or on the contrary, heading to the next crisis?

The answer to the above questions is embarrassing. One important reason is
our knowledge limitation on risk, since the traditional theories and models of
financial markets substantially underestimate the risk. Thus, today’s chal-
lenge and opportunity for economists and financial engineers is to innovate
market adapted financial models to predict and hedge risk. Undoubtedly,
financial innovation ability has become the heart of competitiveness. Inno-
vators could get significant competitive advantage and occupy larger share
of market by providing various interesting products and services. Under fast
economic globalization and technology development, financial markets are
providing enormous benefits while creating devastating uncertainty and risk.

This thesis focuses on stochastic interest rate and multidimensional stochas-
tic volatility models, with applications in various financial products such as
European vanilla options, U.S. government bond yield, health insurance pol-
icy, implied volatility, and foreign exchange rate. Interesting examples will
be discussed detailedly in each chapter.

2.2 Mathematical Finance Background

This section presents basic knowledge on probability theory and stochastic
calculus. Some definitions and relevant formulas will be frequently used in
the following chapters.

2.2.1 Martingale

Probability Space

Probability space (€2, F,P) is a measure space which consists three elemen-
tary parts as follows:
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e () : sample space which is a non-empty set.

e F: a set of events. It is a subset of power set of sample space (2
ie. F C 2% Fis a o-algebra since it satisfies the following three
properties:

— Q € F : the sample space {2 is an element of the events set F.
— if A€ F, then A € F: F is closed under complements.
—if A, € F,i=1,23, .., then |J°, AieF : F is closed under

(countable)unions.
e P: probability measure, P : F — [0, 1], and especially, P(Q2) = 1, i.e.
the measure of the whole space is equal to one.
Filtration

Suppose when 0 < t; <ty < t3---, a sequence of o-algebra satisfies F;, C
Fi, CFpy -, with F, ©F [ 1=1,2,3,.... Then filtration is defined as:

F = (Fi)uez+ [2.1]

In financial market, (F,),ez+ refers to information set including historical
stock price at time ¢;. Clearly, as time moving i.e. ¢; increasing, more data
joins in this information set which increases as well. Here (Q, F,F,P) is
called filtered probability space or stochastic basis.

Martingale

Suppose (S;)iez+ is a F adapted process in (Q, F,F,P) i.e. for any ¢ >0 , .S,
is revealed (JF; measurable). If the following two properties are satisfied,

o Ep(| S;|) <oo,teZ" orin other words, S; € (}(Q, F,F,P)
® Ep(Sip1 | Fi) =S, t€Z”

then (S;)iez+ is called a martingale relative to filtration F and probability
P. Here, it is worth to remark that [' refers to an one-dimensional vector
space which is a special case of an important Banach space—IP space (p < 00).
In [' space, the sequence of series (S;);cz+ is absolutely convergent i.e.

151 = ([S1] + 1Sz 4+ -+ +|Sn]) < o0

where || - ||; is 1-dimensional Euclidean norm of vector space.
Clearly if (S;);ez+ is a martingale, then Ep(AS, | F;) = Ep(Sip1 — S | Fr) =

11



2. INTRODUCTION

0, t € Z*. This is an important martingale property which indicates that
the future movement of the random variable is unpredictable. In addition,
Supermartingale and Submartingale are defined as following:

o if Ep(Sit1 | Ft) < (2)S:,t € Z*, then (Si)iez+ is a supermartin-
gale(submartingale).

2.2.2 Brownian Motion and Levi Process

Brownian Motion (BM) is the first stochastic process that has been seri-
ously studied since 827. It was named by British biologist, Robert Brown,
who firstly observed the motion of tiny pollen particles suspended in a lig-
uid suspension due to water molecules successive impacts. In 1900, Louis
Bachelier tried to describe the stock price movement using Brownian Mo-
tion. In 1905, Albert Einstein made a reasonable physical interpretation
of this process and obtained the transition probability density function. In
1918, Norbert Wiener firstly serious defined Brownian Motion in mathemat-
ics, thus Brownian Motion is also called Wiener process. Afterwards, Levy
and other scientists studied the important properties of Brownian Motion.
The later sections will show some profound meanings of these properties and
important applications. Now Brownian Motion works as a cornerstone in
studying stochastic process and random phenomena.

Definition 2.2.1. A stochastic process (W;):cjo,oc] is a standard Brownian
Motion (or Wiener Process) on probability space (2, F,P), if

1. WO - O
2. W, is almost surely everywhere continuous.

3. AW ~ N(0,At) i.e AW, is normally distributed with mean 0 and
variance At, where for 0 < s <t , At =t — s and AW =W, — W,.

4. Wy has independent increments. i.e. V At # As, AW and AW, are
independent random variables.

Remark: condition (1) is to determine the initial condition. Condition (2)
is sometimes written as: AW = ¢/ At, where ¢ follows a standard normal

T
distribution. For a time interval [0,7] , with At = N’ N =1,2,3,..., the
change of (Wy).cjo,r) from Wy to Wy follows as:

N
AWy = Wyr —Wo =Y ¢iV/At 2.2]
=1
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Property (4) implies that ¢; follows standard identical and independent dis-
tribution (ii.d), ie. ¢; % N(0,1). Thus AWz ~ N(0,T). Based on the
property (2),(3), (4), Karatzas and Shreve 1991 proved that Wiener process

is continuous everywhere but differentiable nowhere. Moreover, the sum of

N
first order difference (i.e. > | AW, |) is unbounded, and the sum of second
i=1

N
order difference is convergence with probability 1, i.e. S | AW, [>5 1, as
i=1
N — oo (or At — 0). Formally speaking, if At — 0, we obtain the continu-
ous form of Eq.(2.2).
AW = ¢Vt 2.3]

It is worth to remark that (Wt)te[o,oo] is actually differentiable nowhere. Thus
dW is just a notation indicating the instantaneously small time interval.
Furthermore, the following theorem can be proved.

Theorem 2.2.1. suppose (W;)icjo,00] (07 in brief, Wy ) is a Brownian motion,
then

o W, is a martingale.

o W72 —t is a martingale.

CWt*%CQt

e foranyc, e 18 a martingale.

Although Wiener Process is a basic mathematical tool in financial mod-
elling, it does not clarify or match various financial phenomena (e.g. price
movement) in practice. For instance, sometimes the starting point of stock
price and the mathematically expectation of incremental are non-zero. There-
fore, the following sections will introduce several generalized Wiener process.

2.2.3 Markov Processes

Definition 2.2.2. On a filtered probability space (2, F,F,P) with filtration
F = (F)iepo,r), a F adapted stochastic process (X;)icjo,r) is called Markov
Process if 3 a Borel measurable function g(-) such that

13



2. INTRODUCTION

Basically, Markov process is a special stochastic process where its histori-
cal value emerged into today’s value which is sufficient to predict the future.
More precisely, a stochastic process (S¢):cjo,r) is @ Markov Process, if for
n=123,...,and 0 <ty <ty <---t, <T, the following holds:

P(Stn — Xn ‘ Stn—l — anl, Stnfz — ang, ey Sto — X())
= P(Si, = Xu | Sty = Xom1) 2.5)

It is worth nothing that the historical status has no effect on this process.
Moreover, standard Wiener process is a homogeneous Markov process.

2.2.4 Ito6 Calculus

It0 integral, named in honor of Kiyoshi It6 who firstly introduced in 1944, is
the integral used in the stochastic calculus, and takes the following form:

/C f(s,€)dWi(e),  CCR* 2.6]

Definition 2.2.3. Suppose W;(&) is a Wiener process on probability space
(Q, F,P), and function f(¢,€) : [0,00) x Q — R, then Ité integral is well
defined if the following two properties hold:

1. f(t,€) is F)V adapted, and B x F measurable, where F}' means the
smallest o-algebra on Q and B are Borel sets on R™.

2. Ep ([, f2(t,€)dt) < oo , where C' C R.

In addition, Ito’s Isometry implies

B [( / f(t,ﬁ)th(é“))Q] B ( / fZ(t,é)dt) 2.7

Lemma 2.2.2. Suppoe X;(£) = (X}(), X2(€),..., X7 (&))" follows a n-
dimensional Ito process, i.e.

dXy(§) = p(t, §)dt + o (t, §)dWi(§) [2.8]
with p(t,§) = (m(t,€), ..., u2(t,6)", dWi(&) = (AW(E), ..., dW(E))T,
o1(t,§) 0 e 0
o(t,§) = O 02(?5) ., O , and covariance
0 0 e ou(t6)

14



Cov (dW} thJ) = pidt (pi; =1 ifi=7j), then f = f(t, Xi(§)) satisfies the
following stochastic differential equation (Ito’s Lemma):

2

a i
df = t Xt dt+z t Xt dX + = Zp”ala]m(t,)(t)dt [29]

+ i aia—f(t, X,)dW; [2.10]

It is worth noting that for one dimensional It6 process X;(&), f = f(t, X¢(§))
satisfies the stochastic differential equation:

of af 1,0
_|of 3f 2 O°f of

2.2.5 Geometric Brownian Motion

Geometric Brownian Motion (GBM) or Log-normal Brownian Motion, is a
generalized Wiener process. It is worth nothing that if Y ~ N(u, 0?), then
x = eY¥ follows log-normal distribution with density p(z) as follows :

1 _ (nz—p)?
e 2% x>0
plx) = § xoV2m [2.12]
0 <0
It is not difficult to deduce its expectation E(z) = e#+t27° and variance

Var(z) = e2#t°(¢?” —1) . In practice, GBM is a simple and efficient Stochas-
tic Differential Equation (SDE) to model the assert price under linear drift
and diffusion. The mathematical expression is defined as follows:

dX(t) = puX(t)dt + o X (t)dW; [2.13]
where the coefficients of drift 4 and volatility o are constants. (W})icp,00) 18

a standard Wiener process and dW; ~ N (0,dt) . Thanks to It6 Lemma, the
log-price x(t) = InX (t) satisfies the following SDE:

1
dzx(t) = (u — 502)0[75 + odW; [2.14]

15



2. INTRODUCTION

Furthermore, integrating Eq.(2.14), we obtain:
X (t) = X(0)el2orole [2.15]

It is worth to note that many options pricing models assume the assert price
following GBM which is a Markov process.

2.2.6 Change of Numeraire and Equivalence Probability Measure
Change of Numeraire

In an arbitrage-free and complete market, the value of any contingent claim
can be uniquely determined as the expectation of the payoff normalized by
the money market account under a unique equivalent measure. (see, for
example, Harrison and Kreps 1979, Harrison and Pliska, 1981). Under this
measure, the expected return on all assets is equal to the risk-free rate. Hence
this measure is named as the risk-neutral measure, often denoted by (). The
normalizing asset is called the numeraire.

The paper of Geman et al. 1995 has shown that not only the money market
account can be used as numeraire, but every strictly positive self-financing
portfolio of traded assets can be used as numeraire. Furthermore, the chang-
ing numeraire approach demonstrates the way to change numeraire by switch-
ing between different probability measures. As a byproduct, every positive
non-dividend paying asset divided by its numeraire is a martingale under the
measure associated with that numeraire.

Equivalence Probability Measure

Theorem 2.2.3. Considering two probability space (2, F,P) and (Q, F,Q)
, the two probability measures P and Q are equivalent if

e PA)>0=Q(A) >0, and forall A€ Q ,

e PA)=0=Q(A) =0, and for all A Q.

Radon-Nikodym Derivative

Following equivalence measure theorem, Radon Nikodym derivative is
defined as follows:

_ Q@

= =) [2.16]

D(t)

16



Radon Nikodym derivative is widely used in changing measures. Hence for
any random variable X, the following equation holds.

EP(XM):/QX(w)M(t,w)dP(w):/QX(w)dQ(w):EQ[X] [2.17]

This interchangeability of the expected values under two different measures
confirms the importance of Radon-Nikodym derivative as an intermediate
between two measures.

Girsanov Theorem

Girsanov’s theorem gives us some concrete instructions to change the mea-
sures of stochastic processes. Considering a filtration F = (F;)cpo,r) (T < 00)
and a stochastic process G(t)

G(t) = e” hXIWI=3 [ X¥6)ds g e [0, 7] [2.18]

where WF is a Brownian Motion under probability measure P. A(t) is a F;
measurable process that satisfies the condition as follows:

EP {e%fot”(s)ds < oo} . e[0T 2.19]
in addition, supposing WtQ is defined by
t
WE = th+/ A(s)ds, te€l0,T] [2.20]
0

then we can obtain the following results:
e G(t) defines a Radon-Nikodym derivative,

° WtQ is a Brownian motion with respect to /; under probability measure

Q.

2.2.7 Kolmogorov Equation

In probability theory, Kolmogorov equations, normally refereed to Kolmogorov
forward equation and Kolmogorov backward equation, are used to charac-
terize random dynamic processes. Assume we know a statistical description
of a stochastic process x(t), then the Kolmogorov equations are used for
determining features of a correlated transformation process y(t).

17
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Kolmogorov Forward Equation

Kolmogorov Forward Equation (or Kokker Planck Equation) named after
Adriaan Fokker and Max Planck who describe the dynamics of the probability
density function (pdf) over time.

Assuming that the state variable z; satisfies the following stochastic dif-
ferential equation:

dx(t) = p(x(t),t) dt + o(x(t),t) dW(t) [2.21]
then the pdf of z; satisfies Kokker Planck Equation as follows

g = 0 88552 BU2(m, t)p(z, t)] [2.22]

Kolmogorov Backward Equation

Assume that random variable x; in Eq.(2.21), then the pdf of x; satisfies
Kolmogorov backward equation as follows:

2

0 - 0 1, 0

for t < s, and the final condition p(z, s) = us(x).

2.3 Stochastic Volatility model and Financial Deriva-
tives

Option pricing theory represents one of the most significant concepts of mod-
ern finance. In the breakthrough work of Black, Scholes and Merton in 1973,
an explicitly tractable formula of option pricing is deduced, where option is
applied as a risk-free instrument (dynamic hedging). Thanks to the rapid
improvement of computer technology and the foundation of Chicago Board
Option Exchange (CBOE) in 1973, both theoretical and empirical study on
options, futures and other derivatives grow explosively. Derivatives, as major
portion of financial innovation, have significantly expanded modern financial
market.

The Black-Scholes model (BS) is constructed with the fundamental concept
of Brownian Motion. Especially, the underlying stock price is assumed to
follow a Geometric Brownian Motion which will be detailedly explained in
the following section. The analytical treatment of BS model is well defined
and the closed form solution is deduced. Under certain assumptions, the

18



option price from BS model is equal to its replicating portfolio. In addition,
it is worth to note that BS option pricing formula is identical and indepen-
dent from the investor’s risk attitude and expectation. Therefore, BS model
triggers the growing applications of options and other derivatives.

2.3.1 Options

According to the type of transaction, there are usually two different types of
options: call and put Options. A call (or put) option is a financial instrument
giving the holder right, but not the obligation to buy (or sell) an underlying
asset at or by a certain specified date T at a certain specified price X. Buying
a call (or put) option contract hedges upward (or downwards) movement of
the price of underlying asset.

The most basic classification of option contracts is made by the expiration
time. European options can be expired only at the expiration time T, while
American options can be expired at every moment by the expiration time T
defined in the contract. The most basic (European and American) options
are called plain vanilla options.

European Vanilla Option

The pay-off functions of a purchased European vanilla options are given by
the following expressions:

C(S,T) = max(S — K,0) [2.24]
P(S,T) = max(K — S,0) [2.25]

where C' and P stand for call and put options. The strike price K is constant.
Another way of writing the pay-off functions is V(S,T) = max(\(S— K),0),
with A = 1 for call option and A = —1 for put option. The value of a
European plain vanilla option can be calculated as a solution of the Black-
Scholes partial differential equation. The detail deduction will show in the
following section.

American Vanilla Option

The difference between American-style and European-style options is the
possibility to claim the contract before the expiration date. Such feature
gives an advantage to the holders of an American style options. Consequently,
there is inequality relationship between values of these two types of options.
Besides these two types of options, the other types of options are usually

19



2. INTRODUCTION

marked as exotic options, however, their classification is not exact. The
following section will discuss the fundamental option pricing theory.

2.3.2 Option Pricing and Black Scholes Model
Black-Scholes Option Pricing Model

In 1973, Black,Scholes and Merton suggested the following stochastic differ-
ential equation (SDE) as a dynamic model for approximating stock price.

dSt = /LSt + O'Stth [226]

where S; , u and o denote the spot price at time ¢, the return on the stock,
and the volatility of the stock. In addition, o is also defined as the standard
deviation of the log-returns. W; is a standard Brownian Motion. The first
term of the right hand side is called the drift term which is the deterministic
part of the equation, and drives the process value S; in a deterministic way.
The second part is called the diffusion term and is the stochastic part. Diffu-
sion term contributes to the process S; with a random noise that is amplified
by the volatility parameter o. The previous section tell us the stock price
follows a Geometric Brownian Motion (GBM), i.e

Sy = Spelh— a7 )W 2.27]

It is worth nothing that the stock price in this model follows log-normal
distribution. Please recall that option price formula V(S,t) = max(A(S —
E),0) with A = 1 for call option and A = —1 for put option, and the strike
price E is constant. From It6’s lemma in Eq.(2.9), we obtain:

ov ov 0*V

_ 1 2qQ2
dV = 5 —(t, St)+uSaS(t St)+ —0°S 852(t’5t) dt
ov
+o Sas (t, Sy)dW, 2.28]

Considering an agent who owns a portfolio with value I1(S,t) = V(S,t) — AS
at time t, this portfolio is invested in option and fixed (—A) shares of stocks.
For a time-step jump dt, we have

dll = dV — AdS 2.29]
After substituting Eqs.(2.26),(2.28) into (2.29), we obtain

I LG N e oV
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Clearly, I1(t, S) follows a random walk process, and the random component
disappears if

v
- 08

where A (Delta) measures the sensitivity of the option value, and is chosen
at the beginning of time-step dt. A is an important Greek in finance, and
we will explain this detailedly in the next section.

Without random component, the portfolio satisfies a deterministic incre-
ment as follows.

A [2.31]

av 1 0?V
dll = | — 4+ =0*S*—— | dt 2.32
(8t T30 352) 12:32]
It is worth nothing that if an agent invests an amount II in risk-less money
market, the return should be — = rII for time jump dt. No arbitrage
condition will guarantee the following equality.
ov 1, ,0°V
—— 4+ =0?S*—— | dt = r1ldt 2.33
(61& N 352) g 12:33]

Substituting I1(S,t) = V(S,t) — AS and Eq.(2.31) into (2.33), we obtain
Black-Scholes-Merton Differential Equation.

oV 1, ,0%V ov
- - - = 2.34
0t+205882+r585 rV =0 [2.34]

It is worth to remark that the Black-Scholes-Merton Differential Equation can
be obtained from another point of view. Let us suppose a hedging portfolio
X (t) that has the same value and plays the same role as option V' (¢, 5).

X(t)=V(t,S) [2.35]

The portfolio X (¢) is composed by one share of A in stock S; and another
share of risk free assert with interest rate r i.e.

X(t)=(X(t)—AS)+AS [2.36]
For one step time jump dt, we can obtain:

dX =r(X — AS)dt + AdS [2.37]
Substituting Eq.(2.26) into (2.37), we obtain

dX = rXdt + (. —r)SAdt + 0 SAW [2.38]
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2. INTRODUCTION

where r X dt stands for the return of portfolio under risk free interest rate r,
and (p—r) is the risk premium due to investing in stock. ¢ SAdW means the
volatility of portfolio that is proportional to the share of stock investment.

Substituting formulas Eqgs.(2.28) and (2.38) into Eq.(2.35), we obtain the
following equality:

[V + (. — r)SAldt + e SAdW
ov v 1 0*V oV

2 q2
+ W 2.
t+,uS S+208 2 dt + oS Sd 2.39]

By comparing coefficients of both left hand side and right hand side of the
equation, we obtain the following equalities.

ov
A=— 2.40
55 [2.40]
oV 1, ,0%V oV
0?4+ rS— —rV =0 2.41
ot "27 7 952 a5 241
Eqgs.(2.40) and (2.41) are exactly Eq.(2.31) and Eq.(2.34), i.e. Black-Scholes-
Merton Differential Equation. This partial differential equation (PDE) can
be solved analytically for different pay-off functions. The following bounder
conditions are necessary to guarantee the uniqueness of the Black-Scholes-
Merton Differential Equation’s solution. The idea is to impose some econom-
ically justified constraints on the solution of the PDE. Taking European Call

option as an example, the constrains are

1. V(S,T) =C(S,T) = max(S — K,0) t=T, Se(0,00)
i.e. Call option will only be exercised if S > K, and the gain is
exactly S7 — K. Hereby, the Brownian motion implies that the process
is absorbed by 0 when Sp < E. This is also called the final condition.

2. C(0,6)=0, te[0,7T)

3. lim C(S,t)=S, tel0,T).

S—o00

Eq.(2.34) the Black-Scholes-Merton Differential Equation can be easily solved
by transforming the Black-Scholes-Merton PDE into the heat equation (dif-
fusion equation). Here we omit the details of deductions, and directly give
the final solution as following:

C(t, S, K,T,0,7) = S;N(dy) — Ke " T"YN(dy) [2.42]
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where

[2.43]
dy=dy —ov/T — 1 [2.44]

with strike price K and maturity time 7. The spot price at time ¢ and the
risk-less interest rate are denoted by S; and r. It is worth to note N(x) =

ffoo #e%ﬁdt represents the cumulative distribution formula for a standard
normal random variable.

The corresponding European put option price P(S,7) can be deduced
similarly by solving Black-Scholes-Merton Differential Equation under cer-
tain boundary conditions. But in general, it will be more convenient to use
the following Call-Put Parity property.

Theorem 2.3.1. Given the price formulas of a European call option and
FEuropean put option defined in previous section with the same strike price
and maturity date, the following equality holds:

Co+ Ke™' =P+ 5, [2.45]

Proof. We denote max (S — K,0) = (S — K,0)4, and clearly the following
equality holds.

Sr— K= (50— K)y — (K—-5"), [2.46]
or

(Sp—K); + K =(K—5"), +5¢ [2.47]
Multiplying both sides with the discount factor e "7, t < T and taking

conditional expectations given stock price at time t .S; under the risk neutral
measure () , we obtain
ECle T (Sp — K); | Sy = 8] + ECle " IVK | S, = 5]
= E9e T (K —Sp), | Sy = s+ EQe ™18, | S, =s] [2.48]
Under risk neutral measure, the discounted value of a risky asset is a mar-
tingale. Hence, the first expectation on the left (right) side of the Eq.(2.48)
is the price of a call (put) option at time t, i.e.
EC[e " T=Y(Sp — K), | Sy = 5] = C(S, 1) 2.49]
ECle ™K — Sp), | S, = 5] = P(S,1) 2.50]

The second expectation of the left (right) side of the equation is deterministic.
So this proves Call-Put Parity in Eq.(2.46). ]
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Given Eqs.(2.42)-(2.44), European put option price P(S,7) can be de-
duced straightforward using Call-Put Parity as follows.

P(t,S,, K,T,0,r) = Ke """ N(—dy) — S,N(—d,) 2.51]

where the variables and parameters are defined in Eqgs.(2.43) and (2.44)

Risk Neutral Valuation

An alternative approach to solve Black-Scholes-Merton Differential Equation
is risk-neutral valuation. In risk neutral world, the investors do not require
risk premium for their investment. In other words, the investors only demand
the risk free return of interest rate as average. Hence in a risk-neutral world,
no arbitrage price of the call option C' at time t equals to the expected value
of discounted (by the risk free rate) option price at maturity 7. Taking
European call option as an example, the following equality holds:

C(t,S) = E9e T YC(T,9) |s=s,) 2.52]
e " TUER((Sr — K) 4 [s=sy) [2.53]

and for t =0,
C(O, S) = €_TTEQ((ST - K)+ |S=ST) [254]

Let us recall Black-Scholes-Merton SDE in Eq.(2.26), where W, represents
a standard Brownian Motion under the physical measure. Here we slightly
modify the equation as follows:

dS; = rSydt + S, K“ ; T) dt + th} 2.55]
Now we define

W, =W, + (g) ' 12.56]

Thanks to Girsanov’s theorem in previous section, we know W, represents
a Brownian motion under probability measure (). The market price of risk

T, and Eq.(2.55) now becomes

is defined as H=

dS, = rSydt + oS, dW, 2.57]

Furthermore, we define S, = ¢S, as the discounted stock price. Applying
Ito’s lemma, we obtain the following:

dgt = O'Stth [258]
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Therefore, we obtain a unique risk neutral measure (), and the discounted
payoff of European call option price C(t,S) = Eq(C(T, Sr)|S: = s) which
is a martingale under risk neutral measure (). Moreover, as described in
previous section, the stock price follows a geometric Brownian motion(GBM),
i.e Eq.(2.42). Choosing t = T', we obtain:

Sr = Soe(“_%OQ)TJ“UWT

Soe(r—%a2)T+ch~VT [259]

From the log-normal distribution density function in Eq.(2.12), we obtain:

Sp=e" 2.60]
with
Y = 111(50) + (7’ - —0'2)T + O'WT 2 61]
= In(So)+pa+ao [2.62]
where
_ L,
o= (r— 50 )T [2.63]
& =oWr 2.64]

Since Wr ~ N(0,T), then Y ~ N (InSy + f1,0°T). Eq.(2.12) in section of
GBM indicates that St follows a Log-normal distribution with the density
function as follows (here we denote X := Sp):

1 (in €5 —1)°
ez, X >0
p(X) = < Xov2rT [2.65]
0 X <0
Substituting into Eq.(2.54), we obtain:
C(0,8) = e TEY((X — K)+ |x=r)
z 1 (n g5 -
= e_TT/— X - K)e 2t dX
Xov 27TT( )
K
i 1 (n gl —n)? 7 1 (n g —p)?
:e’"T/ e~ e dX—e’”T/—Ke w07 dX [2.66]
Joo 2nT s XoV2rT
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We focus on the first item of right hand side of Eq.(2.66).

o 0

oy (ln M)Q s (In . 7’1)2
e_TT/ L — e dX = Spe T E;e_ s dX
o 27TT So Xov/2rxT
K K
i (n X — )2
- S / S
2
K

1 (o272
~ S / A A7 [2.67)
K

K
1 _ (Z=(r+02T))?
= S() 1—/ € 202T dz

= SyN(dy) 2.68]

where Z = lns% and N(d;) represents the cumulative distribution function
for the standard normal variable dy, i.e.

ln +7rT + &=
di = 2.69
1= O'\/T [ ]

The property of standard normal distribution indicates the following:

LN lnsﬁo—rT—"QTT N 1HS£0—7‘T—OQTT 2,70
oVT Bl oVT '

_ N(ln +rT + =~ ) 2.71]

VT

Similarly, we will obtain the second item of right hand side of Eq.(2.66)

(In £ —p)? In22 + T —
=T dX = —Ke TN ( Tr T )[2.72]
oVT

_e—TT/—K
J Xo\ 27T

Finally substituting Egs.(2.68) and (2.72) in formula (2.66), we could obtain
the price of European vanilla call option which is identical to Eq.(2.42).

Similarly, we could also obtain the same European vanilla put option price
formula in Eq.(2.51).
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2.3.3 The Greeks

The sensitivity of an option price with respect to underlying variables or
parameters is commonly referred to as a Greek. For instance, let us recall
the fundamental Black-Scholes-Merton Differential Equation in Eq.(2.34),
ie.

ov

1, 5,0V ov

—o*SP—— +rS—=—rV =0 2.73
r 27 95 e [2.73
ov o0V ov
B0 952 and — are important ‘Greeks’ for option pricing. The
name ‘Greeks’ stems from the fact that these quantities are usually denoted
by Greek letters. Greeks, also called risk sensitivities, play an important
role in risk management. The Greeks can be classified as first-order Greeks,
second-order Greeks, and third-order Greeks.

where

First Order Greeks

Delta, A measures the sensitivity of the option price with respect to the

ov

current stock price S;, i.e. A = 35 where V' denotes the option price. In

Black-Scholes model in Eq.(2.42), the Delta of European call option is
Ac = N(dy) [2.74]

In practice for vanilla options, a long call (or short put) option has As €
[0,1], and a long put (or a short call) option has Ap € [—1,0]. Because of
the relationship of Call-Put Parity, the sum of the absolute values of the
Deltas with respect to put and call options are equal to 1, i.e. Ac—Ap = 1.

Kappa (or Vega ), k (or v):= — measures the sensitivity of option price
with respect to the volatility of underlying assert i.e o. Kappa can be
thought as the gain or lose of option’s value when volatility increases or de-
creases 1 unit. Kappa is an important Greek in violate market where the
option values are sensitive to the change in volatility.

Theta, © measures the sensitivity an option’s value on time, i.e © = , or

ot
sometimes © = ——— where 7 = T'—t is defined as time to maturity. Theta

-
is important to measure an option’s time value. The option’s time value de-
creases when time is close to maturity. In other words, © is almost always
negative for long call and put options (or positive short call and put options).
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oV
Rho, p measures sensitivity of option’s value to interest rate, i.e p = —. If

we focus on risk less interest rate, p is less sensitive than other Greeks, such

as A, k, ©.

ov' S
Lambda, A = 5T represents the elasticity of option’s value to stock

price.

Second Order Greeks

Gamma, [' measures the sensitivity of delta with respect to stock price. It
0*C
052’
It represents the convexity of the option’s value, and I' is positive for all long
options(negative for all short Option). For an option trader, who seeks an
effective A-hedge over a wider range of underlying price movements, would
like to neutralize the portfolio’s I'. In Black-Scholes model, the gamma equals

T — p(d1)
ST —t

where p(d;) is the density function of standard normal distribution.

is defined as the second order derivative of V' with respect to S;, i.e ' =

[2.75]

Vanna is the second derivative of the option’s value to both spot price and
0*V _0A Ok Thus V. L

il . 9sav % — 85" .1%5 anna m(?asures e
sensitivity of option’s Delta with respect to volatility. Meanwhile, Vanna
measures the sensitivity of Kappa with respect to spot price. Therefore,
Vanna is an important Greek for the traders managing the A-hedge or k-
hedge portfolios.

volatility, i.e Vanna =

Vomma measures the second order sensitivity the option’s value to volatility,
) oV Ok . )
i.e Vomma = —— = — . In addition, Vomma also measures the sensi-
tivity of Kappa with respect to volatility. For instance, positive Vomma

implies the increase of volatility, and leads to long k.

Charm (or A decay) measures the sensitivity of A change over time, and ©
PV _0A_ 0o
osot ot 0S

Veta measures both the sensitivity of k over time, and © with respect to

with respect to spot price i.e. Charm =
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Vera measures the second order sensitivity of option’s value to volatility
0?V

volatility of underlying assert, i.e Venta =

0
—_— Meanwhile, it also measures the

and interest rate, i.e Vera =

oor o
sensitivity of p with respect to volatility. Thus, it is important for traders
who focus on volatility effect on p-hedging.

Third Order Greeks
or B R’V

Speed = —— = — = measures the sensitivity of I with respect to spot price.

It is an important Greek for A-hedging or I'-hedge portfolio.

OVomma 03V
Ultima = = 5 Ineasures the sensitivity of Vomma with re-

o o
spect to volatility. It is a n important index for x-hedging or Vomma-hedge
portfolio.

ar PV
or 05207

It is an important indicator of I'-hedge portfolio across time.

Color = T — t measures the sensitivity of I over time.

Zomma o'  OVanna PV o ivity of T with

mma = — = = measures the sensitivity of I' wi
o 98 090y "

respect to volatility. It is an important indicator of I'-hedge portfolio when

volatility fluctuates.

2.3.4 Implied Volatility (IV)

Implied volatility (IV) is a by-product of the option pricing. In Black-Scholes
(BS) model, the option price is determined by five variables: current price of
underlying assert, maturity (time to expiration), strike price,risk-free interest
rate, and implied volatility (IV), where IV is the only unobservable factor
and normally refers to annual volatility of stock price (the standard deviation
of the short-term returns over one year). Mathematically speaking, we have
the following expression of implied volatility:

VBS(t, S, K, T,o'V) = VMKET [2.76]

where VP9 is a monotonically increasing function of volatility, and oV rep-
resents IV which is implied by the market price VMET | 1t is worth to remark
that the BS pricing function V2% does not have a closed-form solution for
its inverse, however, a unique IV can be deduced numerically using Newton
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Raphson method.

Theoretically speaking, IV should refer to the future volatility of the return
of underlying assert, however, the future volatility is impossible to foresee. In
practice, the future volatility is predicted by historical volatility. Therefore,
IV is a statistically weighted approximation.

It is worth to highlight that BS model only tells us the theoretical option
price, however, the real option price, which is driven by the market (e.g. S&
P 500 Index Options), is not necessarily identical to the modelled option
price. From the model construction point of view, the cause of the biases be-
tween the theoretical option price and the real price can be attributed to the
volatility variable which is the only unobservable factor from the market. In
other words, if we assume that all the other four input variables (spot price
of underlying assert, maturity, strike price, and risk-free interest rate) are
market-based, the true IV will enable the theoretical option price to match
the market price.

In conclusion, IV reflects the expectation of future volatility and market’s
view of the fluctuations. Not surprisingly, IV plays import role in derivative
market with various applications. For instance, two fundamental applications
are discussed in the next section.

Volatlity Smile

In BS option pricing model, the volatility variable is assumed to be constant
over time. This is practically not true, however. Plotting the implied volatili-
ties (IV) as vertical axe against the strike prices as horizon axe, we will obtain
a U-shaped curve often referred to as the ‘smile’ shape. Specifically, for dif-
ferent options having the same expiration date and underlying asset, the
more the exercise prices are away from current spot price (in-the-money or
out-of-the-money), the larger the IV becomes. Hence, this particular volatil-
ity skew pattern looks like a smile shape.

Theoretically, IV smile is attributed to the assumption of BS model, where
the yield of assert is assumed to follow a normal distribution (or the under-
lying assert follows the log-normal distribution). Yet, this assumption is not
confirmed by the market. Empirical study found that yield’s distribution
have strong characteristics of high peak and fat tails. Therefore, the proba-
bility of extreme values are significantly underestimated by the assumption
of normality. Practically speaking, the values of deep in the money or out of
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the money options are underestimated.

Of course, there are many other explanations to this skew patter in prac-
tice, such as option premiums, asymmetric transaction cost and so on. Due
to space limitations, the detail description will not present here. Volatility
smile tells us there are greater demand for options that are either deeper in
the money or out of the money. The volatility skew pattern is commonly
observed in near-term equity options and options in the FX market.

Application of IV

1. IV in Prediction Stock Price Movement

IV tends to move in the opposite direction of underlying assert price in stock
market. An intuitive explanation is that people who hold stocks will become
panic and pay irrational price for put options in case of stock prices falling
for a period. Hence the IV of corresponding options will increase. When the
stock prices increase, IV decreases because people become less panic. More-
over, high price stocks normally have lower volatility values than low price
stocks. For non-equity assets, the relationship between IV and the corre-
sponding underlying assert is less clear. Nevertheless, it is worth to highlight
that IV reflects market sentiment, and its extreme values are important sig-
nals of the market rebound or correction.

Given the important role of IV, Chicago Board Options Exchange (CBOE)
introduced CBOE Volatility Index (VIX, also called Fear Index) in 1993.
VIX represents a key measure of market’s expectation of near-term volatility
(over the next 30-day period) conveyed by S&P 500 stock index option prices.

2. Volatility Trading Strategies

IV provides us an efficient approach to optimize option strategies. Among
various option strategies, there is a class of volatility trading strategy based
on options’ asymmetrical risk-return structure. In derivatives market, the
options’ owners have limited risk but unlimited return. Taking call option
as an example, the more the stock price increase (above the exercise price),
the more the return they will obtain. On the contrary, no matter how stock
price falls, the maximum loss is option’s premium which is the amount that
an option buyer has paid to the seller at the beginning of the contract. With
this asymmetry property (given other conditions unchanged), the greater the
IV, the higher the option premium.

The principle of volatility trading strategy is to buy ‘low IV’ and sell ‘high
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IV’ in order to make profit when market fluctuation changes significantly.
Specifically, there are two fundamental strategies as follows.

e When the market fluctuation is expected to substantially increase, but
the direction (positive or negative) is less clear, we could profit from
buying straddles and strangles. At the maturity, if the option’s payoff is
over its premium due to the IV increase, we are better off with positive
gain, no matter fluctuation’s direction. If the degree of increase is not
as expected, we will get loss.

e When the market fluctuation is expected to substantially decrease, but
the direction (positive or negative) is less clear, we could profit from
selling straddles and strangles. At the maturity, if the stock price lies
between two exercise prices due to IV decrease, we are better off with
positive gain regardless of fluctuation’s direction. Otherwise, we get
loss.

It is worth to remark that buying (or selling) straddle means buying (or sell-
ing) both a call option and a put option with the same maturity and strike
price, and buying (or selling) strangle means buying (or selling) both a call
option and a put option with the same maturity but different strike prices.

2.3.5 Classical Stochastic Volatility Models

The drawback of constant volatility assumption limits BS model’s application
in option pricing. This section will introduce several important stochastic
volatility models which generalize the assumption of constant volatility.

Hull-White Model

The Hull-White (HW) stochastic volatility model 1897 is composed by two
dimensional Hull-White formulas (i.e assert process and volatility process)
as follows:

dS, = rS,dt + 0,5, dW2 [2.77]
do? = po’dt + yo2dZP 2.78]
dW®dz}" =0 [2.79]

where W, Z% are two standard Brownian motions under risk neutral prob-
ability measure Q. We denote with S;, 0% and r equity price, its volatility
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and interest rate. Hence, both spot price process S; , and volatility o2 fol-
lows Geometric Brownian motion. By Ito’s lemma, the log-price z; = InS;
satisfies the following

1
dry = (r — 502)dt + o, dW2 [2.80]

The European call option of underlying stock S; with strike price K and
maturity T takes the form

C(t,S, K, T) = E9e"T0C(T, Sy, K,T) | Fi [2.81]
Using the law of iterated expectations i.e E[E(y | x)] = E(y) , we obtain
C(t, S, K,T) = E® {E®[e " IC(T, Sy, K,T) | Fi, 04,8 € [t,T)] | F} [2.82]

The inner expectation is the call option when volatility is time-dependent but
deterministic. Integrating underlying stock price in Eq.(2.80), we obtain:

Sp = S,er =03 Ji| odds+ [l oudw? [2.83]

where o, is a deterministic function over time. The property of the stochastic
integrals leads the following:

In(Sr/S;) ~ N ((7’ - %(7_2)(T —t), o%(T — t)) [2.84]

where 02 = ﬁ ftT o2ds denotes the mean squired volatility. The distribution
in Eq.(2.84) will reduce to the risk neutral price distribution in a Black-
Scholes model in case of fixed volatility, i.e o5 = o2. The option price
formula in HW model is deduced as follows:

C(t,S, K,T) = E“[CPt,r, S, Vo2, K,T)| Fi [2.85]

Like Black-Scholes model, the closed form solution also exists in Hull-White
model. It is worth to note that HW model assumes independence relationship
between underlying assert and the volatility process i.e WtQ 1 ZtQ . This
assumption can be generalized, and we will discuss it in Heston model.

Heston Model

Heston Model 1993 is one of the most popular stochastic volatility models
in option pricing. This model has an analytical Furopean option pricing
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formula where the correlation between spot price and volatility process is
considered. The model is defined as follows.

dS; = rSydt + /0,8, dW [2.86]
dv, = k(0 — v)dt + y/v;dZF [2.87]
dWRdzE = pdt [2.88]

where WtQ and ZtQ denote two Brownian Motions under risk neutral proba-
bility measure () . Using Ito’s lemma, we can obtain the log-price z; = InS;
process which satisfies the following SDE:

1
dry = (r — Sv)dt + VUdWE [2.89]
Substituting Eq.(2.89) into the system of Eqs.(2.86)-(2.88), we obtain:

1
dy = (r — Sv)dt + VUdWE [2.90]

dv, = k(0 — v)dt + y/v;dZF
AWRdZE = pdt

Integrating Eq.(2.89) on [¢,T], we obtain the moment generation function of
x; as follows:

O(zg,v4,t,2) = E[ew(T) | 7] z€C [2.91]

It is worth to remark that the characteristic function satisfies the Kolmogrov
backward equation as follows.

09 L) ) Py 1 a?¢ D’¢
or — v+ (T_z Jos t ”ax2+ Vg T g,

[2.92]

Denoting 7 = T — t, we obtain:
0] 1 0¢

9 _ +(r—-v)—+

1 2 Q(b 82¢
or w0 —v )(% 2" 0x T 2"

o)
Vs Py - [2.93]

1
a2 2
together with initial condition when ¢t =7 (or 7 = 0).

Sar, VT, \) = ¢,(N) = e [2.94]
Heston (1993) suggests the solution takes the following form:

¢(xT7 V T )\) (T, \)+B(T, ) v+ [295]
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Substitution Eq.(2.95) into Eq.(2.93), we obtain A(7, A\) and B(7,\) which

must satisfy the following ordinary differential equations:

A
a—(T, A) = kOB(T,\) [2.96]
or
0B N . 1, .,
5, (1,A) = 27 B*+ (pyA — k)B + 2()\ —A) [2.97]
with initial conditions
A(0,A) =0, B(0,\)=0 [2.98]

Eq.(2.97) is Riccati equation that can be solved analytically. By substituting
the solution of B(7,\) into Eq.(2.96), and integrating with respect to 7, we
obtain A in the following:

A 2) = A0, M)+ ’;—f {(u + () — 2In {1 __"jﬂ } 2.99]

1
— A2 — o¢T
B(rA) = B(0,A) 4+ HES VZ< ffonjg))(l ) [2.100]
with
p=r—pA, (== =-X), n= k+n =750 2.101]

f—n—72B(0,\)
Option Pricing Under the Heston Model

Here we only focus on the deduction of European vanilla call option, and the
European put option price formula can be obtained simply using Call-Put
Parity.

C(t, S, K,T) = EQ[e " T=9C(T, Sy, K, T) | F] 2.102]

= EQle " T"Y(Sp — K), | F] 2.103]
(= Sy K

— (TG, EQ {(é _ S_O)+ | ]-“t} [2.104]

K
= (T=0g, {EQ [ Lspsry | Fi] — gEQ [Lispsxy | ]:t]} [2.105]
t

Without loss of generality, we choose ¢, = 0 to simplify option price formula
as follows:

C(to, So, K, T) = EC[e™T(Sp — K) 4 | Fo 2.106]
., Sy K
—e TS()EQ |:(S_Z; _ S_O)+ | f0:| [2.107]

K
— 7S, {EQ [ Lisrory | Fo] = 5B [Lisyory | fO]} [2.108]
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Using the moment generating function ¢(z, Vi, t,\) = E[e®=@) | F] | we
obtain:

o0 —tn 55 6(T'8)
0

EC [1is,omy | Fo] = —— + :

2 T
K
T, 1 1 © Im e—zlns—oqb(T,l—i-zg)
E@ [T Lgpsry | Fo) = @ + —/ { ¢ }df [2.110]
0

™

Substituting Eqs.(2.109) and (2.110) into Eq.(2.106), we can obtain closed
form option price formula. The following is the detail analytical treatment
of Heston model.

Analytical Treatment of Heston Model
Integrating Eq.(2.89) on [t,T], we obtain:

T 1 T
Tp = Ty + / (r — ivs)ds + / \/U_SdWS [2.111]
t t

The characteristic function ¢, (\) of x; under @) satisfies the following equa-
tion:

6r(N) = EC[e | ] 2112
_ pe [em[xt+ff<r—%vs>ds+ff VEdwe] | ;t} [2.113]

_ e (T-]pQ [em[f%ffvsdsﬂfmdws@l | ]—"t} 2.114]

Decomposing one Brownian Motion W& into two independent Brownian Mo-
tions Z9 and BY as follows:

WO =pZ? + /1 - p*B? 2.115]

then, we obtain:

¢Z’t ()\) _ ezk[xt—l—r(T—t)}EQ |:€Z>\[_%ftT vsds.l,_pftT \/@deQ—i—\/l_[ﬂ ftT \/@dB?] | J—_'t}
_ ezk[xt—&-r(T—t)]EQ {EQ [ezk[_%ftTysds_s_pftT \/173d23+\/1_p2 ftT \/ITSdeQ} | -7:757 \/’U_S,S c [t,T]] | ‘F-t}

— ez/\[xt—i-r(T—t)}EQ [6[_%“\ ftT vsds—i—z)\pftT \/175d23+%(1_p2)(z)\)2 ftT vsds] | «Ft} [2116]

It is worth to note that j;T VUsdZ? remains a function of Z¢ since /vy is

defined in term of ZtQ . Integrating the volatility process in Eq.(2.87), we
obtain:

T T
ve —v? = k(T —t) — /@/ vsds + ’y/ V0sdZ9 (2.117)
¢ ¢
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Reallocating terms in both sides of the formula, we obtain:

1 T
/ V0,dZ9 = — |:UT —v? — kO(T —t) + li/ Usds} (2.118)
¢

~
Substituting Eq.(2.118) into Eq.(2.116), we obtain:

(bxt()\) _ elA[xtJrr(T—t)]EQ [e[—%z)\ ftT Usds—ﬁ-z)\g[v%—v?—n@(T—t)—‘rm ftT vsds]—i-%(l—pz)(z)\)Q ftT vsds] | ft]

— pAleer(T—t)—as (vitr(T—) | Q [ ol—a1 [ vsds+asvr) | ]_-t]

where
pk 1 1 9
I 2.12
oy 1A {7 5T 2@)\( p )} [2.120]
a = L 2.121]
v

Furthermore, we need to solve the following:
Y (t,v) = EQ |el-ea i vedstazer] | T, [2.122]

Accounting to Feynman-Kac Theorem, Y (¢, v;) fulfils the following partial
differential equation(PDE):

oy 1, 0V oy
—5r TV g TR0 =) 5 —awY =0 [2.123]

with boundary condition at ¢t =T
Y (T,vr) = e*?*T [2.124]

The solution of this PDE satisfies affine form result (Duffie 1990, Zhu,2009).
Denoting 7 =T — t, we obtain:

Y (t, v,) = MBI 2.125]

Like the previous Riccati equations, we obtain analytical solution as follows:

A(r) = 2—’[”Qm {251 3(s=p0)r ] [2.126]
B(r) = —[51042(1 +e ) — (1 — e 7)) (20 + k)] [2.127]

B2
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with a; and s defined in Eqgs.(2.120) and (2.121).
B = VK + 272y [2.128]
By = 26177 4 (K + B — Ylan)(1 — P17 [2.129]

Substituting Eq.(2.125) into (2.116), we obtain the characteristic function
¢ () as follows:

be()\) _ el/\(iﬂt—F’r‘T)—CMQ(’Ut—‘rH@T)—l-A(T)—‘rB(T)”Ut [2130]

Using the characteristic function, we can obtain Heston option pricing for-
mula straightforward. The detailed formulas will not deduced here, however,

a more complicated treatment will be explicitly deduced in Hybrid Heston
CIR model in Chapter 2.

Schobel-Zhu Model

Schobel and Zhu model 1999 is an extension of Stein and Stein model 1991.
The model has an analytic solution for option pricing. The Schobel-Zhu
model is defined as follows:

dS, = rSydt + 0,5, dW2 2.131]
doy = k(0 — 0,)dt + ~dZ2 2.132]
AWRdzE = pdt 2.133]

where volatility o; follows a Hull-White type stochastic process. WtQ , ZtQ are
two Brownian motions under risk neutral probability measure ). Using
[to’s lemma, we could obtain log-price process z; = InS;, which satisfies the
following equation.

1
dry = (r — §af)dt + oy dWE 2.134]
Substituting Eq.(2.90) in to system of Eqs.(2.131)-(2.133), we obtain:

1
dry = (r — 5af)dt + o dW2 2.135]

dO’t = /<;(9 — O't)dt + ’}/dZtQ
dWRdz2 = pdt

It is worth nothing that the standard deviation o; follows an Ornstein-
Uhlenbeck Process. By Ito’s lemma, v; = o2 satisfies the following equation:

d'Ut = ['}/2 + 2/§O’t(9 — O't)]dt + 2")/O'tdZtQ [2136]
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It is worth to note that replacing o, with |/v; is not straightforward since
o; could take negative values (i.e ¢ = —,/v;). Similar to the analytical
treatment of Heston model, Schobel-Zhu Model can also be solved analyti-
cally. Omitting the detailed deduction, we focus on the characteristic func-
tion ¢, (A) of x; under risk neutral probability Q.

¢2,(N) = E9 [ | F] [2.137]

ez)\[:(;t +r(T—t)—az0? —%ubp’y(T—t)} .

EQ |:e[—a1 ftT o2ds—az ftTans—i-aga%—&—oqu] | F [2138]
e[Z}\(Z‘t-i-T’T)-f—A(T)-‘rB(T)O't-‘r%C(T)O’?] [2139]
with 7 =T — ¢ and
1 9 2pK prO p
ap=—=tIA [Nl —p*) =14+ —|, aw=1A\—, az=1A—, a;=0
2 gl g 2y
where
1 (k051 — Baf3z)* — B3(1 — B5)]sinh (B 7)
A = —1
) = it 225151
(k0B — B2B3)B3(Bs — 1) kBT (V2 — Kk0%) + B3
+ 233 +7 232
V2% Ba 29261
1 )
+% [53(54 —1)+ <ff‘9ﬁ1 + =72 Pray + /3253> Slﬂh(ﬁﬂ')}
B1 Ba 2
—Q3YeT [2.141]
N (kOB — P23)(1 — cosh(Bi7)) — (kOS2 — B3)sinh (B T)
B(T) - 2
V2B Ba
4
o
+— 2.142
5 2142
Kk Pisinh(B17) + cosh(B7)
C = — - — — 2« 2.143
M= 53 By ’ 2143
with
— 2~2
b= V2721 + K2, Pa= %a
1
By = K*0 — axy® By = cosh(Bi7) + Bosinh(B:7)
Bt —BT Bt _ =BT
cosh(f17) = %, sinh(p17) = % [2.144]

Using the characteristic function ¢,(A\) , we can obtain option pricing for-
mula straightforward. The detail formulas will not deduced here, however, a
general treatment will be explicitly deduced in Chapter 2.
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A Comparison Of Schobel-Zhu Model With Heston Model

The major difference between the Heston and Schobel-Zhu model is the
volatility process. In Heston model 1993, the stochastic volatility process
refers to the variance process, however, in the Schobel and Zhu model 1999,
the volatility o; process referred to the square-root of variance process in
Eq.(2.136). Therefore, the variance process o7 satisfies the follow formula:

2
do? = 2k {;—H + o0 — Uf] dt + 2y, dZ2 [2.145]
- (é +ob— af) dt + 5o,dZ° [2.146]

2
where & = 2k , 0 = ;_/1 , 4 = 27. Comparing Eq.(2.87) with (2.146), we can
easily observe that the difference lies in the drift term. Specifically, Heston
and Schobel-Zhu models are equivalent if the long-term mean of volatility
process in Eq.(2.132) is zero i.e # = 0. Not surprisingly, we can establish
a relationship between the two models’ characteristic functions (Lord and
Kahl 2007). Moreover, the characteristic function of Schébel-Zhu model can
be viewed as a modified Heston model with an additional simple multiplier.
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3 An Explicitly Solvable
Hybrid Heston CIR Model
With Stochastic Interest Rate

3.1 Introduction

3.1.1 Motivation and Research Background

Since 2008, central banks’ frequent interventions on interest rate have caused
severe instability of derivatives market. Intensive market fluctuations moti-
vate us to introduce stochastic interest rate models to price options and other
derivatives. It is worth to trace back to a series of quantitative easing (QE)
monetary policies that are initialized by Federal Reserve (Fed) after 2008 fi-
nancial crisis, and then spreads worldwide. The most influenced one is Fed’s
third round of quantitative easing (QE3, or nick name QE-infinity) with the
aim to improve the performance of the U.S. job market. QE3 was launched
in September 2012 and ended in October 2014. Compared with QE1 in 2008
and QE2 in 2010, QE3 has the largest scale that launched overall $85 billion
per month for purchasing mortgage-backed securities (MBS) and long term
treasury securities. Consequently, only one year later (in 2013), monetary
base has increased by $1 trillion. Till November 2015, the Fed’s balance sheet
has reached $4.5 trillion which is 4.5 times larger than the level before the
2008 crisis.

Nevertheless, the effectiveness of QE is always controversial. Many cen-
tral banks and economists hold optimistic opinions, especially Ben Bernanke
(chairman of the former Federal Reserve, 2006-2014) and Janet Yellen (cur-
rent chairman of the Federal Reserve). They believe QE not only saved the
world economy and financial system from ultimate recession since 2008 cri-
sis, but led foreseeable economic recovery. However, several other influential
economists and economic organizations, including International Monetary
Fund (IMF), The Organisation for Economic Co-operation and Development
(OECD), and Bank for International Settlements (BIS) express concern and
worry. According to William White, chairman of economic development and
review committee of OECD’s; and former chief economist of BIS, “All the

41



3. CHAPTER 2

previous imbalances are still there. Total public and private debt levels are
30% higher as a share of GDP in the advanced economies than they were then,
and we have added a whole new problem with bubbles in emerging markets
that are ending in a boom-bust cycle.” Said, William White in 2013 “This
looks like to me like 2007 all over again, but even worse.” Mr.White’s con-
cern indeed makes sense since interest rate swap(IRS) are trigging potential
avalanche on financial market. If we believe that credit default swap(CDS)
has initiated 2008 subprime securities crisis and seriously crippled the world
economy, then the IRS market may pose a potential death sentence since its
scale is over 7 times bigger than CDS.

Acting like an insurance contract on interest rate market, IRS permits big
banks to hold U.S. local governments and agencies as hostage, and the ran-
som accounts for hundreds of millions of dollars. In 2010 and 2011, New York
state and its local governments have to pay 1.4 billion due to the IRS con-
tract. Especially, New York’s Metropolitan Transit Authority (MTA) has to
pay hundreds of millions. New York public finance problems arouse people’s
strong dissatisfaction and thus lead to famous ‘Occupy Wall Street (OWS)’
protest movement in 2011. IRS caused similar problem in Pennsylvania in
2012. In July 2013, Detroit declared bankruptcy which accounted the largest
city bankrupt in U.S. history. The main reason of Detroit bankruptcy is gov-
ernment cash flow crisis resulted from the IRS contract on 1.4 billion debt
signed with two big banks, Bank of America and Union Bank of Switzerland

(UBS).

Now the world focuses on the Fed’s decision whether or not to raise interest
rate in December 2015. Considering the potential swap crisis, uncontrollable
growing risk of inflation, and belief on economic recovery, Fed has declared
to raise interest rate. Even many economics anticipated the raise will take
place in September 2015, however, concerning the unsatisfactory economic
indicators, Fed decides to postpone the raise in December 2015 or beginning
of 2016. Obviously, this will be the first U.S. interest rate rise since 2006.
Despite the significant economic influence, it will certainly lead to severe
fluctuation on global financial markets.

3.1.2 Literature Review and Chapter Outline

The pricing of derivatives is probably one of the most challenging topics in
modern financial theory. The modern financial market includes not only
bonds but also derivative securities sensitive to interest rates. In this chap-
ter, a modification of the hybrid model illustrated in Grzelak and Oosterlee
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2011 is considered. This model is described by a system of stochastic differ-
ential equations (SDEs) which combines different models for equity, interest
rate and volatility in order to efficiently price European vanilla call and put
options. Specifically, this chapter focuses on the model which combines the
Heston model 1993 for equity and its volatility and the Cox-Ingersoll-Ross
1985 (CIR) model for the interest rate.

The use of the hybrid SDE models is motivated by the empirical evidence
that the asset volatility and the interest rate are not constant over time. The
relaxation of the constant volatility assumption first appears in well known
time continuous stochastic volatility models, such as Hull-White 1988, Stein-
Stein 1991, Heston 1993, Ball and Roma 1994, and Schobel and Zhu 1999.
The Heston model is one of the most celebrated models because it allows
for closed-form formulas for option pricing. In fact, this model accurately
describes the asset price behaviour when the assumption of constant interest
rate is realistic. Recently, some modified versions of the Heston model are
found, like the model of Wong and Lo 2009, Fatone et al 2009, 2013 and
Date and Islyaev 2015.

Furthermore, the relaxation of the constant interest rate assumption can
be found in the last decade. Although far from being exhaustive, the chapter
cites the papers of Chiarella, Kwon 2003, Trolle, Schwartz 2009, Andersen,
Benzoni 2010, and Christensen et al. 2011, which show that stochastic in-
terest rates should be used in order to capture the bond yield behaviour.

In line with the attempt to deal with stochastic interest rates, several hybrid
SDE models have been introduced since 2000. In fact, Zhu 2000 introduces a
model capable of generating a skew pattern for the equity, using a stochastic
interest rate that is not correlated to the equity. Later, Andreasen 2007 gen-
eralizes the Zhu model by using the Heston stochastic volatility model, and
some indirect correlation between the equity and the interest rate process.

Grzelak, Oosterlee and Weeren 2012 propose the so called Schobel-Zhu-Hull-
White hybrid model. This is an affine model whose analytical treatment is
done by Grzelak, Oosterlee and Weeren 2012 following the approach proposed
by Duffie, Pan and Singleton 2000. However, as highlighted in Grzelak and
Oosterlee 2011, the model allows for negative volatility and interest rates. In
order to overcome this problem, they propose the use of a Cox-Ingersoll-Ross
(CIR) process to describe the variance process (see, Grzelak and Oosterlee
2011). Local volatility models have also been extended to deal with stochas-
tic interest rates. For example, Deelstra and Rayee 2012 propose a three
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factor pricing model with local volatility and domestic and foreign interest
rates modelled by the Hull and White (HW) model 1993. In line with the
latter, Benhamou, Gobet and Miri 2012 provide analytical formulas for Furo-
pean option prices when the underlying asset is described by a local volatility
model with stochastic rates. As previously mentioned, this chapter focuses
on a modification of the hybrid Heston-CIR model illustrated by Grzelak and
Oosterlee 2011. The contribution is threefold.

Firstly, the hybrid SDE model of Grzelak and Oosterlee 2011 is modified
in order to preserve the affine structure and to permit a “direct” correla-
tion between the equity and the interest rate. As highlighted by Grzelak
and Oosterlee 2011 and confirmed by our empirical analysis, this correlation
plays a fundamental role to get a good match between the observed and the
theoretical option prices.

Secondly, the analytical treatment of the model is described. Specifically,
an integral representation formula of the probability density function of the
stochastic process is derived by solving the backward Kolmogorov equation
using some ideas illustrated in Fatone et al.2009, 2013. In the solution of the
backward Kolmogorov equation, this chapter uses a suitable change of the
dependent variable which allows us to express the prices of European call and
put options as one dimensional integrals, and to get elementary formulas for
the moments of the asset price. These elementary formulas do not involve
integrals and are used to prove that the existence of bounded moments that
depends on the value of the correlation coefficients. This finding is similar
to the results obtained by Lions and Musiela 2007, Andersen and Piterbarg,
2007 on the explosion of moments of some well known probability distribu-
tions. As a by-product of this analytical treatment, an efficient approxima-
tion of the stochastic integral appearing in the discount factor is obtained.
This approximation is suggested by the explicit formula of the zero-coupon
bond in the CIR model (see Eq. (3.40)) and permits us to approximate
the option prices as one dimensional integrals of elementary functions. A
further consequence of this is the obtainment of an explicit formula to ap-
proximate the zero-coupon bond. This chapter measures the quality of this
approximation by comparing it with the true value given in Eq.(3.40). This
permits us to measure the accuracy of the formulas used to price the options.

Thirdly, a well defined model is calibrated in order to measure its perfor-
mance in interpreting real data and forecasting European call and put op-
tion prices. The calibration procedure is based on the solution of a non-linear
constrained optimization problem whose objective function measures the rel-
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ative squared difference between the observed and theoretical put and call
option prices. Numerical simulations show that the approximate formulas for
the discount factor and option prices work satisfactorily for any maturities
(see Section 3.4). Moreover, the empirical study conducted using real data
(i.e. call and put options on U.S. S&P 500 index) shows that the model is
capable of fitting and predicting satisfactorily call and put option prices us-
ing only one set of model parameters obtained from the calibration procedure.

This chapter is organized as follows. In Section 3.2, the hybrid SDE model
is described to illustrate the main relevant formulas. In Appendix A, the
formula for the probability density function and explicit formulas of the mo-
ments of the asset price are derived. In Section 3.3, analytical formulas are
proposed to approximate the European vanilla call and put option prices as
one-dimensional integrals of explicitly known functions. In Section 3.4, some
experiments involving the moments of the price variable and the zero coupon
bond formula are illustrated.

Furthermore, the model parameters implied by the option prices solving
a constrained optimization problem are estimated. The data includes the
prices of some European vanilla call and put options on the U.S. S&P 500
index in the year 2012. Finally, conclusions are drawn in Section3.5.

3.2 The Hybrid Heston CIR Model

Hereafter, S;, v; and r; are denoted the equity price, its volatility and the
interest rate at time ¢ > 0 respectively. The hybrid model studied by Grzelak
and Oosterlee 2011 describes the process (S, vy, ;) via the following system
of stochastic differential equations:

dSt = St Ttdt + St\/v_tthx t> O, [31]
dvy, = x(v" —v)dt + v/ o dWY, t>0, 3.2]
dry = MO —ry)dt +n+/rdW/, t>0, . 3.3]

where W, Wy, W] are Wiener processes with W =Wj= W = 0, and dW},
dwy, dWl, t > 0, are their stochastic differentials satisfying the following
conditions:

E(dWEdW}?) = peodt, t> 0, [3.4]
E(dWEdW]) = pe.dt, t> 0, [3.5]
E(dW? dW]) = pe,dt, t >0, [3.6]
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where E(-) denotes the expected value of -, and py ., prr, P, are constant
quantities known as correlation coefficients, p;,, pz» € (—1,1). Roughly
speaking, this model generalizes the Heston model within a framework of
stochastic interest rates. This stochastic rate is described by the Cox In-
gersoll Ross (HCIR for short) model. The stochastic model (3.1)—(6.3) is
written with respect the risk neutral world measure. This is motivated by
the fact that the model calibration proposed in Section 3.4 is carried out
against derivative data.

The system of equations (3.1)-(6.3) are equipped with the following initial
conditions:

SO - S) [3 ]
v = g, [3.8]
ro = T, (3.9]

where S and v, 1 are random variables concentrated in a point with prob-
ability one. For simplicity, these random variables are identified with the
points where they are concentrated and S, v5 > 0 are chosen. The quanti-
ties x, v*, 7, A, 0, n are positive constants. More precisely, the quantity y is
the speed of mean reversion, v* is the long term mean and + is the so called
volatility of volatility (vol of vol for short).

It is worthy of note that the variance v, remains positive for any ¢ > 0
with probability one given that 2y v*/9? > 1 and vy = v > 0 (see Heston
1991). As a consequence, the equity price S; remains positive for any ¢ > 0
with probability one given that S; > 0 with probability one. The interest
rate, ry, described by the HCIR model remains positive with probability one
for any ¢ > 0 given that 2A\0/n* > 1 and rq = r§ > 0 with probability one
(see Heston 1991).

The HCIR model (3.1)-(6.3) with the correlation structure (3.4)—(3.6) is not
an affine model so that its analytical treatment is a challenging problem.
To overcome this difficulty, this chapter follows the approach of Grzelak and
Oosterlee 2011. That is, HCIR model (3.1)—(6.3) is modified in order to get
an analytically tractable model and to allow for a direct correlation between
the equity and interest rate processes. More precisely, the proposed model
describes the dynamics of the process (S, vy, 7¢), t > 0, trough the following
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system of stochastic differential equations:

dS, = Sy rydt + S, /rdWE® + S, Ao dWE + S, Qu \/rdWE”, ¢ >0, [3.10]

dvy = x(v* — vg)dt + /v dWY, t>0, [3.11]
dry = N0 — ry)dt + n/ridW], t>0 [3.12]

where A is a positive constant, €2; is a positive function and the constants Yy,
v*, v, A, 0, n are the same appearing in the model (3.1), (6.2), (6.3) and W}",
WP Wy, W] are standard Wiener processes. The assumption of correlation
structure is the following :

E@WP'dW?) = ppodt, t >0, (3.13]
E(dWPdw]) = 0, t >0, [3.14]
[3.15]
and
E@WPrdw]) = pprdt, t >0, [3.16]
E(dWPrdwy)y = 0, t >0, [3.17]
E(dw/dw}) = 0, t>0, [3.18]

where the quantities p, ., pp» € (—1,1) are constant correlation coeflicients.
As explained in Grzelak and Oosterlee 2011, the good performance of this
model in interpreting real data is due to the terms S;A\/v;dW} and S,y /rdW"
that correspond to the terms S; A\ /v, dW and Si€d/rydW; in the Grzelak
and Qosterlee model. Hence, this chapter’s model differs from the latter in
the term S;Q/rdW}" that replaces Si€d,/rdW; . This term is modified
to allow a direct correlation between equity and interest rate. In the Grze-
lak and Oosterlee model the term S;€2;,/r,dW} implies a covariance between
equity and rate equal to S2QZr; dt while in my proposed method, the term
S/ dW]" implies a covariance equal to S7QF p,,, ry dt. As shown in the
empirical study of Section 3.4), the new correlation structure plays a crucial
role to get accurate forecast prices of the European call and put options. For
simplicity, in order to illustrate the analytical treatment, {2, = €2 is assumed,
where () is a positive constant. More general choices can be considered while
preserving the analytical treatment of the model.

Here is the main formulas derived in this chapter and used for the option
pricing. To this aim, the model (3.10)is re-written in term of the log-price,

x; = In(S;/Sp), t > 0. Using Ito’s lemma and Eq. (3.10), the process
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(x4, vy, ;) satisfies the following dynamics:

1 /-
iy = { e G Q)} A+ WP+ AEdWY + Qy/rd WP [3.19

dvy = x (V" — v)dt + /v dW,, t>0, 3.20]
dry = X0 — r)dt + n+/redW], t >0, [3.21]

where 9 is the quantity defined by:
U= 1+ A%+ 20p,,. [3.22]

The system of stochastic differential equations (3.19)—(3.21) are equipped
with the initial conditions:

ro=xy=0, vy=1vy, To=T1p. [3.23]

In Eq.(3.23), as already specified, xf is a random variable assumed to be
concentrated in a point with probability one.

Now, let R denote the set of real numbers, R™ the set of the positive real num-
bers, and R" the n-dimensional Euclidean vector space. Let ©, and O, de-
note the vectors 0, = (v, x,v*, ppv, A) € R® and O, = (9, \, 0, p,.,, ) € R®
containing the parameters of the volatility and interest rate processes respec-
tively. Let pg(x,v,r,t, 2’0", 7', t'), (x,v,7r), (2,0, 7") € RxRTxR* ¢, ¢ >0,
t —t' > 0, be the transition probability density function associated with the
stochastic differential system (3.19), (3.20), (3.21), that is, the probability
density function of having zy = 2/, vy = v, rp = 1’ given that z; = =,
vy = v, 1y = r, when t' —t > 0. This transition probability density function
pr(x,v,rt, 2,0 1" ') as a function of the “past” variables (x, v, r, t) satisfies
the following backward Kolmogorov equation:

1, 82pf L, aQPf

0 1 0?
e/ - —[(1 4+ A%+ 2Ap,.,)v + Q2] br, Y v——=+ =n°r

o 2 ox? 2 oz 2 or’
P py 0 py . \Ops
Y (Ppo + A)U(‘?xav 1102 "ozor {Ch U)%
8pf 1 2 2 apf
+A(0 r)W + (r 3 [(1+2pp0A + Ao + Q%7 ] e
(z,v,7) ERxRT xRT, 0<t <t [3.24]

with final condition:

pf(l’,?),T, th/a Ul,’f‘/,t/) = (S(J}/ - l‘)(s(vl — U)(S(T/ — T)a
(z,v,7), (2,0, 7") € R x R* x RT, t >0,
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and appropriate boundary conditions.

In Appendix A, using a suitable parametrization of the transition proba-
bility density function, the following formula is proved to be hold:

pf(:rvrtx' o't
N1 [T
= o) / dke* @=L, (' —t,v,0' k; ©,) Lyt —t,rr k; ©,),
(x,v,r), (2,0, r) ERxRT xR, £,/ >0, ge R, t' —t >0, [3.25]

where 12 is the imaginary unit,the functions L, , and L, , are explicitly known
functions given in Eqgs.(7.32)-(7.34), which depend on the modified Bessel
functions, I(oyw+/y2)-1 and I(xg/m2)—1 (see, for example, Abramowitz and Ste-
gun, 1970), where (2yv*/v%) —1 and (A0/n?) — 1 are real indices. The indices
of these Bessel functions are positive under the conditions 2yv*/7? > 1 and
2\0/n* > 1. Positive indices imply that the modified Bessel functions are
bounded at zero and this guarantees that the function py given in (3.25) is
a probability density function with respect to the future variables. On the
other hand, these conditions are identical to the ones, as already mentioned,
that guarantee positive values of the variance and interest rate processes for
any time (with probability one) given that the positive initial stochastic con-
ditions vy, 7o(with probability one).

Moreover, it is worth noting that formula (3.25) can be interpreted as the
inverse Fourier transform of the convolution of the probability density func-
tions associated with the stochastic processes described by Eqgs. (3.19)- (3.21)
when one of the two factors, v, 1, is dropped. This specific form of the transi-
tion probability density function is a consequence of the correlation structure
(6.4)-(6.4).

A further good feature of the functions L,, and L, , is that the integrals
of L,, and L,, with respect the future variables v’ and " are given by el-
ementary functions, W), and W), respectively (see Eqgs.(7.37)(7.38)), as
well as their products for integer powers of the future variables v/, 7’ (see
Eqs.(7.39)-(7.40)). That is, W7, and W%, m = 0,1,... are defined as fol-
lows:

+oo
W (' —tv,k;0,) = /0 dv' (V)" Ly (t' — t, 0,0 k; ©,), (3.26]

“+o00
Wit —t,rk0,) = / dr' (r'Y" Ly (t' — t,r, 7' k; ©,), (3.27]
0
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These functions together with the function L,, can be used to get an in-
tegral representation formula for the marginal probability density function
D, (z,v,r,t, 2", r' t') of the future variables (2/,r'):

—+o00
/ / / / / / / /
D, (x,v,r t, 2" r' 1) :/ dv' pp(x,v,rt, 2’ o' ' ) =
0

! ]_ +Oo !
el(@—2 )2— / dk e*@ _x)Wq?q(t' —t,0,k;0,) L, (t' —t,r, 7" k;©,),[3.28]
T ) ’
and for the marginal probability density function, D, ,(z,v,r, t,2',t'), of the
price variable z':

+oo +oo
Dy g, v, r t,2" 1) :/ dr'/ dv' pe(x, v, t a0 ' ) =
0 0

+oo
eq(m_rl)% / dk ezk(zl_x)qu(t' —t,0,k; 0, )W) (¢ —t,r, k;©,). [3.29]
In formulas (3.28) and (3.29), it’s worth to highlight that the variables z,
v, r are the initial values of the log-price, the stochastic variance and the
stochastic interest rate respectively. These last two variables are not observ-
able in the financial market and should be estimated using an appropriate
calibration procedure. The estimation of the initial stochastic volatility is a
common practice as suggested by Biihler, 2002.

In addition, formulas (3.28) and (3.29) are useful in estimating model pa-

rameters using a maximum likelihood approach and deriving the explicit

formulas for the moments of the price variable and the mixed moments. In

fact, the formula for the m — th moment of the price Sy = Soe” conditioned

to the observation at time ¢ = 0 is obtained computing the following integral:
+o0

M., = E(S}) = S(’)”/ dz'e™ D, 1.4(0,v9, 70,0, 2, ') =

—0o0

1 oo +oo ro_ ’
m dk </ dz' ™ e~ 1" e“”) Wf,q(t',vo,k;Qv) qu(t/,ro,k;@r)

m__
2r J_ o

(So,v0,70) ERT x RT x R, g € R, ¢ > 0. [3.30]

o0

Choosing m = ¢, the integral in the bracket leads to a delta Dirac’s function
of the conjugate variable k& which allows the following explicit formula for the
moments:

Mo, = E( ?’1) = Sglwq?,m(t/avoa();Qv) ng(t/7T070;Qr)7
(So, ’U(],’r'o) € RJF X R+ X R+, t/ > 0. [331]
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Similarly, using the explicit formulas for the integrals (3.26) and (3.27), the
following explicit formulas for the mixed moments are obtained:

E(Siry?) = STWE (' vg,0;0,) W2 (1,0, 0,),

(So, vo,10) € Ri’m; R x R, ¢/ >T6:Ll (3.32]
and
E(S7 ) = SgWe (', v,0,0,) W, (,70,0;8,),
(So,v0,70) € RY x R* x R, ¢ > 0, 13.33]
where the functions W7, WP, W, W m =1,2,... are elementary func-

tions given by (7.37), (7.38), (7.42) and (7.43) respectively. Moreover, using
this approach, the following expressions for the moments of the log-return
variable used in Section 3.4 are obtained:

dm
E(IZL) = Zmdl{;_m [WﬁO(t/, Vo, ]f, @v) WB()(tI; To, k; @7’>]k:0 )
(v, m0) € RT x R, ¢/ > 0, [3.34]

when m =1, it gives:

1 2 * 4/ * 1- eixt/

—5(1 + A%+ 2p,,A) (v t'+ (vg — v )T> . [3.35]
It is worth to highlight that the formulas (3.31), (3.33), (3.32), (3.34), (3.35)
are elementary formulas that do not involve integrals. The derivation of these
formulas is possible thanks to Eq.(3.25). This equation reduces the compu-
tation of the transition probability density function, which depends on a
"regularization” parameter, ¢, to a one dimensional integral whose integrand
function is the product of smooth functions of the future variables. This
smoothness is a result of the specific way in which the formula is deduced.
This together with an appropriate choice for ¢ allows to derive elementary
formulas for the marginal probability density functions and the moments il-
lustrated above. These formulas are used to estimate the model parameters
with great savings of computational time.

In fact, the marginal probability density function, D, 4, can be used to price

European call and put options with payoff functions independent of the vari-
ance process in the framework of stochastic interest rates. Thus, we use D, 4
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to deduce formulas for European call and put vanilla options. As stressed
in Christoffersen et al. 2009, a multi-factor model is more flexible for condi-
tional kurtosis and skewness. Thanks to formula (3.31), these indicators can
be easily computed. Finally, a useful byproduct of these formulas are the
moments and the mixed moments associated with the Heston model.

3.3 Integral Formulas For European Vanilla Call and
Put Options

In the framework of the model (3.19)-(3.21), integral formulas can be derived
to approximate the prices of European call and put vanilla options with strike
price ' and maturity time 7'. This is done using the no arbitrage pricing
theory. As illustrated in Grzelak and Oosterlee in 2011, the option price
is computed as the expected value of the discounted payoff with respect to
an equivalent martingale measure known as a risk-neutral measure (see, for
example, Duffie, 2001; Schoutens, 2003, Wong, 2006). That is, let Sy be the
spot price at time zero, the prices of European call and put options with
strike price E and maturity time T' can be commutated as follows:

Spe™™ — E
C(So,T, E,TQ,U()) = EQ (OGT—)+ , S(), T, To, Vg > 0, [336]
6f0 re dt
E — Spe®r
P(Sy,T,E,ro,v9) = E? <(fT—0€dt)+) , So, T, E, 1o, v9 >0, [3.37]
elo Tt

where (- )4 = maz{ -, 0}, and the expectation is taken under the risk-neutral
measure (). In the numerical experiments, only the option price is used to
calibrate the model, that is we use only the risk-neutral measure and not
the physical one. As a consequence, it is not necessary introduce the risk
premium parameters.

Note that vy and ry are not observable in the market, so that they are con-
sidered as model parameters that must be estimated (see Section 3.4).

The numerical evaluation of formula (3.36) is very time consuming. Thus a
formula to evaluate these prices approximating the stochastic integral defines
the discount factor as follows:

T _ T _ T T
e~ Jo T oy TGRS T AT 3.38]

Roughly speaking, formula (5.37) has been obtained approximating r; as a
suitable weighted sum of short rate r;, at t = 0 and t = T. The choice of
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these weights are inspired by the analytical expression of zero-coupon bond
as following:

AT
EQ <€f0T7‘t dt> ~ EQ <€T0(1+ZAT) (1+EAT)) (339)

The expected values appearing in formula (3.39) are given by explicit for-
mulas. Specifically, the expected value on the left hand side of Eq.(3.39) is
the exact formula to price zero-coupon bonds in the CIR model (see Cox,
Ingersoll and Ross 1985) which is given by:

B(To, T)
220
_ ( 2 heW =T/ "’ e—(%)mr(hﬂmz(ew_m/h
o+ (A — h)(1 — eh7) :

T>0,r0>0, [3.40]

where h = /A2 4 2n2. The expected value on the right hand side of Eq.
(3.39) is computed using formula (3.28) and the following formula (see Erdely
et al. 1954, Vol I, p. 197 formula (18)):

+oo
/ dr’ (1’ )VT/Q ~(Marto)r Iw (2M - (rgr )1/2>
0

2
)Tq

vr (Mg,r)"7q
= [(My )27 ¥ (M, + )™ Flarss) [3.41]
where M, , is given in (7.35). That is we have:
BA(T(),T)
2260 AT _
- 2\ T 2A+%7}2A 2(1_c—AT) ((ﬂe”))me .
— e (+erT) T e (e ™) )
2\ + lfe”)n (1 —eT)
T>0, r>0. [3.42]

Note that in formulas (3.40) and (3.42), this chapter has denoted the ex-
pected values appearing in the left and right hand sides of Eq.(3.39) with
B(ro,T) and B4(ro, T') respectively to highlight the dependence of these for-
mulas on ry and 7. It is worthy to note that formula (3.42) differs from
that presented in Choi and Wirjanto 2007 in that the latter is based on a
suitable approximation of the stochastic differential equation that defines the
interest rate while our formula is obtained using the integral representation
formula of the transition probability density and a specific approximation of
the stochastic interest rate process.
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The simulation study, illustrated in Section 3.4, shows that formula (3.42)
satisfactorily approximates zero-coupon bonds with maturities up to twenty
years. In fact, comparing the zero-coupon bond values obtained using Eq.(3.42)
and Eq.(3.40), it shows that the approximation (3.42) guarantees at least five
correct significant digits for maturity up to 20 years (see Table 3.1). This
good performance of formula (3.42) guarantees a good approximation when
used to price options.

As shown in Section 3.4, this approximation works well also for long ma-
turity. Furthermore, the use of formula (5.37) allows reducing the compu-
tation of the option prices to the evaluation of a one dimensional integral.
In fact, let ps(z, v, t, 2", 0, t'), (z,0,t), (', 0, ') € Rx RT x R*, ¢, ¢ > 0,
7 =1 —1t > 0 be the transition probability density function of the stochas-
tic process described by Egs.(3.19)(3.21). Using formula (3.25) for p; and
(5.37), we obtain:

“+oo 7T

+oo
T -, , 1T
Ca(So, T, E,rg,v0) = € * 04X dr' e (Spe” — F) dr'e” " a+exT)
0

In(E/So)
vaq(o,’l)(),?"o,o,l’,,?”,,T), [343]
SO, T, E, To, Vg > 0, q> 1,
—r T In(E/So) , , +o0 - AT
PA(S(), T: E7 To, UO) =€ ¢ arAT) / dl‘l e (E — Soez ) / d?’le (1+erT)
0

qu(o,vo,?“o,o,ilj'/,?“/,T), [344]
SO7 T> E7 To, Vo > O, qg < _1,

where D, , is given in (3.28). Using formulas (3.28) and (6.153) with ¢ = 2
in (3.43), the following approximation of the call option price C' is obtained:

SO (1—2k)
Cpe— TSy [T (E)
CA(S()?T?EarOa'UO) =€ CarAT) _0/ dk ——————

21 ) k2 — 3k +2
M vr+1 _((Tei?))( J\f[q,'rFQ/\T )
1te _TeAT
WO (T7 Vg, k;;@ )WO (T, o, k‘;@ ) q,r e Jvlq,r+(1+e/\T) ’
v,q v r,q T M Te/\T
or T 3T
So, T', E, 1o, vo, q =2, [3.45]
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Proceeding in a similar way, the following approximation, P4, of the put
option price P is obtained:

IS —(3+2k)

o [y (E)
P4(5, T, E = TO(”‘”‘AT)_O/ dk ———4———.
A(S0, T, B0, v0) = e 27 J_ oo —k? + 51k +6

Y

M vr+1 _ ( TEAAT ) < 1”‘1«7";‘(1)\
(1+erT) M, JFM

0 . 0 . q," q,T eX

WO, (T, vo, k: ©,)W2, (T, o, k; ©,) ( > e (e T

TeXT
Mqﬂn + (1+e)‘T)

507 Ta E7 To, Vo, 4 = —2. [346]

Taking the limit Q& — 07, A — 07, n — 07 in Egs.(3.45) and (3.46), we
derive the following exact formulas for the price of the European call and
put options under the Heston model:

CH(SO7 T,E, o, Uo)

ﬁ (1_lk)e—zk7"oT
= ¢ "1 G 20T ! +Oodlc £ WO (T, vy, k: ©
B e —akgz Va0 ki ©,).

807 T7 Ev To, Yo, 4 = 27 [347]

PH(SOa T7 E7 To, UO)

—(3+2k)
(&) e—’LkToT
et gt L [T AE W0, (T, vo, k: ©,)
B 0 27 oo —k2+5k+6 v,g\ 4+ Y0y vy 2y )

SO? T7 E7 To, Vo, 4 = —2. [348]

These formulas are used in the empirical analysis to compare the performance
of the Heston model and the stochastic model proposed here in interpreting
real data. It is worth noting that the integrand functions appearing in formu-
las (3.45), (3.46), (3.47), (3.48) are smooth functions whose integration does
not require a specific care. This regularity is due to the specific approach
used to derive them.

3.4 Simulation And Empirical Studies

In this section, some experiments are illustrated on simulated data as well as
an empirical analysis relative to the U.S. S&P 500 index and its European
options. This analysis uses a suitable calibration of the model parameters.
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3.4.1 Simulation Study
Zero Coupon Bond Approximation

The first experiment analyses the performance of formula (3.42) in approx-
imating the bond price. Two sets of parameter values are considered here.
The first one, Set A, is as follows: 0§ = 0.02, n = 0.01, A = 0.01, p,,, = —0.23,
Q=11 =002 A =001 p,, = =03, x = 0.3, v = 0.6, v* = 0.05,
v = 0.05, Sg = 100.The parameters of the volatility process are those em-
ployed by Grzelak and Oosterlee 2011 in Table 1.

The second one, Set B is as follows: 6 = 0.00044, n = 0.0098, A = 3.62,
ppr = —0.81, Q = 2.51, ry = 0.00022, A = 1.98, p,, = —0.97, x = 0.65,
v = 0.018, v* = 0.0345, vg = 0.089, Sy = 12.456. Set B are the parameter
values estimated in the empirical analysis illustrated in the following of this
Section.

Table 3.1 shows, from left to right, the time to maturity 7, the true bond
value computed via formula (3.40), the approximate formula (3.42) and the
relative error given by the ratio of the absolute error (i.e. the absolute value
of the difference between the true and approximate values) to the true value.
The notation x.xxx e-n is equivalent to z.xxx - 107". The relative errors in
Table 3.1 show that the approximate formula guarantees at least five correct
significant digits for maturity up to 20 years. This is a satisfactory result that
supports the approximation of the discount factor given in formula (5.37).

Monte Carlo Simulation On Moments

The aim of second experiment is to compare the first two theoretical mo-
ments given in Eq. (3.31) (i.e. m = 1, m = 2) with those attained using the
Monte Carlo method. The latter is implemented integrating numerically the
stochastic differential equations with the explicit Euler method with variable
step-size. The largest value of the Euler step-size is 107° and the number of
the Monte Carlo simulations is 10000.

The upper panels of Figure 3.1 show the first and second moments of the
asset price variable as a function of time computed using Eq.(3.31) (solid
line) and the Monte Carlo method (dotted line). The lower panel shows the
corresponding relative errors. The values of the model parameters are those
of Set A. The moments obtained using the Monte Carlo method approxi-
mate quite well those obtained with the theoretical formulas. However, the
theoretical formulas lead to significant savings in computing time. In fact,
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TABLE 3.1 — Performance of formula (3.42) to approzimate the zero-coupon bond value
Set A: 0 =0.02, n=0.01, A =0.01, p,, =—0.23, Q =1, ry = 0.02
A =0.01, pp, =—0.3, x =03,y =0.6, v* = 0.05, vo = 0.05, Sy = 100
T True bond value Approximate bond value Relative Error

0.25 9.950125e-1 9.950125e-1 1.292331e-9
0.50 9.900499e-1 9.900499e-1 1.026083e-8
0.75 9.851121e-1 9.851120e-1 3.436840e-8
1.00 9.801990e-1 9.801989%-1 8.084669e-8
1.50 9.704466e-1 9.704464e-1 2.686953e-7
2.00 9.607920e-1 9.607914e-1 6.270951e-7
3.00 9.417728e-1 9.417709e-1 2.050759e-6
5.00 9.048737e-1 9.048657e-1 8.896235e-6
10.0 8.189837e-1 8.189348e-1 5.969022¢e-5
20.0 6.718534e-1 6.716448e-1 3.105461e-4

Set B: 6 = 0.00044, n = 0.0098, A = 3.62, p,, = —0.81, Q = 2.51, ry = 0.00022
A =1.98, ppo =—0.97, x =0.65, v = 0.018, v* = 0.0345, vy = 0.089, Sy = 12.456
T True bond value Approximate bond value Relative Error

0.25 9.999262e-1 9.999250e-1 1.206098e-6
0.50 9.998308e-1 9.998245e-1 6.328031e-6
0.75 9.997268e-1 9.997125e-1 1.429458e-5
1.00 9.996192e-1 9.995961e-1 2.314066e-5
1.50 9.994007e-1 9.993621e-1 3.865490e-5
2.00 9.991811e-1 9.991322e-1 4.893588e-5
3.00 9.987416e-1 9.986838e-1 5.785582e-5
5.00 9.978631e-1 9.978026e-1 6.057676e-5
10.0 9.956702e-1 9.956100e-1 6.049504e-5
20.0 9.912989%-1 9.912398e-1 5.963593e-5

the Monte Carlo method requires about ten minutes while formula (3.31)
requires only a few milliseconds when their Matlab code is run on a laptop
with Intel core i3 processor and 8GB of RAM.

3.4.2 An Empirical Analysis Of Index Options
Finally, an empirical analysis is used to calibrate the model parameters

against real data. The calibration procedure is based on the solution of
an appropriate non-linear constrained least squares problem, whose set of
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Figure 3.1 — Graphs of My (upper left panel) and Mo (upper right panel) versus time
computed using formula (3.31) (solid line) and Monte Carlo method (dotted line). The
lower panels show the corresponding relative errors. The values of the model parameters
are those of Set A.

feasible vectors, V, is as follows:

V: {@: (Av e U*a X pp,v7 Vo, 17, )‘7 07 ppﬂ"a To, Q) € Rl? | Aa e U*a X, Yo, 1], )‘7 0 > 07
2xv*
72

>1, =1 < ppu, ppr < 1}’ [3.49]

where R'? denotes the 12-dimensional Euclidean real space.

Please note that the set V also includes the initial stochastic volatility and
interest rate, vy, ro, of the stochastic model (3.19)—(3.21). That is, the initial
values vy, 79 are considered parameters to be estimated via the calibration
procedure. This choice is motivated by the fact that vy cannot be observed
in the market while ro refers to a risk free interest rate associated with the
risk neutral measure and, subsequently, its value is not clearly identified by
the financial market. The estimation of the initial stochastic volatility is a
common practice since 2002 (see, for example, Biihler 2002), while the in-
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terest rate has been estimated only recently (see, for example, Fatone et al.
2009, 2013 and Grzelak and Oosterlee 2011).

In order to formulate the least square problem, the objective function is
defined as following. Let np be a positive integer, ¢ > 0 be the observa-
tion time and S’t be the asset price observed at time ¢t = . In addition, let
CU(S;, T, E;), C*(S:, T}, E;), i = 1,2,...,np be the observed price and the
model price (3.45) at time ¢ = ¢ of the European call option having matu-
rity times T; and strike prices Ej;, ¢ = 1,2,...,np. Similarly, let us denote
with P'(S;, T}, B;) and P*©(S;, T}, E;) the observed price and the model price
(3.46) at time t = ¢ of the European put option having maturity times 7T}
and strike prices F; where i = 1,2,...,np.

Let np be a positive integer, the objective function, F,,,., of our constrained
optimization problem is as follows:

zlz

CH(S;, To i) — CO(S; T, Ei) ]

+
ol (SE»ThE')
1 1 Pt S T;, E;) — PY9(S; , T, E;
Iyl Z w T B) = PG BB oy g
Pt (S{,E,EZ)
T j=1 J
where fj, 7 =1,2,...,np, are the observation times. The optimization prob-

lem used to estimate the model parameters can be stated as follows:

glel{}lF (©). (3.51)

Heston model (Heston 1993) is also calibrated here by solving problem (3.51)
with the appropriate adjustments. That is, removing the parameters of the
stochastic interest rate model with the exception of the parameter ry.

Formulas (3.45), (3.46) and (3.47), (3.48) are used to evaluate option prices.
The one-dimensional integrals appearing in these formulas are computed
using the midpoint quadrature rule with 2'* nodes. This quadrature rule
gives satisfactory approximations since the integrand functions appearing in
Eqgs.(3.45), (3.46), (3.47), (3.48) are smooth functions whose numerical inte-
gration does not require special care.

Moreover, problem (3.51) is solved using a steepest descent algorithm with
variable metric (see, for example, Recchioni and Scoccia 2002, Fatone et al

2013). The real data analyzed are the daily closing values of the U.S. S&P
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500 index and the daily closing prices of the European call and put options
on this index. These options have an expiry date of March 16th, 2013 with
strike prices E; = 1075+ 25(i — 1), i =1,2,...,4, E5 = 1170.

S&P500 index
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Figure 3.2 — The

U.S.A. SE&P 5500 index versus time.
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Figure 8.3 — U.S. three-month government yield versus time.

Figure 3.2 shows the U.S. S&P 500 index while Figures 3.4 and 3.5 show the
corresponding call and put option prices as a function of time (April 2nd,
2012, July 27th, 2012). Figure 3.3 shows the U.S. three month government
yields (in percent) as a function of time. Usually, the short-dated govern-
ment bonds are used as proxy of the risk free interest rate and we expect that
the initial stochastic interest rate ry and the long-term mean 6 have values
similar to those in Figure 3.3 from April 2nd to July 27th, 2012.
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Figure 3.4 — Prices of the call options on the U.S.A. SE&P 500 index with strike
prices E; = 10754+ 25(i — 1), i = 1,2,...,4 and E5 = 1170, and with expiry date
T= March 16th, 2013 versus time.
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Figure 8.5 — Prices of the put options on the U.S.A. SE&P 500 index with strike
prices E; = 10754+ 25(i — 1), i = 1,2,...,4 and E5 = 1170, and with expiry date
T= March 16th, 2013 versus time.
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Figure 3.6 — Estimated parameters vy, vo, X, v*, ppo and A versus window index
(siz-day window) resulting from the calibration of the hybrid Heston model (solid
line) and the Heston model (dotted line)

In the empirical analysis, a rolling window of six consecutive trading day
data (i.e. ny = 6) is considered. This window is moved by one day along
the historical series. The time window covers the period April 2nd to July
2nd, 2012. In this way, 66 — nr calibration problems are solved(3.51). That
is, one problem for each six-day window, 7, where j = 1,2,...,66 — np. As
a consequence, in each window sixty option values are used to calibrate the
twelve parameters of the model (i.e. np = 5 put option price and np = 5
call option prices for ny = 6 days).

Shifting the rolling window by one day along the time series and the choice
of nr = 6 have a twofold effect. First, there is a sufficient number of data to
validate the model (sixty option values). Second, a “daily” time series of the
estimated parameters are obtained. The values of the parameters obtained
in the j-th window are representative of the last day of the j-th window.

It is worth noting that when the time series of the parameter values are
constant, the model (3.19)—(3.21) will correctly interpret the asset price dy-
namics. In fact, when the values of the estimated parameters are constant in
time, the model is able to reproduce the asset price dynamics in the analyzed
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(siz-day window) resulting from the calibration of the hybrid Heston model (solid
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of the parameter ro resulting from the calibration of the Heston model.
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period by using only one set of model parameters. Figures 5.13 and 5.14 show
the parameter values as a function of the index j, j =1,2,...,66 — np.

It is observed from our empirical analysis that these values are relatively
constant as a function of time.

Moreover, there is a significant difference between the initial interest rate
o of the hybrid Heston CIR model (i.e. 79 ~ 0.00022) and the Heston model
(i.e. 79 &~ 0.04). The two models also differ in the value of the vol of vol v and
the correlation coefficient p,,. In fact, as already stressed by Grzelak and
Oosterlee 2011, the hybrid Heston model shows lower values of the parameter
v and a more negative correlation coefficient p,, with respect to the Heston
model. The lower value of v may be due to the additional volatility coming
from the interest rate process, while the more negative correlation may be
due to an increase of the leverage effect caused by the previously mentioned
additional volatility.

The values of the initial stochastic interest rate ro and of 6 are about 0.02%
and 0.04%, and those are values comparable with those shown in Figure 3.3.
Moreover, Figure (3.3) shows an abrupt change of the yield trend in Febru-
ary. This abrupt change may explain the fluctuations of the initial stochastic
rate shown in Figure 5.14. Figures 3.8 and 3.9 show the in-sample values of
the European call and put option prices obtained using the Heston (dashed
line) and the hybrid Heston CIR(dotted line) models with the parameters
estimated in the period April 2nd, 2012 to July 2nd, 2012.

These figures show that the theoretical option prices of the hybrid Heston
CIR model provide satisfactory approximations of observed put prices for all
values of the strike prices and time to maturity. These values outperform
those obtained with the Heston model. Both models overestimate the ob-
served values of the call options, but their relative errors are reduced by over
one half using the hybrid Heston model. In fact, the average relative errors
of the call and put options are 9.6% and 6.9% for the hybrid Heston model
while 21.2% and 11.2% for the Heston model.

Figures 3.6, 3.7, 3.8 and 3.9 show that the hybrid Heston CIR model is
capable of matching with sufficient accuracy both call and put option prices
for several strike prices and expiry dates using only one set of parameters.
This results from the use of a stochastic interest rate.

Furthermore, the value of the model parameters estimated in the last win-
dow, June 25th, 2012 - July 2nd, 2012, are used to evaluate the out-of-sample
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Figure 3.8 — Observed (solid line) and in-sample call option prices (in USD) ob-
tained using the hybrid Heston (dotted line) and the Heston (dashed line) models
for five different strike prices: ((a) E1 = 1075, (b) Eo = 1100, (¢) Es = 1125, (d)
E, = 1150, (e) E5 = 1170) versus time to maturity expressed in days.
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Figure 3.9 — Observed (solid line) and in-sample put option price (in USD) obtained
using the hybrid Heston (dotted line) and the Heston (dashed line) models for
five different strike prices: ((a) E1 = 1075, (b) Ey = 1100, (¢) E5 = 1125, (d)
E, = 1150, (e) E5 = 1170) versus time to maturity expressed in days.
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Figure 3.10 — Observed (solid line) and out-of-sample call option price forecast
(in USD) obtained using the hybrid Heston (dotted line) and the Heston (dashed
line) models for five different strike prices: ((a) Ey = 1075, (b) Eo = 1100, (¢)
Es = 1125, (d) E4 = 1150, (e) Es = 1170) versus time to maturity expressed in
days.
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Figure 3.11 — Observed (solid line) and out-of-sample put option price forecast
(in USD) obtained using the hybrid Heston (dotted line) and the Heston (dashed
line) models for five different strike prices: ((a) E1 = 1075, (b) Eo = 1100, (c¢)
Es = 1125, (d) Eq = 1150, (e) E5 = 1170) versus time to maturity expressed in
days.
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European call and put option prices. The out-of-sample period is July 3rd
to July 27th, 2012. The time to maturity for this period is 176 to 160 days.
The performance of the stochastic model proposed and its parameter estima-
tion procedure are measured with an “a posteriori” validation. That is, to
compare the observed out-of-sample option prices with those obtained using
formulas (3.47), (3.48), (3.45), (3.46) which use estimated parameters and
observed spot prices.

Figures 3.10 and 3.11 show the out-of-sample option prices for the hybrid
model (dotted line) and for the Heston model (dashed line). The out-of-
sample put option prices of the Heston model are very accurate while the
call option prices are not. The hybrid Heston CIR model provides accurate
approximations of put option prices and outperforms the Heston model in
approximating the call options. In fact, the average relative errors on the
put and call options obtained using the hybrid Heston CIR model are 9.5%
and 7.8% and using the Heston model are 9.6% and 17.9%.

In conclusion, the empirical analysis shows that the hybrid model interprets
satisfactorily the real data considered in the period April 2nd to July 27th
2012 using only one set of model parameters. Moreover, the values of the
initial stochastic rate ry could be considered a proxy of the short-dated gov-
ernment bond yield.

3.4.3 Two Stage Calibration

The results illustrated here are consistent with those obtained using the
multi-factor stochastic volatility model of Christoffersen et al. 2009. In-
deed, in the latter the authors use two stochastic factors but they are not
specified. The results shown in this subsection suggest that the stochastic
interest rate is one of these volatility factors.

To provide further evidence on the role of the stochastic interest rate, this
subsection is concluded by repeating the previous analysis with an alterna-
tive calibration procedure which includes the U.S. three month government
bond yields as data in the parameter estimation. Specifically, a two-stage
calibration procedure is used to estimate the model parameters. Several two
stage procedures applied to multi-factor stochastic volatility models can be
found in the literature such as those illustrated in Christoffersen et al. 2009
and Islyaev and Date 2015.

The two stage calibration used here consists of a first stage where the
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Figure 3.12 — Estimated parameters vy, vo, X, v*, ppv, A (left panel) and n, 1o, X,
6, ppr and Q0 (right panel) versus window indez (siz-day window) resulting from
the calibration of the hybrid Heston model using only option prices (solid line) and
the two stage procedure (dotted line).

parameters A\, 6, n and ry of the interest rate process are estimated using the
U.S. three month government bond yields. This is done by minimizing the
squared residuals of the observed and theoretical bond values employing the
same rolling window of the experiment described immediately above. Then,
in the second stage the remaining parameters are calibrated using option
prices. As in the previous experiment, both in-sample and out-of-sample
observed option prices are compared with the option prices provided by the
hybrid Heston CIR model calibrated with this two stage procedure. The sam-
ple mean of the in-sample relative errors of the call and put options are 8.3%
and 9.4% for the hybrid Heston model calibrated with the two stage proce-
dure while, as already mentioned, they are 21.2% and 11.2% for the Heston
model. The sample mean of the out-of-sample relative errors of the call and
put options are 8.3% and 8.8% for the hybrid Heston model calibrated with
the two stage procedure while they are 17.9% and 9.6% for the Heston model.

Figure 3.12 shows the parameters estimated with the two stage approach
(dotted line) and those estimated using option prices (solid line) which have
already been shown in Figures (3.6), (3.7). As can be seen, the parameter
values estimated by using the two step procedure are basically the same ob-
tained without using the two stage calibration except for A and €2 in the
time windows indexed by 30 to 55, which corresponds to the period May
23, 2012 to June 25, 2012. Note that in this period the U.S. S&P 500 index
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shows abrupt oscillations (see Figure 5.10(a)). Please note that the y-scale of
the graphs relative to the parameters p, ,, vy of Figure 3.12 differs from the
y-scale of Figure 3.6 in order to show the slight difference in the estimated
values of these parameters.

The results obtained using the two stage calibration provides empirical evi-
dence that the stochastic interest rate is a crucial volatility factor. In fact,
the hybrid Heston CIR model significantly outperforms the Heston one even
when we use the two-stage calibration where the interest rate process param-
eters are estimated without using option prices.

3.5 Conclusions

A hybrid Heston model with a stochastic interest rate is presented here. This
hybrid model is analytically tractable and is a modified version of the model
illustrated by Grzelak and Oosterlee 2011. The analytical treatment is based
on a simple “trick” which allows expressing the transition probability density
function as a one-dimensional integral of a smooth integrand function that
depends on a real parameter g. Thanks to this formula and suitable choices
for the parameter ¢, explicit elementary formulas for the moments of the
asset price variable as well as efficient formulas to approximate the option
prices are deduced. The proposed calibration procedure is used to conduct
an empirical analysis of European call and put options on the U.S. S&P 500
index in 2012.

This analysis shows that the hybrid Heston CIR model outperforms the He-
ston model in interpreting both call and put option prices. Moreover, the
values of the parameters of the stochastic interest rate model could provide
useful insights into the relationship between “risk neutral” and “physical”
measures. The empirical analysis of European call and put options on the
U.S. S&P 500 index shows that the hybrid Heston model outperforms the
Heston model in interpreting both call and put option prices. In fact, the
use of a two stage calibration provides empirical evidence that the stochastic
interest rate plays a significant role as a volatility factor in the option pricing.

In conclusion, the hybrid model seems to interpret satisfactorily call and
put option prices, and consequently, the volatility implied by these prices.
Using this model to forecast implied volatility and using the theoretical mo-
ments derived here to calibrate the model following the approach of Date
and Islyaev 2015 will be objects of future research.
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4 Is Consideration Of
Stochastic Interest Rate Model
Necessary For Long Term
Product? Evidence From Yield
Curve And Health Insurance
Policy

4.1 Introduction

4.1.1 Motivation and Research Background

Predicting long-term bond yields is an interesting and challenging topic. The
central bank’s intervention clearly increases the volatility in government bond
market. Since 2011, Fed has used QE and ‘Operation Twist’ program to
control the interest rate and twist the yield curve. Through open market
operations (OMO), the Fed has successfully lowered interest rate at target
level. Figure 4.1 shows the Fed has kept short-term bond yields near zero
since 2008 crisis.

Theoretically, it is the market, not central bank, should determine the long-
term money supply and demand. In other words, the fact that central banks
have controlled interest rates violates the most fundamental and widely ac-
cepted principles of price theory. Nevertheless, long-time intervention in
interest rate market is clearly a risk-taking behaviour which is not consistent
with central bank’s role as risk manager and supervisor.

Empirical evidences tell us the super low interest rate dose not boost the
real economy recovery, but increase the risk of default. For example, the
debt to GDP ratio has gradually increased since 2008 crisis. Hence, the risk
of default is indeed increasing. But the investors are still enlarging their in-
vestment in U.S. government bond. Because they are confident that the Fed
is continuously repurchasing bonds via repurchase agreement (repo). Hence,
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even the yield is decreasing, the price of the bond is increasing. Investors
look forward to the price return from the market instead of yield return at
maturity.

Therefore, we are looking for robust approach to efficiently predict the trend
of long-term bond yield. Empirical analysis in this chapter confirms that our
stochastic interest approach is efficient. Last but not least, an application of
Heston CIR model on Health endowment policy is presented.

4.1.2 Literature Review and Chapter Outline

In this chapter, a procedure to estimate the hybrid Heston CIR model pa-
rameters is proposed and validated using two different data sets: the U.S.
three-month, two and ten year government bond yields, and the values of the
Credit Agricole index linked policy, Azione Piu Capitale Garantito Em.64.

The first analysis is some preliminary results regarding the application of
the hybrid Heston CIR model from previous chapter in interpreting bond
yield term structure are illustrated. Specifically, the model shows ability to
capture the relationship between short and long term bond yields and to
forecast their upward/downward trend. This application is possible because
the hybrid model proposed here is closely related to the multi-factor stochas-
tic volatility model of Trolle and Schwartz 2009.

In fact, roughly speaking, the hybrid model is similar to the Trolle and
Schwartz model when only two stochastic factors are chosen: one is the short
term yield, and the other is the long-term yield volatility. Recently, Cies-
lak and Povala 2014 show that the use of the short term rate as a volatility
factor provides a good fitting of the bond yield term structure. Specifically,
the generic U.S. two(ten)-year government bond yield is described using Eq.
(3.19) where one factor is the volatility of the two(ten)-year bond yield and
another factor is the generic U.S. three-month government bond yield. Fig-
ure 4.1 shows the yield values in the period December 31, 2002 to April 3,
2014.

The empirical analysis on long-term endowment policy shows that the stochas-
tic interest rate plays a crucial role as a volatility factor and provides a
multi-factor model that outperforms the Heston model in predicting health
endowment policy price. This chapter is composed by two sections. One is
an empirical analysis of U.S. government bond yields, and the other is an
empirical analysis of a long-term endowment policy.
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4.2 An Empirical Analysis of U.S. Government Bond
Yields

In this experiment, the model parameters are estimated by maximizing the
likelihood function using nr (i.e. nyp =22,44,66,132) daily data for each bond
(i.e. the daily data observed in one month ny = 22, two months ny = 44,
three months ny = 66 and six months ny = 132). After having estimated the
model parameters, we move this window along the time series discarding the
ny observations already used and inserting the new nr observations. That
is, the following problem are solved:
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Figure 4.1 — Daily observations of U.S. three-month (solid line), two-year (dotted
line) and ten-year (dashed line) government bond yields.

max L, (8). (4.1)

where V is given in (3.49), ny is the number of daily observations used and

L,,, is the objective function given by:
nr
Lnt = ZDv,r,q(xjavmrtlatj>xj+17tj+1>- (42)
j=1

In Eq.(4.2) the function D, , is given by (3.29) where ¢ is equal to zero, z;
is the observation of the two(ten)-year bond yield at t =1¢;, j =1,2,...,np,
and 7, is the observed value of the three month government bond on the first
day of the time window (i.e. t = ;). Thus, calibration problems needs to be
solved is 128 (np = 22), 64 (ny = 44), 42 (np = 66) and 21 (np = 132) . To
each parameter value obtained solving problem (4.1), this chapter associates
the last date t = t,,, of the time window used in the estimation procedure.
In this way, there is a time series of monthly observations for ny = 22, bi-
monthly for ny = 44 and so on. As mentioned above, in this experiment,
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the initial stochastic interest rate, ry is chosen, to be the value of the three-
month bond yield on the first date of the time window used in the calibration.

Figure 4.2 shows the model parameters estimated with daily data of the
three-month and two-year government bond yields using a time window of
one month, ny = 22 (dotted line) and a time window of three months,
nr = 66 (solid line). The observation indicates that the estimates obtained
behave similarly except for the parameters vy, A and €. In fact, the es-
timates of these parameters obtained using one-month time windows show
oscillations which are more pronounced than those obtained using a three
month window. This is especially true when the index value is in the in-
terval [1900, 2200] which corresponds approximately to the period July 2010
to September 2011. These oscillations seem to precede the U.S. debt-ceiling
crisis of 2011.

Then formula (3.35) is used to forecast the log-return at ¢ = ¢,,. + dt. That
is, we forecast Ttoptot = Tty 46t — Tty where x; is the logarithm of the
two(ten)-year bond yield at time ¢. The forecasts are computed using differ-
ent 0t: 0t = 1 month, 6t = 2months, 6t = 3months and 6t = 6 months.

These forecasts (hereafter, model forecasts) are compared with those ob-
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Figure 4.2 — Parameter estimated by using a time window of one month (dotted
line) and a time window of three months (solid line). The data are daily data of
the three-month and two-year government bond yields.

tained using the following naive formula, f’tnT+6t = Tt,, — Tt,.—5t- Figure 4.3
shows the results obtained using the three-month bond yield as a volatility
factor to describe the two year government bond yield. Specifically, Figure
4.3 displays the true log-returns (solid line and squares), the forecast log-
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Figure 4.3 — Three month ahead 2-year bond yield forecasts. True log-returns (solid
line), model log-return forecasts (dotted line) and naive log-return forecasts (dashed
line). Upper left panel: January 2003 - March 2006. Upper right panel: April 2006
- July 2008. Lower left panel August 2008 - April 2011. Lower right panel: May
2011 - April 2014

returns (dotted line and stars) and the naive forecast log-returns (dashed
line and circles). It is necessary to be observed that the forecast values ob-
tained using the hybrid model are able to capture the trend of the log-return
better than the naive approach in periods where the yields experienced strong
fluctuations such as the crisis that followed the Lehman bankruptcy in the
middle of September 2008 (lower left panel of Figure 4.3) and the United
States debt-ceiling crisis of 2011 (lower right panel of Figure 4.3). To better

TABLE 4.1 — Percentage of correct trend forecasts in one, two, three and siz month

ahead bond yield forecasts

2-year bond yield trend forecasts 10-year bond yield trend forecasts
t N t d N
orizon FMecast Forael(:g}st orizon FM%cgst Foraelc‘%t

one-month 47.24% 39.37%  one-month 58.51% 63.41%
two-month 69.35% 37.10%  two-month 52.38% 46.03%
three-month  57.50% 32.50%  three-month 70.0% 32.50%
six-month 52.63% 31.58%  six-month 52.63% 36.84%

analyze the quality of the forecasts in predicting the trend, it is necessary to
compute how many times the forecast values match the upward/downward
trend of the observed values. Note that the upward/downward trend is given
by the sign of the difference between the value at t = T and att =7+0t. A
negative (positive) sign signifies downward (upward) trend in the yield.
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Figure 4.4 — Parameter estimated with a three month rolling time window using

3-month and 2-year bond yields (solid line) and using 3-month and 10-year bond

yields (dashed line).

Table 4.1 illustrates the results of the trend forecasts obtained by first us-
ing the three-month and two-year government bond yields and then using
the three-month and ten-year ones. Table 4.1 shows that the hybrid model
forecasts outperform the naive ones in all cases considered except for the one-
month ahead forecasts of the 10-year bond yield. This may be due to the
fact that the maturity of the short-term bond yield used in the calibration
is three months which may be too long for one-month ahead forecasts.

Finally, Figure 4.4 compares the estimates of the parameters obtained cali-
brating the hybrid model with a rolling time window of three months. The
solid line indicates the values of the model parameters obtained by three-
month and two year bond yields while the dashed line those obtained by
three-month and ten-year yields. It is worth noting that the estimated val-
ues of the parameters obtained using the ten-year bond yields display less
fluctuations than those obtained using two-year yields. This is particularly
true for the parameters v, x, vg, v* and 1, A, 6 which are related to the
volatility of the stochastic processes which describe the long-term yield. This
finding is coherent with the fact that bond yields with long-maturity usually
are less volatile than those with short maturity. As previously mentioned,
this is only a preliminary analysis on the use of this hybrid model to study
the term structure of yields. However, the results seem to be encouraging.
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4.3 An Empirical Analysis Of A Long-Term Endow-
ment Policy

In this section, the hybrid model is shown to have the ability to price long-
run products. The model parameters are estimated by using the time se-
ries of a pure endowment policy of the Crédit Agricole insurance company.
Specifically, the weekly data of the index linked policy, Azione Piu Capitale
Garantito Em.64,are used here. The data is freely available at the website
hitp:/ /www.previdoc.it/d/Ana/CREMG4 /- credit-agricole-vita-azione-piu-emo64-
01082017.

This policy is a single-premium index linked life insurance policy whose ben-
efits are directly linked to the performance of the Dow Jones FEurostoxx 50
Index. The duration of the Azione Piu Capitale Garantito Em.64 policy
covers the period from October 29, 2010 (date of issue) to August 1, 2017
(expiration date). On the maturity date, Action Capital Pii Guaranteed
Em.64 policy guarantees the insured, should he be living, the payment of the
premium plus a variable bonus obtained by multiplying the premium by 35
percent of the relative difference (Sy — S,)/S, of the Dow Jones Eurostoxx
50 values between October 29, 2010 (i.e. S, = 2844.99) and July 22, 2017,
in the case of a positive difference. In the case of a negative difference, the
variable bonus will be equal to zero. The payoff of this policy is given by:

S
A (s7)

— N
= N + 0.35N max [STS ST;O} =N+ 0.355— max [Sp — S,; 0]  [4.3]

T T

where N is the nominal capital paid at the start of the contract. For this
contract N = 100.

The risky asset specified in the contract is modelled under the risk-neutral
measure (using the hybrid Heston CIR model) and the mortality risk un-
der the physical measure (using the mean reverting Gompertz model, see
Milevsky and Promislow 2001) with the assumption that these two measures
are independent. As a consequence, the pricing of this policy consists in the
evaluation of the following product:

Cp(So,T) = E (e— J§ e dr pl(sT)> E (e— I hudu) , [4.4]

where P, is the payoff function associated with the policy, r is the stochastic
interest rate and h; is the mortality rate. The first expected value in (4.4) is
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the value of a European option in the hybrid Heston model and the second
expected value is the survival probability. We model the mortality rate h;,
t > 0, using the stochastic model:

1 ~
—(6")? +bln(hy) +bgt + b In(hy))h, dt + o* €™ hydQy, t > 0, [4.5]

dht=(9+2

where the quantities g, b, hg, a, c* are real constants, and Q;, t > 0, is a
standard Wiener process. The survival probability is evaluated using the fol-
lowing approximation (for further details see Recchioni and Screpante 2014):

BEle | o = ho) m et (@ T0=D/g 1

]A'L()(O'*)z e(g+2a)t(€(g+2a)(T_t) — 1) e(g_Zb)t(e(g_Zb)(T_t) — ]_)
4(a + b) [( g+ 2a B g—2b ﬂ

h2(o")? 1 g0t (elg=b)(T=t) _ 1)\ ? 1 1
+ - + :
2 2(a+b)( g—2>b ) (a+0b) (g+b+2a)

[ (62(g+a>t( (g+a)(T—1) _ 1) ) (e(g—b)(T+t)+2(a+b)t _ 62(g+a)t)H }
2(g9 +a) g—>b ’

0<t<T. [4.6]

The parameters appearing in formula (4.6) are chosen as shown in Table
4.2. These values are motivated by the analysis proposed in Recchioni and
Screpante 2014 on a similar Credit Agricole pure endowment policy. The

TABLE 4.2 — Parameter values of the demographic component of the Credit
Agricole index linked policies.

cohort ho a b g o*
1977 0.0001175 0.0005 0.6315 0.0722 0.0311

model parameters are estimated by solving the calibration problem (3.51)
after appropriate adjustments (i.e. removing the put option prices and re-
placing the call option prices with policy prices). We use formula (3.45) to
evaluate the first expected value appearing in Eq.(4.4). As in Section 3.4, the
integrals are computed by using the midpoint quadrature rule with 24 nodes.

Weekly prices are used here covering the period April 4, 2012 to April
13, 2015 corresponding to 152 observations. In formula (3.50), ny = 60 (i.e.
sixty weekly observations) and np = 1 (i.e. one strike price S,) are chosen.
A rolling window of size nr is considered and this window is moved along the
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Figure 4.5 — Left panel: estimated parameters 7y, vo, X, vV, ppo and A versus
window index resulting from the calibration of the hybrid Heston model (solid line)
and the Heston model (dotted line). Right Panel: estimated parametersn, ro, X, 0,
pp,r and Q versus window index resulting from the calibration of the hybrid Heston
model (solid line). Note that the dotted line in the upper right sub-panel shows the
estimated values of the parameter ry resulting from the calibration of the Heston
model. The data used in the calibration are the Credit Agricole pure endowment

policy values.
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Figure 4.6 — Credit Agricole pure endowment policy. In-sample (on the left of the
vertical bar) and out-of-sample (on the right of the vertical bar) approzimations
obtained using the hybrid model (dashed line) and the Heston model (dotted line)
and the observed policy values (solid line).

time series discarding the oldest observed price of the window and inserting
the new observed one. In this way, sixty problems covering the period April
4, 2012 to August 4, 2014 are solved, and this section obtains a time series of
each parameter made of weekly observations. The parameter value estimated
in a given time window is associated with the last date of the window.

Figure 4.5 shows the estimated values as a function of the window index.
It can be observed that the time series are approximately constant except
for the time series of ry which shows some oscillations in the year 2014. The
model parameters estimated in the last window are used to evaluate the
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policy out-sample that is in the period August 11, 2014 to April 13, 2015.
Figure 4.6 shows the in-sample and out-sample observed policy values (solid
line), the approximations obtained with the hybrid model (dashed-line) and
those obtained with the Heston model (dotted line). The observed policy
values and their approximations before the vertical bar are in-sample while
those after the vertical bar are out-of sample. It can be observed that the
hybrid Heston CIR model outperforms the Heston one in both the in-sample
and out-of-sample. More specifically, the average relative error of the hybrid
model approximations is 2.5% and the maximum is 5.7%, while those of the
Heston approximations is 4.9% and 8.4% respectively.

4.4 Conclusions

In this chapter, we extend our previous hybrid Heston CIR model to conduct
an empirical analysis of two different data-sets. In chapter 2, it is observed
that the hybrid Heston CIR model outperforms the Heston model in inter-
preting both call and put option prices. Thus, it provides empirical evidence
that the stochastic interest rate plays a significant role as a volatility factor in
the option pricing. Moreover, in this chapter, the hybrid Heston CIR model
outperforms the Heston one even when the Credit Agricole policy values are
analyzed. This result is not surprising since the assumption of constant in-
terest rate is not realistic in the pricing of long-term products.

Finally, the preliminary results of the empirical analysis on U.S. government
bond yields confirm the validity of the Heston-like multi-factor stochastic
volatility models to interpret bond yield term structure. The use of short-
term yields as a volatility factor is a recent approach of Cieslak and Povala
2014 that deserves further investigation.
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5 Can Negative Interest Rates
Really Affect Option Pricing?
Empirical Evidence From An
Explicitly Solvable Stochastic
Volatility Model

5.1 Introduction

5.1.1 Motivation And Research Background

Intuitively speaking, it is believed that banks as lender of assets prefer high
interest rate in order to maximize the profit of interest return. This is not
necessarily the case, however. Low interest rate and inflation are bank’s
‘gospel’. Because low interest will raise the price of all the assets, which will
create more benefit to banks. In other words, as the primary beneficiaries
of assets depreciation, banks prefer super low interest rate, or if possible,
permanent low interest rate.

After 2008 financial crisis, Fed and other major central banks believe that
the trend of interest rate should oscillating decline in order to guarantee an
increasing trend of market price. Thus, the value of assets will raise in or-
der to avoid great economic recession and generate the economic recovery.
During a series of QEs after 2008 crisis, i.e. QE1 in 2008, QE2 in 2010 and
QE3 in 2012, Fed contentiously intervenes in the interest rate market for
a long time. Specifically since late 2011, Fed has used QE and ‘Operation
Twist” program to successfully control the short-term interest rate around
zero. Besides Fed, many other central banks are also strongly in favor of
QFE and super low interest rate. For instance in 2014, the European Central
Bank (ECB) instituted a negative interest rate which is only applied to bank
deposits with the aim of preventing the Euro zone from falling into deflation-
ary spiral.

Since ‘expanded asset purchase programme’ announced in February 2015
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by Mario Draghi, president of the European Central Bank, ECB decides to
continuously stimulate the Euro Zone economy till September 2016. This
will lead to a total QE of at least €1.1 trillion in Euro zone. Therefore,
we believe low interest rate will continue for quite a long period of time.
Moreover, referring to the Syria war and European refugee crisis since April
2015, it is indeed necessary to consider negative values of interest rate with
non-neglected probability in the future. How negative values of interest rate
will challenge the traditional approach of approximating bond yields and
derivatives pricing? This is what we will explore in this chapter.

5.1.2 Literature Review and Chapter Outline

The profound 2008 financial crisis and 2011 European sovereign debt crisis
have caused negative government bond yields both in U.S. and EU area. This
chapter aims at the understanding the following questions.

1. Whether and how can negative values of short-term government bond
yields affect the prices of Foreign EXchange rate (FX) and the associ-
ated index options?

2. Will the approach allowing for negative values of interest rates improve
option pricing model and implied volatility forecasts?

Empirical evidence shows the importance of including stochastic volatility in
derivative pricing approach, such as Hull and White 1988, Stein-Stein 1991,
Heston 1993 and Ball and Roma 1994. Heston 1993 has shown a closed-form
solution for options with stochastic volatility, while the interest rate process
is assumed constant. Indeed, the Heston model is not hybrid SDE model with
stochastic interest rate. However, with one dimensional stochastic volatility
process, it is able to describe the smile shape of implied volatility with re-
spect to the spot price.

The relaxation of the constant interest rate assumption is described in Amin
and Ng 1993, Scott 1997, Bakshi et al. 2000, Zhu 2000, Giese 2006, and
Andreason 2007. Approaches that including stochastic interest rate as an
additional stochastic factor to approximate the derivatives price can be found
in Bakshi et al 2007, Antonove et al 2008, Haastrech 2010 and Grzelak et al
2011, 2012. Nevertheless, the analytical treatment of full scaled hybrid SDE
model is not straightforward. Thus these models use numerical approxima-
tion instead of analytical solution to formulate derivative pricing.

In line with the attempt to provide exact closed-form solution of multi-scale
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stochastic volatility models, Duffie, Pan, and Singleton 2000 studied the
assert pricing model with the assumption of affine diffusion process (AD).
Fouque and han 2004, Christoffersen et al. 2009, Fatone et al. 2009, 2013,
Wong and Lo 2009, Date and Islyaev 2015, Islyaev and Date 2015, Pun
et al. 2015 studied a multi-scale stochastic volatility model. These models
extend the Heston model into a multi-scale volatility case where price volatil-
ity dynamics are better captured, and option pricing models are improved.
In addition, several hybrid models cover both stochastic interest rates and
stochastic volatilities. Zhu 2000 developed a model using a stochastic in-
terest rate which is not correlated to the equity. Grzelak, Oosterlee and
Weeren 2012 proposed the so called Schobel-Zhu-Hull-White hybrid model
with closed-form solutions. This model follows the affine model approach pro-
posed by Due, Pan and Singleton 2000. An analytical treatment model for
the spot Foreign EXchange (FX) rate with stochastic volatility and stochas-
tic domestic as well as foreign rates was studied by Ahlip.

In this capter, a generalization of the Hybrid Hull and White model with
affine diffusion processes is considered. For accurately modelling the deriva-
tives, this model allows negative values of interest rate, and the correlation
between the diffusion process of equity and interest rate, i.e p,, is generalized
in a range of [—1, 1] (not necessarily equal to 1, in Grzelak et.al 2011). More-
over, in stead of numerical approximation, an analytical closed-form solution
for probability density function is studied here.

The aim of the Heston-Hull-White (HHW) model, which describes the dy-
namics of an asset price under stochastic volatility and interest rate, is to
extend the Heston model in order to efficiently solve option pricing problems.
A formula for the transition probability density function is derived as a one
dimensional integral of an elementary integral function which is used to price
Furopean Vanilla call and put options based on HHW model.

To this end, an empirical analysis of the prices of call and put options on the
U.S. S&P 500 index is carried out. Apart from this, this chapter uses implied
volatility to calibration the model. More precisely, the calibration procedure
is based on a nonlinear constrained optimization problem whose objective
function measures the relative squared difference between the observed and
theoretical implied volatilities associated with call and put options. Simi-
lar study can be found in Pacati et al. 2015. Furthermore, this chapter
studies another empirical analysis of the Eurodollar futures prices and the
corresponding FKuropean options prices with a generalization of the Heston
model in the stochastic interest rate framework. Specifically, the dynamics of
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the underlying asset is described by two factors: a stochastic variance and a
stochastic interest rate. The volatility is not allowed to be negative while the
interest rate is allowed for negative values. Explicit formulas for the transi-
tion probability density function and moments are derived. These formulas
are used to efficiently estimate the model parameters. The illustrated model
belongs to the class of full-scale Heston-Hull-White model recently illustrated
in Grzelak et.al 2011, 2012, Guo et.al 2013, and Recchioni et. al 2015. The
empirical analysis shows that the use of models which allows for negative
values of interest rates can reproduce implied volatility and smile effect.

This chapter is organized as follows. In Section 5.1, the hybrid Heston-
Hull-White model and some relevant formulas are explicitly illustrated. In
Section 5.2 some formulas are proposed to approximate the European vanilla
call and put options price as one-dimensional integrals of explicitly known
functions. In Section 5.3, some experiments are proposed on simulated data
to test the accuracy of the approximation proposed. Furthermore, in Section
5.4.3 an empirical analysis is illustrated. Specifically,the model parameters
are estimated by solving constrained optimization problems whose objective
functions involves implied volatility. There are two proposed empirical anal-
ysis. The first one deals with U.S. S&P 500 index from April 2, 2012 to July
2, 2012 and the prices of the corresponding European call and put options
with expiry on March 16th, 2013. The second experiment analyzes the fu-
tures price of the EUR/USD currency’s exchange rate that having maturity
on September 16th, 2011, and the daily prices of the corresponding European
call and put options with expiry date on September 9th, 2011, observed in the
time period from September 27th, 2010, to July 19th, 2011. In Section 5.5
are conclusions. in the Appendix B, the formula for the probability density
function and explicit formulas of the moments are derived.

5.2 Generalized Hybrid Heston Hull-White Model

This section focuses on a generalization of the Heston model in the stochastic
interest rate framework. This model is illustrated by Grzelak et al. 2011,
2012, and Guo et al. 2013. Roughly speaking, it can also be interpreted as a
multi-factor Heston model where one of the stochastic factor is the interest
rate. As already mentioned, multi-factor Heston stochastic volatility models
are proposed in Christoffersen et al. 2009 and Fatone et al. 2009. However,
the introduction of the stochastic interest rate as a factor which drives the
asset makes the analytical treatment of the model different from those il-
lustrated in Christoffersen et al.2009 and Fatone et.al. 2009. Moreover, the
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use of the one-factor Vasicek model (Vasicek 1977) to describe the stochastic
interest rate makes the proposed multi-factor model rather different from the
multifactor models previously mentioned where the factors are driven by an
one factor CIR model.

In fact, the Vasicek model allows for negative values of the interest rate
and this has been considered a weakness of this model. However, the neg-
ative values of the U.S. short term government bond yields observed in the
last years (see Figure 5.3) makes this model appealing. Hereafter, S;, v; and
ry are denoted the equity price, its volatility and the interest rate at time
t > 0 respectively.

dSt = St Ttdt -+ St\/U_tthx t > O, [51]
dvy, = x(v* —v)dt + /0 dW, t >0, [5.2]
dry = MO —ry)dt +ndW/, t>0 5.3]

where x, v*, 7, A, n are positive constants, and WP*, WP Wy W[ are
standard Wiener processes. We assume the following correlation structure:

E(dWFAW?) = paodt, t >0, [5.4]
E(dWEdWT) = pa,dt, t> 0, [5.5]
E(dWPdW]) = 0, t >0, [5.6]

where E(-) denotes the expected value of - and p, ,, pzr, € [—1,1] are con-
stants known as correlation coefficients.

Roughly speaking, this model generalizes the Heston model within a frame-
work of stochastic interest rates. When the stochastic rate is described by a
Vasicek model, or a more general Hull and White model. It is worth to high-
light that the stochastic model (5.1)—(5.3) is written with respect the risk
neutral world measure. This is motivated by the fact that, in Section 5.4.3,
the model parameters are estimated by using derivative data. The system of
equations (5.1)-(5.3) are equipped with the following initial conditions:

So = 5¢, [5.7]
vy = vy, [5.8]
ro = T4, [5.9]

where S;, v, and 7 are random variables concentrated in a point with prob-
ability one, and for the sake of simplicity, these random variables are denoted
with the points where they are concentrated.
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The quantities x, v*, v, A, , n are positive constants. More precisely, The
quantity yx is the speed of mean reversion, v* is the long term mean and ~ is
the so called volatility of volatility (vol of vol for short). It is worth noting
that the variance v; remains positive for any ¢ > 0 with probability one given
that 2y v*/7* > 1 and vy = v§ > 0 (see Heston 1991). As a consequence,
the equity price S; remains positive for any ¢ > 0 with probability one given
that S5 > 0 with probability one.

The hybrid Heston-Hull-White (HHW) model allows for negative values of
the interest rate r;. Nowadays, this is a nice feature since negative short-term
bond yields have been experienced in the both U.S. and EURO zone. The
HHW model (5.1)-(5.3) with the correlation structure (5.4)—(5.16) is not an
affine model. Following the approach illustrated in Chatper 2, the HHW
model (5.1)-(5.3) is modified in order to get an analytically tractable model,
and to allow for a direct correlation between the equity and interest rate
processes. That is, the dynamics of the process (S;, vy, 1), t > 0 is described
as follows:

Sy = Sy redt + Sin/TdWP + S, Ao dW) + S, QdWP”, t > 0,[5.10]

dvy = x (V" — v)dt + y/vedW,, t>0, [5.11]
dry = X0 — ry)dt +ndW], t>0 [5.12]

where A and €2 are positive functions, and the constants x, v*, v, A, 0, n are
the same appearing in the model (5.1), (5.2), (5.3), while W/*, WP Wy,
W/ are standard Wiener processes. The correlation structure is assumed as
follows:

E(dWPYdWY) = pyodt, t >0, [5.13]
E(dWPYdW]) = 0, t >0, [5.14]
E(dWPTdW!) = ppedt, t >0, [5.15]
E(dWPTdWY) = 0, t >0, [5.16]
E(dWrdW?) = 0, t >0, [5.17]

where the quantities p,,, p,» € (—1,1) are constant correlation coefficients.
Using Ito’s lemma and Eq.(5.10), the process of the log-price, x; = In (S;/Sy),
t > 0 satisfies the following dynamics:

1 /-~
d, = [rt = (Do + Q%)] dt + /O dWP® + Ao dW} + QAWP, [5.18]

dvy = x(v* — v)dt + /v dW, t >0, [5.19]
dry = X0 — ry)dt +ndWy, t>0, [5.20]
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where 9 is the quantity defined by:
=1+ A%+2p,,A. (5.21)
The process (z, vy, 1) satisfies the following initial conditions:
ro=x5=0, vy=uv;, To=rp, [5.22]

where z{, vj, and 7§ are random variables that are assumed to be concen-
trated in a point with probability one. As explained in Chapter 2, and
Grzelak and Oosterlee 2011, the good performance of the hybrid models in
interpreting real data is due to the correlations between equity and inter-
est rate. This finding is confirmed by the empirical study of Section 5.5,
which shows the crucial role of the stochastic rate and its correlation with
the equity to get accurate forecast of the European call and put option prices.

Let me now illustrate the main formulas derived in this section and used
in the simulation and empirical analysis. To this end, it is convenience to
introduce some notations. Let R denote the set of real numbers, R the set of
the positive real numbers, and R” the n-dimensional Euclidean vector space.
Let ©, and ©, denote the vectors ©, = (7, x,v*, pps, A) € R* and O, =
(1, A\, 0, ppr, ) € R® containing the parameters of the volatility and interest
rate processes respectively. Let ps(z,v,r t,2',v' v, t'), (z,v,7), (2/,0',7") €
Rx Rt xRT, ¢, ¢ >0,t—1t >0 be the transition probability density func-
tion associated with the stochastic differential system (5.18), (5.19), (5.20).
The function py as a function of the variables (z, v, r,t) satisfies the following
backward Kolmogorov equation:

Opr _ 2,0 pf 1 3 pf 1,0y ’py
—— Q A
@2pf 8 ops - dp
e s )2 s _ = 02) | 21
NPy O0xOr +x(v" =) ov o A0 =) or o (T 2(wv + )) oz’
(z,0,1) ER xR xRT, 0<t<?, [5.23]
where ¢ := 14 A% 4 2Ap, .. [5.24]

with final condition:

pf(l', v, 1,1, xla UI) Tla tl) = 5('T/ — x)d(vl — 'U)(S(TI — T)a
(z,0,7), (2,0, 1) € R x RY x RY, £ > 0,
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and appropriate boundary conditions. In Appendix B, it’s proved that the
following formula holds:

! 1 +m !
prla,v,rt o W 0 1) = el )2—/ dk e* @=L, (' —t,v,0k; ©,) -
™ — o

Lr,q(t/ - tv r, ’I"/, kv Qr)a
(z,v,7), (@0, 1) eERXxRT xRY ./ >0, ge R, t' —t >0, [5.25]

where 2 is the imaginary unit, L, , and L, , are explicitly known functions
given in Eqgs.(7.110) and (7.106). The function L, , has already been in-
troduced in Chapter 2, and it depends on the modified Bessel function,
T2yo+ j2)1 (see, for example, Abramowitz and Stegun, 1970), where (2yv*/v?)—
1 is a positive real index under the condition 2yv*/y? > 1. The last con-
dition guarantees that the modified Bessel function is bounded at zero, and
this guarantees that the function p; given in (3.25) is a probability density
function with respect to the future variables.

Moreover, it is worth noting that formula (5.25) can be interpreted as the
inverse Fourier transform of the convolution of the probability density func-
tions associated with the stochastic processes described by Egs. (5.18)- (5.20)
when one of the two factors, vy, r, is dropped. This specific form of the transi-
tion probability density function is a consequence of the correlation structure
(5.13)-(5.17). A further good feature of the functions L, , and L, , is that the
integrals of L, , and L, , with respect the future variables v" and r’ are given
by elementary functions, Wg . and W,Sq respectively (see formulas (7.116) and
(7.113)) as well as their products for integer powers of the future variables
v', ' (see formulas (7.117) and (7.112)). That is, W) and W%, m =0,1,...
are defined as follows:

+o0
Wyt —tv, k0, = / dv' (V)" L, (' —t, 0,0, k;©,), [5.26]
0

+oo
Wt —t,rk0,) = /0 dr' (r'Y" Ly, (t' — t,r, 7" k; ©,), [5.27]

These functions can be used together to get an integral representation formula
for the marginal probability density function, D, ,(x,v, 7, t,2', 7', t'), of the
future variables (z/,r").

—+o00
/ / / / / / / !
D, (x,v,r t, 2" r' ) :/ dv' pe(x,v,rt, 2’ ' ' ) =
0

z—a' 1 e k(' —x
el )%/ dk ™ )Wﬁq(t’ — 1,0, k;0,) Ly g(t —t,r, 1" k;©,), [5.28]

—0o0
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and for the marginal probability density function, D, (z,v,7,t,2', 1), of the
price variable x':

+o0 +o00
Dy g, v, rt,2" ) :/ dr’/ dv' ps(z,v,rt, 2’ V' ) =
0 0

+o0
etr=a) L / dk @ =DWO (¢ —t 0, k; 0 )W (' —t,r, k;0,). [5.29]
2r J_ o o "
Please note that in formulas (5.28) and (5.29), the variables x, v, r are the
initial values of the log-price, the stochastic variance and the stochastic in-
terest rate respectively. These two last variables are not observable in the
financial market and should be estimated using an appropriate calibration
procedure. The estimation of the initial stochastic volatility is a common

practice as suggested by Biihler, 2002.

In addition, formulas (5.28) and (5.29) are useful in estimating model pa-
rameters using a maximum likelihood approach, and deriving the explicit
formulas for the moments of the price variable and the mixed moments. In
fact, the formula for the m — th moment of the price Sy = Spe® conditioned
to the observation at time ¢t = 0 is obtained by computing the following
integral:

+oo
M., = E(S]") = 56”/ dz'e™ Dy 1.4(0,v9, 70,0, 2, ') =
+m +Oo ! / !
6”% i dk (/OO dz'e™* e~ 1" e””) qu(t',vo,k;@v)qu(t’,ro,k;QT)
(So,v0,70) €E RT x RT x RT, g e R, ¢/ > 0. [5.30]

When m = ¢ is chosen, the integral in the bracket shows a delta Dirac’s
function of the conjugate variable k, which allows to having the following
explicit formula for the moments:

M, = E( iT) = Sglwl?,m@/? Yo, 07@0) W?Sm(t/7 To, 07@7“)7
(So,vo,r()) e RT xR* x R+, t'>0. [531]

Similarly, using the explicit formulas for the integrals (5.26) and (5.27), the
following explicit formulas for the mixed moments is obtained:

E(Spri) = Sgmwl (¢, 0,0, 0,) W2 (t,10,0;0,),

v,mi rymi

(So,?)o,?“[)) € R+ X RJF X R+, t/ > O, [532]
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and

E(Spvp?) = Sgt Wiz (¢, 0,058,) Wy, (,70,058,),

(S0, v0,70) € R x R* x RY, #/ > 0, 5.33]
where the functions Wy, W2, W, W™ m =1,2,... are elementary func-

tions given by (5.26), (7.111), (5.26) and (5.27) respectively.

The highlight here is that formulas (7.129), (7.131), (7.130) are elementary
formulas that do not involve integrals. The derivation of these formulas is
possible, thanks to Eq.(5.25). This equation reduces the computation of the
transition probability density function, which depends on a "regularization”
parameter, ¢, to a one dimensional integral whose integrand function is the
product of smooth functions of the future variables. This smoothness is a re-
sult of the specific way in which the formula is deduced. This together with
an appropriate choice for ¢ permits deriving elementary formulas for the
marginal probability density functions and the moments illustrated above.
These formulas are used to estimate the model parameters with great sav-
ings of computational time.

In fact, the marginal probability density function, D, 4, can be used to price
European call and put options with payoff functions independent of the vari-
ance process in the framework of stochastic interest rates. Thus, we use D, ,
to deduce formulas for European call and put vanilla options.

5.3 Integral Formulae To Price European vanilla Call
and Put Options Under HW Interest Rate Model

In the framework of the model (5.10), (5.11), (5.12), this section derived the
integral formulas to price European vanilla call and put options with strike
price K > 0 and maturity time 7. The prices of European vanilla call and
put options are derived using the no arbitrage pricing theory. The option
price is computed as the expected value of a discounted payoff with respect to
an equivalent martingale measure known as a risk-neutral measure (see, for
example, Duffie, 2001; Schoutens, 2003) given by (5.10), (5.11), and (5.12),
with the initial conditions (5.7), (5.8), and (5.9). Let ps(x,v,t, 2’0", 1),
(x,v,1), (2,0, 1) e Rx Rt x RT, ¢, ¢ >0, 7 =t —t >0 be the transition
probability density function given in (7.121), associated with the stochas-
tic differential equations (5.18),(5.11), and (5.12). The prices of European
vanilla call and put option can be computed with strike price K and maturity
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time T as the expected value of the discounted payoff, that is:

' E
C St,T, E, T, V) = EQ M s St, T, E, Vg > 0, 5.34
T
6f0 T‘tdt
E — Sie”
PGSt B = BQ(E=3)N g g s 5.35
efo re dt

where ()4 = max{ -, 0}, and the expectation is taken under the risk-neutral
measure (). In the numerical experiments, the option price is only used to
calibrate the model, that is only the risk-neutral measure is used and not
the physical one. As a consequence, it is not necessary introduce the risk
premium parameters.

Ca(Sy, 7, E 1 0)
+oo +00 +oo P ff
/ / dac/ dv’ ayo (x) X cpp(ryr, vl o),

+OO e +°° Se —E)
d i 7 + . t—t Pl
/ / w/ { 2 r(t)dt } ps(t' —t,m 20,1, 2, V),

7>0,8;, v, > 0, [5.36]

Moreover in formula (5.36), there is a three dimensional integral whose ex-
plicit computation is important to make (5.36) for practical use. Indeed, the
integral appearing in (5.36) cannot be computed explicitly; however, it is
possible to reduce the computation of the option price from the numerical
evaluation of the three dimensional integral in (5.36) to the numerical evalu-
ation of a one-dimensional integral. Recalling that, since 7 =t — t > 0, the
variables (z,v',r',t') are those in the “future” and the variables (z,v,r,1)
are those in the“past”. Inspired by Trapezoidal Rule, a better approximate

the stochastic integral of discounting rate e~ St expresses as follows.

/

o JEr@®dt . —r (W)t 1) | o w(t 1) [5.37]

1= /(' —1t)
AUy

For further details, please see Section 4.4 Bond Price. In addition, it is worth

to remark that in Trapeziodal Rule, w = 1/2. Here 7 = T is the time to

maturity at time ¢ = 0. Sy, vy, v are chosen, and ry have been defined in

where w =

based on our Zero Coupon bond approximation.
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the introduction. Thus Eq.(5.36 ) becomes

Ca(So, T, E To,Uo
“+oo +00 +oo T
/ dr’ / dx’' / dv' (Spe” —E) {e*fo T(t)dt} pi(T,7r9,0,v0, 7", 2", V'),

—ro (1—w) T e e / z’ E oo ' o—r'wT
=e " dk dx'(Spe” — S—)Jr dr'e :
—00 —00 0 —00

D, 4(0,v9,70,0,2", 7, T), T>0,5,E, vg>0,q>1, 5.38]
Moreover, let us re-order the components in Eq.(5.38) as follows:

OA(S(), T FE ,To, UO

+o0 +o0 +oo ,
— e 0” ‘“TS/ dk:/ da' (e ——) / dr'e" T

D, 4(0,v9,79,0,2", 7", T),
+oo

—e 70 (T=Q(D) 50 / dk PT1(So, E, k,q) W, (T, vo, k; ©,,) / dr'e QM)

T
Ly (7,70, k5 ©,), T>0,S,FE, vo>0,qg=2, [5.39]

—0o0

where Q(T) := wT, and

PT1(So, E, k,q) :/ da! e~k (e’:/ - E) :
o So/ 4

— /+OO da etk <€xl — E)
1n(£) So

So
(&)qflfzk

R (2q]i )ik +q(q — 1) 540

Without loss of generality, let us choose ¢ = 2, then we obtain:

+m / ! E
PT1(Sy, E, k,2) :/ do’ el =2k (ex - —) :
- +

0o So
_ /+OO dz’ e(—2+1k)ac’ (eac’ _ E)
(%) %
(S())l —ik
TR i Sk + 2 [5-41]
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Then let us focus on the last integral of Eq.(5.39) as follows:

+o0o
/ dr'e”" Q) L, (T,ro, 7", k;0,)

r— Qu(T, k,r ’
_T,Q(T)_%( Qu( >)
Q

V2Q2(T)

+o0 1
— / d?’/ Qo T k To) e

_1( (2Q Qs Ql))
dr'e 2 V26 [5.42]

— WO (T 1, k: © Q2Q2—Q@1_/
r,q( 705 ,_7,)6 2\/77_622 .

Obviously, the integral part in Eq.(5.42) is Gaussian Integral. Thus, we have

(r'+ (2Q Qs —@0)2
dr' e 1

V22 [5.43]

).

Substituting Egs.(5.43), (5.42) and (5.41) into Eq.(5.39), we will obtain

S\ 0%
(%)

CA(SO7T7E7T07U0) =€ rotrmed SO /

27r k2 —3k+2
W'l()),q(T7 Vo, k) Qv) ’ WT('),q(Ta To, ka @r) : eQZ(T)QQ(T)—Q(T)Ql(TJ%TO)
T >0,5), vp>0,qg=2 [544]
where
WP (T, 10, k; ©,) = eIk [5.45]
and

QT) =T = —5 - [5.46]
ToQ) = (1w = 1L _;/‘“ 5.47
[5.48]
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Q2(T), and Q, (T, k, r) are defined in Eqs.(7.99) and (7.98). Moreover, Formula(5.44)

can be written in the following brief form:

(SO>(1—ZI<:)
Sy [T E
CAS\.T. E - To(TQ(T))_O/ dk—=7__
A( 0,4, ,7’0,1}0) € o - —k2—3Zk+2

W'l?,q (T, o, k, @v) . qu (7‘!7 To, k, @r) i eM(T,k)JrN(T,k) T

T>0,5), vg>0,qg=2 [549]

where
M(T, k) = QAT)Q:(T) ~ Q(T)Qu(T. k) 5.50]
N(T) = —Q(T)e ™ [5.51]

Following the same approach, the approximation for European put option
Pa(So, T, E,19,v0) can be obtained similarly.

PA(507 T7 E7 To, UO)

In(E/So) ) , +00 )
— 0 (T=Q(T)) / dr' e % (E — Spe” )/ dr'e™ DD, (0, vy,70,0,2" 77, T),
0

h So, T, Erg, v9 >0, g<—1, [5.52]
where D, is given in (5.28). Choosing ¢ < —1, we obtain PT1 as follows:
In(E/So) Sy \a—1-1k
/oo el 7B = S )t = (g(; (—El))zk +qlq—1) 553
Without loss of generality, we can set ¢ = —2. Then, we have
()"
PT1(Sy, B, k,—2) = Iy

[5.54]

Proceeding in a similar way, the following approximation, P4, of the put

option price P is obtained:
SO (—3+lk)
S 400 (E)
P.(S,.T. E _ —To(T—Q(T))_O/ dk——/___
A( 0,4, 7TU7U0) € ot - —k'2+5Zk5+6

Wq?,q(Tv Vo, k; Qv) ' W,,[,::q(T, To, ]{, @r) . QM(Tvk)+N(T7k) 70

So, T, E, To, Vo, q = —2. [555]
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Taking the limit @ — 07, A — 07, n — 070 in Egs.(5.49) and (5.55), we can
derive the following exact formulas for the price of the European call and put
options under the Heston model:

CH<S()7 Ta Ev To, UO)

& (17”“)67““"07“
= e 0T G e?r0T L Jrood/-{: E WP (T, vy, k; ©
—e e o | e M k8

SO) T7 E) To, Vo, 4 = 27 [556]

PH(807 T7 E7 To, UO)

SO —(3+1k) o
— —1KTQ
T G2l L / i (E ) : WO (T, v, k; ©,)
0 o - _k,2 + 51]@ +6 v,q » V0, vy Yy

So, T, E, 1o, v9, q= —2. [5.57]

These formulas are used in the simulation study to compare the performance
of the Heston model and hybrid HHW model in interpreting real data. It
is worthy to note that the integrand functions appearing in formulas (5.49),
(5.55), (5.103), (5.108) are smooth functions whose integration does not re-
quire a specific care. This regularity is due to the specific approach used to
derive them. Next section will introduce the analytical approach to evaluate
the bond price using hybrid Heston HW model.

5.4 Analytical Treatment for Pricing Zero Coupon Bond

5.4.1 Pricing Zero Coupon Bond Under Hull-White (HW) Model
Let us consider the following Hull and White interest rate model:
dry = N0 — ry)dt + ndW; [5.58]

Let us define B(r,t), zero-coupon bond at time t , should satisfy the Kol-
mogorov Backward equation. Moreover B(r,t) yields 1 at maturity T, i.e.

B(r,T) = 1.
0B(r,t) N 77_2823(7’, t)
ot 2

L — 280D

or? or

—rB(r,t)=0 [5.59]
with
reR, tel0,T], B(rT)=1. [5.60]
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Now let us define 7 = T — ¢, and thus B(r, ) satisfies B(r,0) = 1 as well as
the following differential equation:
oB(r,r) _OB(T, T)
o or
Moreover, substituting 7 = T — ¢ in Eq.(5.59) , we will obtain the following
equation:

[5.61]

OB(r,7) n*9*B(r,7) OB(r,T)
— — ANO—r)————=—1rB = .62
57 + 5 g0 + A0 —71) By rB(r,7) =0  [5.62]
Assuming zero coupon takes the following form
B(r, 1) = em-nnr [5.63]

and substituting Eq.(5.63) into Eq.(5.62), we will obtain:

2

—ri(r) + %nz(f) —Mn(r) =0 15.64]
A(T) + Mn(r) —1=0 [5.65]

Eq.(5.65) is a first-order difference equation which can be easily solved as
follows:
1— —AT
n(r) = Te = Uy (N 7) [5.66]

Substituting Eq.(5.66) into Eq.(5.64), and integrating both sides of the equa-
tions with respect to time 7, we will obtain:

m(r) = ”;/0 n2(7)dr — A0 /OTnde

2 1— —AT 1— —2AT 1— —AT
1 {7—2 ‘ + ‘ 1—9{7——6 }

T o ) 2\ )
2
= % [T =2 (A, 7) + Yo (A, 7)] — O[1 — Uy (A, 7)]
s 7 n?
e 2—)\2\112<)\7 7-) - E\Ijl()\y T) + 2_)\27- — 9 [T — \Ijl()\a 7')] . [567]

Substituting Eqgs.(5.66) and (5.67) into Eq.(5.63), we will obtain the Zero
Coupon price formula as follows:

B(r,7) = e " 1O oz U2 (A7)~ T W1 (A7) + 2y =0l — W1 (A7) 5.68]
with B(r,0) = 1. Especially, setting ¢t = 0 (thus 7 = T'), we will obtain:

B(ry, T) = e " 11OD) oz U2 (NT)— U (\T)+ 25 T—0[T w1 (AT)] 5.69)
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5.4.2 Pricing Zero Coupon Bond Under Hybrid Heston-Hull-White
(HHW) Model

From the call option price formula in Eq.(5.44), we can directly obtain Zero
Coupon price formula by setting

x’—ln%,k 0, andgq = [5.70]
Wy (T, 09,0;0,) =’ =1 [5.71]
Wy (T,70,0;0,) =’ =1 [5.72]
Qo(T,0,m9) =0 [5.73]
1Q1(T,0,70) = AN (T) + e 1y [5.74]
Q2(T) = %2\IIQ(T) [5.75]
Qo(T,0) =0 [5.76]
Q1(T,0) = X0U(T) . [5.77]
Moreover, the general form of Q(7T') is defined as follows:

QT)=wT [5.78]

Therefore, the Zero Coupon price formula is obtained as follows:

Bu(ro,T) = o ro(1=—w)T ew2T2Q2(T)—wT[A@\I!l(T)+e_>‘Tr0]

_ —ro[1-w(1-eT)|7 eé(wT)wg(T)_(wT)Aeqfl(T) 15.79]

5.4.3 Comparison Between HW and HHW Model: Choosing Best
Approximation Indicator w

Let us compare Hull-White Zero Coupon Bond Price B(ry,T") in Eq.(5.69)
with the Heston-Hull-White Zero Coupon Bond Price in Eq.(5.79). The
task is to determine the parameter w in order to better approximate the
interval of interest rate. Let us firstly look at the conclusion, and then the
proof. Through comparison between HW and HHW models, w satisfies the
following equation:

(M) =[1-w(@=e?)]T [5.80]
Thus,
_1-wy/T
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Moreover, w = 0 (when 7" = 0) is also a solution of Eq.(5.80). Now let us
prove that w is a probability parameter.
1—W,/T

T>0
AU,

Lemma 5.4.1. When w is defined in Eq.(5.81), i.e. w =
1 —e

1 e

,orw=0,T =0, then w is bounded between 0 and

0<w<l. [5.82]

Proof. (i) ‘w = 0". Clearly when T" = 0, then w = 0 satisfies Eq.(5.80).
(ii) ‘w > 0". For T' > 0, denominator of Eq.(5.81) (i.e. AW,), is clearly greater
than zero. Then let us focus on numerator as follows:

T —1- 1}4
T - )T 41
AT
= —olo), 583
with 0=AT2>0, ¢(0)=(o—1)e?+1 [5.84]
Focusing on Eq(5.84), we have
82—(;) =pe?>0 [5.85]
Thus
min ¢(e) = ¢(e = 0) =0 [5.86]
and (o) > 6(0) = 0 5.87]

6_9
Back to Eq.(5.83), and since — > 0, we can see 1 — Wy /T > 0. Therefore,
0
both denominator and numerator are strictly larger than zero, thus we have
w > 0.
(iii) ‘w < 1. Form (ii), we know both ¥ /T and e 7 are strictly larger than
zero, thus

w<1 & U /T> e M
) VAR
AT — 1
& >1
T

s AM>14AT
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This clearly holds from the Taylor expansion in Eq.(5.88), i.e.

)\2
er :1+/\T+5T2+---
>14 AT [5.88]
Combining (i),(ii),(iii), the proof of w € [0, 1] is done. O

From Eq.(5.81), we obtain

T -,
SN2

[5.89)]

Substituting Eq.(5.89) into approximate Bond price formula (5.79), we obtain

BA(TO, T) = 6—7”0‘1/1 e%(l—%)Q%_g(T_%)

2 2 2 2
n° y,_n- T (L — —
— oV gz Ve Vet (‘1’1) V2=0(T =) [5.90]

Through comparison, it is easy to observe that Eq.(5.90) and Eq.(5.69) are
exactly the same if the following two equations hold.

T

V) = —v 5.91

=gt 5.91]
T 2

T=|—| U .92
(@) ™ =

Actually, Eq.(5.91) and (5.92) are identical. There, the next step is to prove
the left-hand side and right-hand side of Eq.(5.91) are approximately equal.

Lemma 5.4.2. For short term and middle term maturity, i.e. for small
T > 0.

T

U, =—y 5.93
=g 5.99
Proof. Firstly
1— 6—2)\T
v =
2 2\
C(1=e?M)(A+e?T)
B 2
1 AT
= \1;1—+ ¢ [5.94]
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Thus, substituting Eq.(5.94) into (5.93), we can obtain

T 14+ e T
U,=—U & YT
Ty, 2 ! 2

& <1+§T) v, =T

2
—E%T
3T _ —3T

= %ﬂ’ 5.95]

Referring to the Taylor expansion which is similar to Eq.(5.88), we can obtain
the following approximation:

A
etaT=] 4 37 [5.96]

Therefore, substituting Eq.(5.96) into (5.95), the approximation in (5.95)
clearly satisfies. m

In summary, based on Lemma 4.4.1 and Lemma 4.4.2, HHW Zero

Coupon Bond B, (rg, T') is indeed a perfect approximation of HW Zero Coupon

1—wy/T
model B(rg,T) when choosing w = 1= 9T (for short term maturity

A,
T >0).

5.5 An Empirical Analysis

In this section, an empirical analysis is proposed for the Furodollar futures
prices, the U.S. S&P 500 index and the corresponding European options
prices. Specifically, this section conducts an empirical analysis calibrating
the model parameters against these real data. The three month U.S. govern-
ment bond index has been used as proxy of the initial stochastic interest rate.

In the numerical experience illustrated in this section, the option prices
have been computed evaluating with numerical quadratures the integrals
contained in formulas (5.49), and (5.55) which are compared with the option
prices actually observed. The numerical quadratures are performed using the
composite midpoint quadrature rule with 2'4 nodes. These choices guarantee
approximately six significant digits correct in the option prices.
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In this section, C’E(S’g, T,FE), and OE’@(S%, T, F) are denoted as the observed
price and the model price in Eq.(5.49) at time ¢t = ¢ of the European call
option having maturity time 7" and strike price E. Similarly, PY(S;, T, E)
and Pt’@([;'g, T, E) are denoted as the observed price and the model price in
Eq.(5.55) at time ¢ = ¢ of the European put option having maturity time 7T
and strike prices FE.

The model parameters are estimated by solving an appropriate nonlinear
constrained least squares problem. Going into the details, let R'? denote the
12-dimensional Euclidean real space, the set of the constraints, )V is defined
as follows:

V: {Q: (Auf%v*’XJpp,vJUO?na )\797pp,7'7r07Q> € RIQ ‘ A777 U*7X7U07n7 )\76 > 07
2xv*
,72

>1, =1 < ppo, Ppr < 1}. [5.97]

It is worth noting that the initial values vy, 7y are considered parameters to
be estimated via the calibration procedure. This is motivated by the fact
that vy and ry are latent variables not really observable in the market. In
fact, both vy and ry refer to a risk neutral measure and, subsequently, their
values have not been yet clearly identified by the financial market. The esti-
mation of these parameters is not new, in fact it can be found, for example,
in Biihler 2002, Fatone et al. 2009, 2013, Grzelak and Oosterlee 2011, and
Chapter 2 of this thesis.

Let us now formulate the calibration problem. To this end, some notations
are introduced here. Let np and ny be two nonnegative integers, we denote
with C’HB(St Ty, ), PHB(St ,T;, E;) and CO(St T, Ey), PO(St T, )i =
1,2,...,np, the prices of the European call and put option in the hybrld
Hull and White Heston model and the observed option prices, at time t = tj,
j = 1,2,...,np. The notations here EO’C(Ngj,r,ﬂ,Ei) and Zg(ggj,ﬂ,Ei),
ZO’P(S}j,T,E,Ei), Eg(ggj,ﬂ,Ei), ji=12,....,np,79=1,2,...,np, are, re-
spectively, the observed and the theoretical implied volatilities associated to
the call and put option prices. For the sake of the clarity, the implied volatil-
ity $0¢(S,r, T, E) is defined as the quantity such that the following equality
holds:

Cps(T —t,E,5;, %) = C°(T,E, S;), , [5.98]

where C° is the observed call option price while Cgg is the Black Scholes
price at time ¢ = t of the European call option with strike price £ > 0, and
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maturity time 7' > 0, that is:

Cps(T —1,E,5,2°C) = §; N(d1) — Ee™"* "' N(dyp),

[5.99]
where N(z) = (1/v27) [*_e ¥"/2dy, and di, dy ave:
o In(Sy/E) — (r+ 15T
1 — D \/T )
1 ~
d2:d1—§zﬁ,T>o,E>o,So>o,z>0, [5.100]

and rr is the risk free interest rate that are choose to be the U.S. three month
government bond yield.

The model parameters are estimated using the implied volatilities motivated
by the following two facts. First, implied volatilities play a crucial role in
hedging portfolios, so that a model may be considered efficient/performing
whether it is able to fit and forecast them. Second, the minimization of the
implied volatility allows avoiding biased approximations caused by price very
different in magnitude (few dollars against one hundred dollars).

Following this approach, the model parameters are estimated by solving the
following nonlinear constrained optimization problem:

IélelgF(@) [5.101]

where the objective function, F,, ., is as follows:

ZZ 520C(S; v, Te, Beg) — £S5, Tos, Eo) |
&)= nenr $0C(Sg 7, T, Ee)

=1 i=1

ZOP St T TPzaEPz) Eg(gijTP,i»EPi) i
EOP(Stj,T‘, Tpi, Ep;)

nPnTZZ

[5.102]

In order to show empirical evidence that the use of stochastic interest rates
is crucial, the proposed model is compared with the Heston model (Heston
1993). The latter is calibrated by solving problem (5.101) in a feasible set
which does not contain the parameters of the stochastic interest rate model
except for the parameter ry which is allowed for negative values. This is
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Figure 5.1 — Estimated parameters v, vo, X, v*, ppo and A versus window index
(siz-day window) resulting from the calibration of the hybrid Heston model (solid
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Figure 5.2 — Estimated parameters n, ro, A, 0, pp, and §) versus window index

(siz-day window) resulting from the calibration of the hybrid Heston model (solid

line). Note that the dotted line in the upper right panel shows the estimated values
of the parameter ro resulting from the calibration of the Heston model.

motivated by the fact of stretching the limit of negative interest rate. The
following formulas are used to price European call and put options in the
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Heston model (see, Fatone et al. 2009)
SQ 1 +00 e—zk(ln(S‘g/E)—l—rT)
0 67“7'/

E, Sy, 0) = =2 — dk :
CH(T) 7507U0) E27T - —k2—32k+2

(e—zxe<(uc+<c>f+ln<s§/<2<c>>>/a2e—zeo<<<C>2—<uc>2>s;/<a2sg>) ,
=T, E, Sy, ¥ >0,

C

where the quantities v, (¢, sg,

sy are given by:

1
I/C:—E(x—l—zksp—2ps),k€]1%,

= (@A) + 20 +3k—2)"" keR,
szzl—e_QCCT, EkeR, 7=T>0,

Sg:CC—VC+(<C+VC)€_ZCCT, k E]R7 rT=T> 07
and that:

PH(T,E,S’(),@O) = =——_—¢€ dk

E? 1 . +00 efzk(ln(go/E)+rT)
Sy 2m /Oo —k2 4+ 3k +2
<e—2xe<<up+<ﬁ>r+1n(s§:/(2<P)>>/a?e—?ﬁo(<<P>2—<up>2>s’;/<a?s£>)

r=T,E,S,, &% >0,

where the quantities 17, (7, sb, sh are given by:
1
=g (x+ikeptpe), keR,

1
(=5 (407 + (K =30k 2 keR,
s’g’ =1—e %7

== ()T KER T=T>0, .

LER, 7=T5>0,

[5.103]

[5.104]

[5.105]

[5.106]

[5.107]

[5.108]

[5.109]

[5.110]

[5.111]

[5.112]

The formulas (5.49), (5.55) and (5.103), (5.108) are used to evaluate option
prices. The one-dimensional integrals appearing in these formulas are com-
puted using the midpoint quadrature rule with 24 nodes. This quadrature
rule gives satisfactory approximations since the integrand functions appear-
ing in Eqgs. (5.49), (5.55), (5.103), (5.108) are smooth functions whose nu-
merical integration does not require special care. Moreover, problem (5.101)
is solved using a steepest descent algorithm with variable metric (see, for

example, Recchioni and Scoccia 2002, and Chapter 2).
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Figure 5.3 — The U.S.A. S&P 52500 index (a) and U.S. three-month government

yield (b) versus time.

5.5.1 U.S. S&P 500 index options

The empirical analysis presented in this subsection concerns the daily closing
values of the U.S. S&P 500 index and the daily closing prices of the European
call and put options on this index. The expiry date of these options is March
16th, 2013 and their strike prices are F; = 1075 +25(i — 1), i = 1,2,...,4,
E5 = 1170.

Figure 5.3 (a) shows the U.S. S&P 500 index while Figures 5.4 (a) and
5.4 (b) show the corresponding call and put option prices as a function of
time (April 2nd, 2012, July 27th, 2012). Figure 5.3 (b) shows the U.S. three
month government yields (in percent) as a function of time. These short-
term bond yields are used as values of the risk free interest rate. The option
data is analysed by using a rolling window of six consecutive trading day
data (i.e. ny = 6). This window is moved by one day along the historical
series. The time window covers the period April 2nd to July 2nd, 2012 and
the calibration problems (5.101) solved are 66 — ny. As a consequence, in
each window sixty option values are used to calibrate the twelve parameters
of the model (i.e. np =5 put option price and np = 5 call option prices for
nr = 6 days) so that we get an historical series of daily observation for each
parameter. The values of the parameters obtained in the j-th window are
representative of the last day of the j-th window.

We underline that when the values of the estimated parameters are con-
stant in time, the model is able to reproduce the asset price dynamics in the
analyzed period by using only one set of model parameters.  Figures 5.5
and 5.6 show the in-sample values of the European call and put option prices
obtained using the Heston (dashed line) and the hybrid Heston (dotted line)
models with the parameters estimated in the period April 2nd, 2012 to July
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Figure 5.4 — Prices of the call (a) and put (b) options on the U.S. SEIP 500 index
with strike prices E; = 1075+ 25(i — 1), i = 1,2,...,4 and E5 = 1170, and with
expiry date T'= March 16th, 2013 versus time.
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Figure 5.5 — Observed (solid line) and in-sample call option prices (in USD) ob-
tained using the hybrid HW-Heston (dotted line) and the Heston (dashed line) mod-
els for five different strike prices: ((a) Ev = 1075, (b) Eo = 1100, (¢) E5 = 1125,
(d) E4 = 1150, (e) E5 = 1170) versus time to maturity expressed in days.
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Figure 5.6 — Observed (solid line) and in-sample put option price (in USD) obtained
using the hybrid HW-Heston (dotted line) and the Heston (dashed line) models for
five different strike prices: ((a) Ev = 1075, (b) Ey = 1100, (¢) E3 = 1125, (d)
E, = 1150, (e) E5 = 1170) versus time to maturity expressed in days.
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Figure 5.7 — Observed (solid line) and out-of-sample call option price forecast (in
USD) obtained using the hybrid Heston (dotted line) and the Heston (dashed line)
models for five different strike prices: ((a) Ev = 1075, (b) Ey = 1100, (¢) E5 =
1125, (d) Eq4 = 1150, (e) E5 = 1170) versus time to maturity expressed in days.
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Figure 5.8 — Observed (solid line) and out-of-sample put option price forecast (in
USD) obtained using the hybrid Heston (dotted line) and the Heston (dashed line)
models for five different strike prices: ((a) E1 = 1075, (b) Eo = 1100, (c¢) E5 =
1125, (d) E4 = 1150, (e) E5 = 1170) versus time to maturity expressed in days.

2nd, 2012.

These figures show that the theoretical option prices of the hybrid HHW
model provide satisfactory approximations of observed put prices for all val-
ues of the strike prices and time to maturity. These values outperform those
obtained with the Heston model. The results obtained using the hybrid
HHW model outperform the Heston model. In fact, the sample mean of the
relative errors of the call and put options are 4.1% and 6.7% for the hybrid
HHW model while 21.2% and 11.2% for the Heston model.

Figures 5.1, 5.2, 5.5 and 5.6 show that the hybrid Heston model is capa-
ble of matching with sufficient accuracy both call and put option prices for
several strike prices and expiry dates using only one set of parameters. This
good performance is achieved from the use of a stochastic interest rate which
is allowed for negative values. We use the value of the model parameters
estimated in the last window, June 25th, 2012 - July 2nd, 2012, to evaluate
the out-of-sample European call and put option prices. The out-of-sample
period is July 3rd to July 27th, 2012. The time to maturity for this period
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is 176 to 160 days. We measure the performance of the stochastic model
proposed and its parameter estimation procedure with an “a posteriori” val-
idation. That is, we compare the observed out-of-sample option prices with
those obtained using formulas (5.103), (5.108), (5.49), (5.55) which use esti-
mated parameters and observed spot prices.

Figures 5.1 and 5.2 show the parameter values as a function of the index
7,7 = 1,2,...,66 — npy. We can observe that these values are relatively
constant as a function of time.

Figures 5.7 and 5.8 show the out-of-sample option prices for the hybrid model
(dotted line) and for the Heston model (dashed line). The out-of-sample put
option prices of the Heston model are very accurate while the call option
prices are not. The hybrid Heston model provides accurate approximations
of put option prices and outperforms the Heston model in approximating the
call options. In fact, the sample mean of the relative errors on the put and
call options obtained using the hybrid Heston model are 2.3% and 9.1% and
using the Heston model are 9.6% and 17.9%.

In conclusion, the empirical analysis shows that the hybrid model interprets
satisfactorily the real data considered in the period April 2nd to July 27th
2012 using only one set of model parameters. Moreover, the values of the
initial stochastic rate, 7y, could be considered a proxy of the short-dated gov-
ernment bond yield. The results illustrated here are consistent with those
obtained using the multi-factor stochastic volatility model of Christoffersen
et al. 2009. Indeed, in the latter the authors use two stochastic factors but
they are not specified. The results shown in this subsection suggest that the
stochastic interest rate is one of these volatility factors.

5.5.2 FX options

In the second experiment, this section considers the daily values of the futures
price on the EUR/USD currency’s exchange rate having maturity September
16th, 2011 (the third Friday of September 2011), and the daily prices of the
corresponding European call and put options with expiry date September
9th, 2011 and strike prices E; = 1.375 4+ 0.005 % (: — 1), i« = 1,2,...,18.
The strike prices E;, i = 1,2, ..., 18, are expressed in USD. These prices are
observed in the time period that goes from September 27th, 2010, to July
19th, 2011. The observations are made daily and the prices considered are
the closing prices of the day. Recall that a year is made of about 250-260
trading days and a month is made of about 21 trading days. Figure 5.9
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shows the futures price EUR/USD (ticker YTU1 Curncy) (blue line) and the
EUR/USD currency’s exchange rate (pink line) as a function of time. Figures
5.10 and 5.11 show respectively the prices (in USD) of the corresponding call
and put options with maturity time September 9th, 2011 and strike price F;,
1=1,2,...,18, as a function of time.

Let us define the moneyness of an option a given day as the ratio between the
strike price of the option and the futures price on the EUR/USD exchange
rate of that day. As in the previous subsection we consider a rolling con-
taining the priced of one trading day (i.e. ny = 1). This window is moved
by one day along the historical series. The time window covers the period
September 27th to December 17th, 2010 and the calibration problems (3.51)
solved are 61 —ny. As a consequence, in each window thirty-six option values
are used to calibrate the twelve parameters of the model (i.e. np = 18 put
option price and np = 18 call option prices). In this way we generate an
historical series of daily observation for each parameter. The date associated
to the values of the parameters obtained in the j-th window are is the date
corresponding to the observed call and put option prices of the j-th window.

Figures 5.12 and 5.13 show the in-sample and the out-of-sample option prices
as a function of time to maturity. We can observe that the quality of the
out-of-sample call option prices slightly outperforms that of the put option
prices while the in-sample put option prices are more accurate than the
in-sample call option prices. In fact, the sample mean of the relative er-
rors of the in-sample call and put options for the HW-Heston model are
are 3.21% and 1.49% while the sample mean of the relative errors of the out-
of-sample call and put options are are 5.01% and 5.76%

The left panels of Figure 5.14 show the time average out-of-sample implied
volatility of call (upper panel) and put (lower panel) options as a function
of the strike price. The right panels show the strike average out-of-sample
implied volatility of call (upper panel) and put (lower panel) options as a
function of time to maturity. Specifically 183 days to maturity corresponds
to December 20, 2010 while 163 days to maturity corresponds to January
14, 2011. We observe that the forecast values of the implied volatility are
satisfactory up to ten days from the last calibration carried out on December
17, 2010.

Figure 5.15 shows the model parameters estimated using the FX data. We

observe that 7y is negative while the long term mean 6 is positive and in-
creasing with respect to time. Looking at the times series of the parameters
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relative to the stochastic interest rate we can observe that in the last perion
corresponding to November-December 2010 we observe a slight turbulence
in the time series of ry and 6.

5.6 Conclusions

This chapter designs a hybrid Heston Hull-White model which describes the
dynamics of an asset price under stochastic volatility and interest rate that
allows negative values. The aim is to extend the Heston model in order to
efficiently solve option pricing problems when negative values of interest rate
are observed. A formula for the transition probability density function is de-
rived as a one dimensional integral of an elementary integral function which
is used to price European Vanilla call option based on HHW model.

An empirical analysis shows that the hybrid HHW model outperforms the
Heston model in interpreting both call and put option prices. Thus, it pro-
vides empirical evidence that the stochastic but possible negative values of
interest rate plays a significant role as a volatility factor in the option pricing.
Apart from this, this chapter uses implied volatility to calibration the model.

Furthermore, this chapter studies an empirical analysis of the Eurodollar

futures prices and the corresponding European options prices with a gener-
alization of the Heston model in the stochastic interest rate framework. The
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results are impressive for both approximation and prediction. This confirms
the efficiency of HHW model and the necessary to allow for negative values
of interest rate.
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6 An Analytical Tractable
Mutiscale Hybrid Heston SDE
Model On FX Market

6.1 Introduction

6.1.1 Motivation and Research Background

After the collapse of the Bretton Woods system in 1971, U.S. dollar was no
longer pegged to gold. Meanwhile, most of the world’s currencies exited from
the pegged exchange rate with respect to to U.S. dollar. The world economy
has to face the risk of floating exchange rate, which can result in the possible
investment loss in foreign exchange (FX) reserves and the associated deriva-
tives.

Foreign exchange derivatives have been thought as efficient weapons against
the FX rate risk by some scholars and policy makers. A growing number of
FX derivatives have been generated in the derivatives market, such as Bar-
rier option which adds an obstacle term to the European call or put option.
Specifically, if the FX rate exceeds the barrier price before the option’s ma-
turity, the holder is unable to exercise.

Moreover, in the emerging financial Markets, for example China, FX deriva-
tives are playing important roles in maintaining domestic economic stability.
Since joining the World Trade Organisation (WTO) in 2001, the volume of
Chinese international trade has explosively increased. Till the end of June
2015, FX reserves of China has amounted to 3.69 trillion U.S. dollar. Facing
with the huge amount of FX reserves, and global financial instability since
2008 crisis, China needs efficient tools to hedge the risk of FX rate fluctuation.
In addition, the explosive growth of China’s emerging middle class stimulates
domestic financial innovation in FX derivatives, e.g. FX options. Therefore,
Bank of China has firstly launched FX options to individual investors since
2002, and the trading volume is continuously growing afterwards.

World economic integration increases the complexity of FX options, invest-
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ment companies and banks take FX options as fundamental tools to hedge
FX risk and stabilize returns of portfolios management. Therefore, from
risk management point of view, how to accurately model the price of FX
derivatives becomes particularly important today. Needless to say, precisely
predicting the FX moment is a continuing demand by various financial sec-
tors.

6.1.2 Literature Review and Chapter Outline

A model of a single FX spot underlying problem can be found in Wystep
2006, while Lipton 2001 and Clark 2011 study a multiple FX rates. These
models can be seen as an extension of Black-Scholes model where the volatil-
ity is assumed to be constant. Volatility smile effect is studied by Carr
and Wu 2007, where empirical evidence rejects the hypothesis of normal dis-
tribution of FX returns. Shiraya and Takahashi 2012 use SABR model to
study the stochastic volatility effect, and obtain approximation formulas for
pricing FX options. It is worth to note that FX rates has inversion and
triangulation symmetries, e.g. EUR/USD can be derived from EUR/GBP
and GBP/USD. SABR type model does not satisfy this symmetry property,
since the inversion’s volatility process has an additional drift term. Never-
theless, Heston-type model satisfy this symmetry property (see, Del Bano
Rollin 2008).

Ahlip 2008 studies a model of the spot FX rate with stochastic volatility
and stochastic domestic as well as foreign rates. Specifically, these rates are
modelled by Ornstein-Uhlenbbeck processes, and the volatility by a mean-
reverting Ornstein-Uhlenbeck process correlated with the spot FX rate. Ahlip
also derives an analytical formula for the price of European call options on
the spot FX rate. Despite the complexity and intractability, multiscale FX
volatility models usually outperform the single dimensional volatility models
with the advantage of well presenting real market data. For instance, Alvise
De Col, Gnoatto and Grasselli 2013 propose a multi-factor Heston stochastic
volatility model which is an (semi)-affine model whose analytical treatment
is deduced using the approach proposed by Duffie, Pan and Singleton 2000.
However, the model does not allow for stochastic interest rates. In order to
overcome this problem, this chapter proposes the use of a stochastic process
to describe the interest rate process (see, Section 2.2.1).

This chapter describes a Multiscale hybrid Heston model which is an ex-
tension of De Col, Gnoatto and Grasselli 2013. The contributions are twofold.
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Firstly, the Multiscale Heston SDE model of De Col, Gnoatto and Gras-
selli 2013 is modified here in order to allow a stochastic interest rate. As
highlighted in Chapter 2, 3 and 4, stochastic interest rate plays a funda-
mental role in better matching the market values of the options with the
theoretical option prices.

Secondly, the analytical treatment of the model is described both under phys-
ical measure and risk neutral measure. In particular, closed-form formulas for
FX rate approximation (under physical measure) and option pricing (under
risk neutral measure) are obtained. In addition, an integral representation
formula of the probability density function (pdf) of the stochastic process
is derived by solving the backward Kolmogorov equation using some ideas
illustrated in Fatone et al. 2009, 2013. This pdf has practical applications in
calculating moment generating functions, model calibration, and empirical
analysis which deserve further investigation.

This chapter is organized as follows. In Section 6.2.1, the Multiscale hy-
brid Heston SDE model is described to illustrate the main relevant formu-
las under physical measure. In Section 6.2.1, the analytical treatment and
the corresponding formulas for the probability density function are deduced.
Section 6.2.2 describes the approach of measurement change on Multiscale
Hybrid Heston model. In Section 6.2.3, the model treatment under risk neu-
tral measure is briefly described, and the corresponding formulas are deduced
detailedly in Appendix C. In Section 6.2.4, analytical formulas are proposed
to approximate the FX FEuropean vanilla call and put option prices as one-
dimensional integrals of explicitly known functions.

6.2 The Multiscale Hybrid Heston SDE Model

This chapter considers the FX market where various currencies are mutually
traded. Particularly, this chapter considers FX spot trading model under
physical measure and the corresponding European vanilla options pricing
model under risk neutral measure. This section presents the analytical treat-
ment of Multiscale Heston hybrid model and some important results (i.e.
transition probability density function, moment functions, etc) which are
used to deduce option pricing formulas in the Section 6.2.4.

The proposed multiscale hybrid Heston model is inspired by De Col, Gnoatto

and Grasselli 2013 model where the artificial currency is used as a univer-
sal numéraire, and each values of currencies are considered in units of the
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artificial currency. Hereafter, this chapter denotes with Sti’j , V. and R; the
exchange rate between currency ¢ and j, d-dimensional independent volatil-
ity matrix and 2-dimensional independent interest rate matrix at time ¢ > 0.
Moreover, let us denote index j = 0 for artificial currency, however, the exact
specification of the universal numéraire is not necessary here. It is worth to
highlight that, for formulating stochastic interest rate process, this chapter
considers two fundamental SDE models, i.e. Cox Ingersoll Ross (CIR) model,
and Hull-White (HW) model which allows negative values of interest rate.
The dynamic of the process is described as follows:

sy’ W o .
sot*’ (r® —r)dt — (a")"\/Diag(V(t))dW?" — (b>")T [Diag(Ry,(t))]* W5,
t
1

t>0,i:1,...,N,a:O,§; [6.1]
dv,(t) = xn(v) — ))dt + Y/ vn(t)dW, n=1,...,d, t>0; [6.2]
dr,,(t) = )\m(em ( ))dt + np, res (¢ )dW;;Lt, t>0 m={0,i}; [6.3]

where Xn, U, Yn, Am, Wm are positive constants. a® = (ai,...,a})" and

al e R4 i=1,...,N. \/Diag(V(t)) (or y/Diag(V)) is a d x d dimensional
diagonal matrix denoting the square root of the principle diagonal in the
Vi 0 0
T 0 yE o 0
elements of the matrix V, i.e. {/Diag(V) = ] _ _ ] . WP
0 0 - oa
is a d-dimensional standard Wiener process with W™ = (W7, ..., Wi)"
, and WY, is standard Wiener processes. Furthermore, b”* = (b, b;)" € R?,
and [Diag(Rg;(t))]* (or [Diag(Ro,;)]®) is a 2 x 2 dimensional diagonal matrix
which denotes the a-power of the principle diagonal in the elements of the

(0%
vector Ry, and [Diag(Ro;)]* = 7’8 o
i
rate in our universal numéraire. W2 is a 2-dimensional standard Wiener
process with W = (W§,, W/")", and W, is standard Wiener processes.
In contrary to the Del Col, Gnoatto and Grasselli 2013 model assuming

deterministic interest rates, our proposed model assumes stochastic interest

where r( is the artificial currency

1
in Eq.(6.3) following CIR process(a = 5) or HW process (a = 0). Moreover,
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the following correlation structure are assumed:

E(dWydWry) = 0, m,n,t >0, 6.4]
E(dW], dW!,) = 0, m,n,t>0, 6.5]
E(d Wp”dW” ) = paodt, t >0, 6.6]
E(dWPEAWE) = 0, n# 1Lt >0, 6.7]
E(dWPYdW!,) = 0, nym,t >0, 6.8]
E(dW2,dWE ) = ppdt, £ >0, 6.9]
E(dW2RAWT, ) = 0, m#m/,t >0, [6.10]
E(dW2LdW?!,) = 0, m,n,t >0, [6.11]

where E(-) denotes the expected value, and p,, 4, pmr € [—1, 1] are constants
known as correlation coefficients. Moreover, it is worth nothing that Feller
condition i.e. Vn =1,2....d, QXW"”" > 1 should be satisfied in order to guar-
antee positive variance v, (t) with probability one for any ¢ > 0 given that
vy > 0.

Before giving the main formulas derived in this chapter, let us rewrite the
formula Eq.(6.1) in term of the log-price. Using Ito’s lemma, we will obtain
that the log-price 2" = In S}, t > 0 satisfies the following dynamics:

. . 1 . . i 1 : . e 7
dz®" = (" —r") — §(aZ)T(D1agV)(a ) — §(b0’ )T [Dlag(RO,i)]2 (b*)| dt
a’)Ty/DiagVdW?" — (b*")T [Diag(Ry)]* dW?",
1
t >0, 04:0,5, [6.12]

Substituting index ¢ with j, we have the following FX stochastic process of
) =1n SP7

409 = [0~ r9) — () (DiagV (@) — (b7 [Dingeo, ) (b°7)]

—(a’)T (DiagV)dW?" — (b)T [Diag(Ry;)]** dW?",

1
>0, a=0,, [6.13]

where b% = (by,b;)T € R2. Since S* denotes the exchange rate between

0,
different currencies ¢ and j, and S*/ = ——— by definition, therefore we have

the following triangular symmetry relationship:

" = InS™ = InS% — InS%" = 209 — g% 6.14]
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as well as
dz™ = dz®7 — dx® 6.15]
Substituting Eq.(6.12) into (6.13), we obtain:

dxi’j

~{e-m+ % (2 — &) (DiagV)(a’ + ) + (b, ~b;) [Diag(Ro,)* (b, )]

} dt + (a' — a’)"\/DiagVdW?}"’ + (b;, —b;) [Diag(R, ;)] dW?", [6.16]
t>0 =0 L
y @ =1, 2

Lemma 6.2.1. Assuming the log-price ) =1nS{” | t > 0 satisfies the SDE
in Eq.(6.16), then spot price Sy 7 satisfies the following dynamic:

i.j
d;tj [ri —7;+ (a' — )" (Diag V)a' + bjr] dt
t
+(a' — a’)"/Diag(V)dW" + (b, —b;) [Diag(R;;)]* WP,
1
t > 0, i,j = 17 N o= O [617]

"2

Proof. By definition in Eq.(6.1), the dynamic of underlying of FX rate Sf’j
satisfies a general geometric Brownian motion with drift coefficient p*’ as
follows:

ds;’
Slfj = pHdt + (a)T/Diag(V(t))dWP" + (b™)T [Diag(R; ;(1))]* AW,
t

t>0,4,j=1,....N, a=0, = [6.18]

where b/ = (b;,—b;)T. Using Ito’s Lemma in Eq.(6.18), we will obtain
217 =1nS;7 as follows:

o g 1 .. y 1 y
dad = | = 5 ()" (DiagV) (a') = 5 (b™)" [Ding(Ry, )" () dt

2
a")t/DiagVdW?" + (b")" [Diag(R,;)]* dW?P",

t>0, a=0, [6.19]

1
2
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It is worth nothing that Eqs.(6.16) and (6.19) should be identical. Thus, we
have the following equalities:

a” =a'—al €¢R?, ora™ = (a}’,...,a")T with a}/ =al —al, [6.20]
k=1,2,...d
bid — (b, _bj)T € R?, [6.21]
Mm — i+ (ai . aj)T(DiagV)ai + \(bi7 —b;) [Diag(Ri,j)]za (bs, O)TJ [6.22]
=b2r2e

Substituting Eqs.(6.20)-(6.22) into Eq.(6.16), we obtain

ds;’
Sp?

[ri —r; + (a’ — a’)"(DiagV)a' + b;r*| dt

a’)"/Diag(V)dW}" + (b, —b;) [Diag(Ri ;)] dW}",

1

>0, i j=1...,N, a=0 3

Without using matrix components, we could re-write Eq.(6.23) in the follow-
ing linear equations:

sy’ o
Sffj — — i+ Z — al)abog + b2 | dt [6.23]

d
+ > (ah — af)oRdWE" + b dWPT — brddWP | [6.24]
k=1

t>0,4,5=1,...,.N, a=0,

NO|

]

In order to simplify the following computations, we can re-write the ma-
trix components of Eq.(6.16) with expression of linear components as follows:

(a' — a’)T(DiagV)(a’ 4 a’)

v 0 - 0] [ai+d]
; i |0 v e 0 ab + a}
= la —ay,ay — a3, ..., ag — ag :
0 0 - wg al 4 a)
d
= D la})’ = (@)]- v [6.25]
k=1
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and

— R 6.26]

Thus, Eq.(6.19) can be re-written in the following form:

dr™ =
9 '

d
, : 1
R D I A CAN T e bw] dt

d
+ > (ak, — af)oRdWE® + b dWPT — b dWP . [6.27]

>
Il
—_

1
t>0, a=0,=
y & 727

Combining Egs.(6.2), (6.3) and (6.27) into a system of equations, we obtain:

d
y 1 . . 1
da'? = |ri=rit g > [(ah)* = (af,)?]ox + §(b?r?a — b?r?a)] dt
k=1
d .
+ (ak, — al)oRdWE' + b dWPT — brtdWP[6.28)]
k=1

1

t>0, a=0, 5,
dvp = Xi(vf — v)dt +ye/oRdWe,,  k=1,...,d, t>0; [6.29]
dTZ‘ = /\2(91 — ’f‘,)dt + i ,riodeir, [630]
dr; = Xj(0; —r;)dt +n;redW]. [6.31]

6.2.1 The Model Treatment Under Physical Measure

First of all, let us equip Eqgs.(6.28), (6.29), (6.30) and (6.31) with the initial
conditions as follows:

(0) = &, [6.32]
Uk<0) = 171@,0 5 k= 1, ce ,d [633]
7ﬂm<0) = 7Zm,0 ;. Mm=1,] [634]

where i'é’j, Uk0, Tm,o are random variables that are assumed to be concen-
trated in a point with probability one. For simplicity, we identify the random
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variables Zg”, Uk, Tmo with the points where they are concentrated. This
chapter assumes Uy 0, m.0, Xk, Mm> V> s Uk, Om to be positive constant. In

addition, this chapter assumes 2);#271’“ > 1 and 2)‘7;”% > 1 (Feller condition).

Hence, we mainly consider CIR t§fpe (i.e. o = 1/2) volatility and interest
rate processes where positive values of volatility and interest rate are guar-
anteed under the above assumptions. Nevertheless, in case of negative values
of interest rate, the model can be explicitly extended by choosing a HW type
interest rate process (i.e. a = 0), and relaxing the assumptions of the second
Feller condition for interest rate. This deserves further investigation.

Let ps(z,v,r, t, 2", 0,7, ), (x,v,1), (2,0, 1) € Rx (RT)x (RT)% ¢, ¢ >0,
t" —t > 0 be the transition probability density function associated with the
stochastic differential system (6.28), (6.29), (6.30), (6.31). That is, the proba-
bility density function having 2’ = 23, v/ = (v}, ..., v)T, 1’ = (rl, ;)" given
that z = xi’j, v=(vy,...,09)%, r = (ry,r;)’, when ¢ —¢ > 0. In analogy
with Lipton (2001)(pages 602-605), this transition probability density func-
tion py(x,v,r,t,2',v,1',t') as a function of the "past” variables (x,v,r,t)
satisfies the following backward Kolmogorov equation as follows:

(9p 1 [ ; - o o| 0%p
Lo [z<an—aa>%n+b?rz ke vt

n=1
1228pf 122 f apf 2 82pf
@ o n,w In 7,7 zb ¢
TRl e T §+;p7 ) Gy, P G
d%p : p dp dp
20 Y P — f f f
,0] TT]]b]T’j 8 a + ;xn(vn — Un)a—vn + >\z(‘91 — Tl)a_n + >‘j(9j — Tj)a_rj
d
1 7 j 1 a a 8pf
(O § S - o S 52 2
(2, 0n, 73, 75) ERXRT xRT, 0 <t < ¥, 6.35]

with final condition:

pf(t7$7ya r, tlv $/,U_/,T_,|t, = t) = 5(1’, - l’) H 5(T:n - ’T‘m) ’ H 5(1)7/1 - Un)

Vne{l,....,d}andm € {i,5}, (z,v0,7m), (2,0, 7 ) ERXRY x R" t >0,
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and the appropriate boundary conditions. Defining 7 = ¢’ — ¢, the function
pp is defined as follows:

/ oo o
pb(T’lé7Q77n7xav 1“) pf(t’l',y,T‘,t,iU,U_,r), [637]

I‘,Q,E,(x y t)ERX(R+)dX<R+)27t/:t+T7T>O.

The representation (6.37) holds since the coefficients of the Kolmogorov back-
ward equation and condition (6.36) are invariant by time translation. Using
the change of the time variable 7 =t — ' and equation (6.35), it is easy to
see that p, is the solution of the following problem:

dp 1 [ 0°p &*p

b _ 2. 2« 2. 2a b b

E—a[z ay, — a},)?vy + bjr; +bj7“j]— —E nnav%
00 02 Db

d

1 1 2 20 py j aQPb 2 >y
Zp2p20 P 2 ) b
T g T g+ 2 pnanlOh — @)y b
Opy Opy
2a
—pjrnibir; 8 8 ZXn Un = Un T+>\(9 Z)a_nJr)\j(ej_rj)&_rj
d
1 i ; 1 o o pr
+ <(Ti — 1)+ 3 ; [(a})? = (a])?] va + 5[1)?7“? —br; ]) o
(z,vn,7i,7) ERXRT xRY, 0<t < ¥, [6.38]
with the initial condition:
J d
(0,0, 2" 0 ") = 8(a) — ) H S(rl —rm) - Hé(vﬁl — Up)
m=1 n=1
d
= 0" — ) 5(ri —r)o(r; —r;) - H d(vl, — ), [6.39]
n=1
(2, Uny ), (200,70 ) E R X RY x RT, ¢ >0,

and with the appropriate boundary conditions. For the convenience of later
computation, let us consider the following change of dependent variable with
a ‘regularization’ parameter ¢, which enables us to derive elementary formulas
for the marginal probability density function and the FX option prices in
Section 6.2.4.

pb(Tu x,u,r, $/, U_/7 T/) - eq(w_m/)pq<7—7 x,u,r, xla U_,J 7"/) [640]
(z,v,7), (@, v,7) ER x (RN x (R, ¢ =t+7,7>0.
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Substituting Eq.(6.40) into (6.38) and (6.39), it is easy to get that p, is the
solution of the following problem:

1
n ST
or < oz 2 2
2 d 2 2 2

L 5 5,0°Dq i j 0"py 20 07Dg 20 0Dy
T 5, + ) praynlal, = al)vn 5y T Pirtibiri 9r0r = Pjn;bsT; Do,

d d
0 1 , , 2 1 o2 92
= 3 > (al, — a}) v, + B2 + 52-7“2-0‘] qu +3 EZI v, SRy 20 P

. . 0
+ Z [Xn(Un — VUn) + QVnPro(a, — &%)Un] -+ [)\i(ei —7) + qmpi,rbir?a} %

>t - (20 B

d . .
Up, 4 - a, + a,
Z?(an_aizy (q2+q( ; _]))

n=1

a1 OP
+ [N (0 —75) 4+ anipj(=b;)r7?] _87«? +
J

n=1

2«

2a
Ty 2 ST Jp
+ <n~+ ) bi(2q—i—1)> + <—7’j+]7bj(2q—1))] a—;—f—

r2e r2e
+ <cm + ’be(qZ + Q)) + (q(—m) + %b?(qQ — Q)ﬂ Pq

(z,0n,73,7j) ERXRT x RY xRY, 0 <t < ¥, [6.41]

with the initial condition:

J d
pq(07 xr,v,T, I/7U_/a T,) = eq(l‘—$l)5(x/ - I) H 6(7“;)1 - Tm) ' H 5(”; - UTL)

m=i n=1
d
5 — ) o =)o — ) Lot ) 642
n=1

(z,0n,7i,7;) ERxRT x RY x RY, 7 =0,

Now let us consider the following representation formula for p, with a Fourier
transform:

2T
(v,7) € (R, (,r) x (R keR, 7> 0. 6.43]

1 /
pq(Ta x,v,r, xlav_la T,) = 5 / dk GZk(z @) f(Ta v,r1, U_/) T_/a k)a
R

This is possible since the coefficients (6.38) and the initial condition (6.39) are
independent of translation in the log-price variable. Substituting Eq.(6.43)
into (6.38), we obtain that the function f is the solution of the following
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problem:
kf d 2 1 f
= —al)v, + b + b Syl L
2 d
) 0 o
2 ]2 ]2 Z Zk pn v'}/n a%)vna_i + (—Zk‘)pmnzb 7“120[
of |+ . o
—(—k)p;, Tn]b]T]Qaaf + Z [Xn(vn — Up) + QP (a, — ail)?]n} %
n=1 n
9 0
IO )+ anon ) 2 8, am () O
ari 87’j
d . .
Un , i (CLZ + CL]) ( + CL])
+ —Z—VK”—TL @)—k(2+—
{nZ:; 2(0/ a/) q q(a%-a-%) 1 q (az_an>
2a
+ (n(q — k) + %bf [(¢* + q) — wk(2q + 1)})
r2e
+ (7“](_(] + k) + ]Tbi [(q2 —q) —1k(2q — 1)}) f [6.44]

(2,00, 7,7;) ERxRY x RT xR, 0 <t < ¢

with the initial condition:

k
fQO,0, 7,0, 7' k) = 6(r; — 1ri)0(r; —r;) H §(v; —v;), 6.45]

n=1

(vi, iy 75), (vl,rl,rj) eERT xRt xRT, k €R.

Now let us represent f as the inverse Fourier transform of the future variables
(v/,1') whose conjugate variables are denoted by (I, §), that is:

1=

d
AW, 2 iy vl 1&m Ty,
f(r,u,r, v 1" k) = By dl e | | dfm g(r,v,1, k,1,§),
v

me{i,j}

m=14,j, (Up,rm) € RT x R*, (k,ln,fm) ERxRxR, 7>0. [6.46]
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It is easy to see that the function g satisfies Eq.(6.44) with the following
initial condition:

k
90,01,k 1,¢) = [ e le [6.47]
me{i,j} n=1
k
= e‘zgirie_zngjHe_zl”v", [6.48]
n=1

m e {i,j}, (Vn,rm) ERT X RY (k,1,,&n) ERXRXR, 7> 0.

It is worth to note that ¢ is the Fourier transform with respect to the future
variables (v, 1) of the function obtained by extending f, as a function of the
variables (v,r), with zero when v,, ¢ R* and/or r,, ¢ R*. The coefficients of
the partial differential operator appearing on the right hand side of Eq.(6.38)
are first degree polynomials in v and r. Thus, we seek a solution of problem
(6.44), (6.45) in the form (see Lipton, 2001):

d
9(7-7 Q, f; k, £7 é) — eA(TvkvLé) H efrm B’V‘m (Tvkaém) H e*'Un an (T:kvln),
me{i,j} n=1
d

- nan »kvln
pATELE) p=ri Br, (Th&) =75 Brj (T.k&) v (r ),[6.49]

(Un,Tm) € RT x RY, (k,1,€) € R x (R)? x (R)?, 7> 0.

From now on, let us only focus on the CIR type interest rate process, i.e

choosing o = 3 In this case, non-negative values of interest rate is guar-

anteed with probability one. Substituting Eq.(6.49) into Eq.(6.44) , the for-
mulas A(7, k, L, ), B, (7, k, 1), Br,(7,k,&), and B, (7, k,{;) must satisfy the
following ordinary differential equations:

A d
2_7_(7_7 kv L §) = _)\1 91 Bri (T7 ka 52) - /\] 9] B’I’j (7_7 kv 5]) - Z XnU:an (Ta kv ln)

n=1

(k,1n,&,8) E RxRxR xR, 7>0, [6.50]
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dB,,

k.1,
dr (7, K, bn)

K ; (a' — al)? [( (ai—kaj)) < (a’ + al)
=—(a, —al)? — 22— P+ g2 )~k 2+n—ﬁ)}
5 (an —az) 5 T (A r—

2
= [n + (0 = ) upralal, = a)] B, — 2B, 6.51]

2
= @i ()(@)? = (n + (k= @)9pn) Boy (7o L) = B2 (T L), [6.52]
(k,1,) ER X R, 7 >0

| a% as y , ‘
where @y (k) = 375 {((ﬁ +Q%) — 1k (QCI-I- sz)} , @ = a4, —aj

Qi = ai, + al, and ., = puo(al, — ab) .

dB,,
dr
k»2 2 b12 2

2
~ LB (7. k)

2
- @;l(k)b? + (Zk - Q) - [)‘Z + (Zk - q)nipiﬂ"bi] Bm (T7 k? 51) - %Bi (7—7 k? €z> [653]
(k,&) ER xR, 7 > 0,

(T, ]{3, 51)

2
1
where ¢ (k) = 3 "3 [(¢*+ q) —1k(2¢+1)] .
dB,,
dr (T7 k; gl)
ks bi ¢ s
= b+ (@ —k) = 5 (¢ — @) = k(2 = V)] = [\ + (k= @)mypsir (=) By,
n?
-2B?
2 J
2
r; 1
= o (k)07 + (q — tk) — [Nj + (q = k) pinbs] Br, (1, k, &) — EJB?].(T, k, &)
(k,&) ERX R, 7 >0, 16.54]
oy S - »
with ¢4 (k) = 5 75 [(¢° — q) —1k(2¢ — 1)], and initial conditions:
A(()?kalvé) :Oa an(O,k,ln) :Zlna Bn<oak7€z) :Zfia B?"j<07k7£j) :Zé-jv
with (k,[,§) € R x R x R”. [6.55]
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Eqgs.(6.52)-(6.54) are Riccati equations that can be solved analytically. Then
substituting their solutions into (6.50) and integrating with respect to T,
A(,k,1,§) can be obtained straightforward.

Let us firstly solve Eq.(6.52), and the solutions of (6.53) and (6.54) can
be obtained analogously. Let us seek for the solution of Eq.(6.52) in the
following form:

2 7Cu,
T Co,
Replacing Eq.(6.65) into (6.52), we can obtain that C? must satisfy the fol-
lowing problem:

B, (1,k,l,) = (6.56)

d*C,,, _dc,, 2, .
dr2 + (Xn + (Zk - Q)’Vnpn,v)? - E(Pq (k)(an ) Cvn = 0, (657)
dc, 2
C, (0,k,1,) = 1, 5" (0,k,1,) = 11; % (k1) ERxR.  (6.58)
T

Please note that Eq.(6.57) is a second order ordinary differential equation
with constant coefficients. Therefore, the solution is given by:

2
Tn
Sq,’l)n,b + Z lnTSqu’nag

Cy, (1, k1) = Cy (1, k, 1) = eHawn+Cawn)T [ ] , [6.59]

" QCCI7'L)7’L
where
1 ~ 1 2 2 v 0,27 1/2
Hq,v, = _§(Xn + (1k — Q)’ann,v)v Cgomn = 2 [4:“% + 27n90q (k)(a;?) ] , [6.60]
Sqmg = 1 — e 2awnT 6.61]
Squnb = (Cq,vn + Nq,vn)e_gcq’vnT + (Cq,vn - Uq,vn)- [6'62]
Furthermore, we can obtain:
dC,
(1, By) = elbane FannT
2 2
(/Lq,vn - Cqﬂ)n)(ll'bqﬂ)n + Cq,vn - 7?”2 ln)eixq’U"T + (/"L‘L'Un + gq,vn)(gq,vn — Ugv, T 77"@ ln)
2<Q:7Jn
(g, vn +Cq,0n)T 2
€ Tn
= G = i bsann + b suna). 6.6
q,vn
where
S(Lvn’d = (C%'Un - qu’vn>e*2§q,vn7' + (Cqﬂ’n + /‘1’(177)71)' [664]
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Substituting Eqgs.(6.59) and (6.63) into (6.65), we obtain:

2
q,Vn qu vn)sl] Un,g + Zl Sq Un, d>

(6.65)

2 ((
an (T7 k7 ln) = 3
Tn

._’i’l
Sq,on,b T Ii% 2 Sq,un.g9

Then, the solutions of Egs.(6.53) and (6.54) are obtained analogously:

2
2 (( T™m - /'L Tm)s Tm + ng S Tm d)
BTm(T7k7£m):_2 - S v - ’ TTL:Z,]
Mm, Sq,rm,b T2 SmeSq,rm,g
(6.66)
where
Sqmg = 1 — e 2arm™, 6.67]
Sq,rm,b = (Cq,rm + :uq,v"m)eizcme + (Cq,rm - ,uq,rm)u [6‘68]
Sq,rm,d = (Cq,rm - qurm)e—%q,rmf + (Cq,rm + Uq,rm)' [6'69]
and for m =1
1
Mq,ri - — 3 <>\z + (Zk - Q)nzpz,rbz) 9 [670]
1 1/2
Com, = [4uq o+ 202l (R)BE — g+ 1 k)] 6.71]
form=y
1
Hgr; = =5 (Aj + (g — tk)nipirbi) , [6.72]
1/2
Cors = [% + 202 (ol (k)b + q — 1)) 6.73]

where i (k) , ¢l (k) , of (k) and a%’ ,b; ,b; are defined in Eqgs.(6.52), (6.53)
and (6.54).

Transition Probability Density Function Of Multiscale Heston CIR
Model

Let us derive the joint transition probability density function p; in the case of
a = 1/2, that is when the CIR interest rate model is considered. Considering
integration on Eq.(6.50) for A(7,k, [, §), we obtain:

A(T kL€
20 T oA 6,
= - 0 G, (7, b, Gy, (7, K, &),
; 2 (k1) — mZ ; ( )
d
2, 200, 2.0,
S Xl 10 @, (7, K, 1) — o In G (7, K, &) — Z22InC, (7, b, &)
n=1 /Yn 771 77]'
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Hence the function g(7,v,7,k,[,§) in Eq.(7.6) is given by:

d

— B 0 Oy (rkdn) — 22 250 (1 k1) /C
gtk L) =[] <6 T R A I |
2Am 0 27, dCy
- L2 hl C’r‘m T7k7§m - 7 = Tvkaém C’I‘m
e ( )e ng, AT ( )/ ), [6.75]

(U, ) € RT x RY (k,1,,6,) ERXRXR, 7> 0.

In order to get an explicit expression for f(7,v,r, v, 1, k) in Eq.(6.46), that is
the inverse Fourier transform of g(7,v,r, k, [, §) with respect to the variables
v" and 1/, we have to compute the following integrals:

Ly, (7,05, 05,k | ©,,)

1 +oo ;o _2mUn gy O (rk L) — 2o 9 gy 0
=5 dl,e'non e A n(Thln) =5F Tt (Thin) [ Con [6.76]
T J -0
'
er(7—7 Tms T k | Qrm)
1 [t R n Oy (rkn) 2 4 (g /C
— 2_ dgm elﬁmrme n2, m ( e w2, dr ( )/ Crom [677]
m —00

Let us show how to compute the integral appearing in (6.76) and (6.77)
analytically by using Eqs.(6.59) and (6.63) with the change of variable I/, =

—ln%ifw—”’i, and the following equality:
q,Yn

8 2 6—2@"7'
2 2 2 / Un,
quvnvdsq’vnvb = ( qQvn 'U’Un) 8‘17”%79 - Zln ( 1— 22 l/ ) ’ [678]
n

We can re-write L, (T, v,,v),,k | ©,, ) as follows:

Lo (70,0 K | ©, ) = 1 M, e X0 AN/ 2+ (o +on) )
n n ~Un ,Un
400 (M, Bg,n)el)
2\ (2 2 2 (Mgq,vp Bg,n)vly
6_(2vn/7n)(cq,vn _/’Lq,vn)S‘ZaUnvg/SQWn,b / dl;l e_(Z l"n)Mq,Un 6_(2XWU:/’Yn) ln(l_Z l'/n)e 1—2 lfn , [679]
—0o0
where
_ 2 -2
2 Squomb -~ 4(Cqvn ) ?vne 2qvnT MoB 8 CovnUnt SawnT
¢on T 9o y Ugn = 2 ) qnVqn = —5 : [6'80]
T Sq.vn.g Sqyvm,b Tn Sqvn.gSqvnb

Now using formula n.34 on p.156 in Oberhettinger 1973, we obtain:

!/
Ly, (T, 05,05,k [ ©,,)
— 67(2)(71”:/7721)[111(5!1,1/71,b/2<q7vn)+('U’Qa’un +<q,vn)7} 67(21]"/731)((3,'071 *Ug,vn)sq,vn,g/sq,vn,bM

q,Un
(Mqﬂ;n @qm)_qun/z (Mq’vnvil)l/q,vn /2 e—Mq,unf)q,ne—Mq,un’U;l ]qun (2Mq,vn (@q,nv;;,)l/2)7

,with, v,, v, >0, k € R. 6.81]
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where vg,, = 2xav;/v2 — 1, and I, is the modified Bessel function of

order v,,, (see, for example, Abramowitz and Stegun, 1970). Analogously,
we obtain:

Ly (T, T, T K | ©5,)

— 67(2)‘777«9’"1/7]7%1)[ln(sqmm,b/2<q7’rm)+('u’q,7‘m +C4»Tm)7} 67(2Tm/n'r2n)(<g,7‘m 7”3,rm)sq77‘mag/sqﬂ“m;qu r
sm

(Mq’rqu’n)—uq,rm /2 (M v )Vq,rm /2 e—Mq,Tmf’e—qumT;n ]qum (qu’rm (fq,mrin)lﬂ);

q;,"m" m
with, rp,, 7 >0,k €R, [6.82]
where
_ 2 —2q,rm
M — i 8q77'm»b 7 _ 4(CQ7Tm)2rme ParmT T — i <-qﬂ"mTWL€ Coorm
rm T 2 ) qgm — 2 ? q,™m "’ ¢;m T 2 )

Ml Sa.mm.g Sy rm,b N Sqrm.gSqrn.b
and v, = 220 /02, — 1, m=1i,j 6.83]
[6.84]

From Eq.(6.45), we can obtain:

- HLvn(Ta Unav;n k) ’ Ln(Tﬂ 7”2‘,7“2, k)LTj (T’ Tj,?”;, k>

n=2

d d
-2 21 XnUs, ln(sq,vn,b/QCq,vn)/Vz -2 3 XnU:L(Mq,vn‘FCq,vn)T/VEL
n=

= € e n=1

J J
=2 30 AmOm I(8q,rm .0/ 2Cq.rm) /M =2 32 AmOm (Hq,rm +Cairm )T/
-e m=t e m=i

d
{ 223 0oy 20 )Sarma) (VESqom ) —
<4 €

M=

Mq,vn (’Dq,n+v;)

n=1 e 1

[1

n=1

J J
{ -2 Z4TM(Cg,rm_Mg,rm)Sq,rm,g/(ngnsqmm,b) - Z.Mq,T'm(qumJ'_T;n)
. e m=1 e m=1 .

vl Vaon /2 < N1)2
Mq,vn ~ : qu,vn (2Mq7’0n (Uq,n Un) )

Vgn

J / Vg,rm /2
r N
H Mqﬂ'm (7: ) ' [qurm (2Mq,7“m (Tq’m T’;n>1/2)] } ’ [685]
m=i g,m
(T, 00, 7m), (/0,7 )ERXRY xRY ¢t/ >0,¢ —t>0.
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Using Eq.(6.43), we obtain the probability density function ps(z, v, r,t, 2", 0,1, t')
as follows:

! 1 /
pr(@ v r,t 2l ol ! ) = et / dk 7). {
T JR
d d
-2 Zl XnUh In(Sq,up ,0/28q,0n ) /72 —2 Zl XV (Hg,on +Cq 0 ) (' =) /72
-e n= e n=

J J
=2 30 AmOm 10(8q,mm,6/2Ca,rm ) /Mo =2 32 AmOm (Hg,rom +Ca,rm ) (' —1) /0,
e m=i e m=i

-2
. e n
d
n=1

J J
{ 2 5 (o 12 ) astmss OPaSarmn) = 35 Moo (Faumtrln)
. e = .

M=

d
1 v"(cfivn _/J‘g,vn)SCI#’n,g/(W%Sq,vn,b) - Zl Mq,vn (ﬂq,n—l-v;)
e n= .

UI VLZy’Un/2 1/2
My, <Z~)n ) g, (2Mq on (Tgn V) / )

q?n

m=1 e m=i

’ Vq,rm /2
TR SN ||

q,m

J
m=i

(2,0, 7m), (20,7 ) ERXRY xR ¢, ¢/ >0,t —t>0.

YNy ' m

The following results are remarkable (see Abramowitz and Stegun 1970 pp.
375 and 486):

P ﬂ,n (T, vn, k)

(%m)uq’vn/z oMa.vnTqn
qun ’

v, >0, k €R, [6.87]

Vq 171’1/2_[

Vq,up

(2M,0, (Bg, 0),)1/2) e Maen v =

c\

P (T, T )

+oo ~ B , (7 )an-m/Q
B /0 dr, (r;n)uq,rmﬂ[l/wm (2Mq,rm (Tq,rmrin)lm)e Marm Tm = qu—

m
q;"'m

rm >0, k €R, [6.88)]

qu,TmTq,m
)

Using Eq.(6.87), we integrate the joint probability density function over the
future variance v’ to find the marginal density for (2/,r’) as follows:
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d too
Dy(z,v,r.t2 1/ t) =] (/ dvy, ps(z,v,1,t, 2", 0, E'J'))
0

_ 6q($—$’)i/dk ezk(a:'—x) .
2 Jr

d d
=2 37 xnvy, ln(sq,vn,b/zgq,vn)/%% -2 3 Xnvrz(l‘qun+§q,vn)(tl_t)/%21
e n=1 e n=1

J J
=2 30 AmOm In(Sq,rm 6/ 2Cq.rm ) /M =2 30 AmOm (Hq,rm +Caorm ) (¢ =) /17,
-e m=1 e m=1
d 2 2 2
{ -2 Z Un(cq,vn_iuq,un)sq,v'mg/('Ynsq,vn,b) }
4 €

n=1

m=1 e m=i .

J J
{ -2 Z."'m(cgmm_Ng,rm)Sq,rm,g/(ngnsqmm,b) - Z‘MQva(FvaJ'_T;n)
4 €

J

I1

’ Vg, rm /2
R |

m=i g,m
(2,00, 7m), (20,7 ) ERXRY xRY ¢t/ >0,¢ —t>0.

6.2.2 Numéraire Invariance

In derivatives market, it is necessary to consider the risk neutral world and
no-arbitrage condition. Thus, it is necessary to study SDE model under risk
neutral measure.

Considering a Brownian motion vector W?’U(Qz) and Wf’r(Ql) under mea-
sure Q' by imposing the Q*martingale property and Girsanov Theorem (in
Section 1.2.6), we obtain:

dWP@) — qWP? 1 | /DiagVa'dt [6.90]
AW?™ @) = qWP" 4+ [Diag(Ra,)]* (b, 0)"dt
= dW" + (12, 0) dt (6.91]

i i i T
Since dW?" (@) = (dl/{/f’r(@ (1), de’T(Q )(t)> , Eq.(6.91) can be separated

as follows:

AWPT Q) (4) = AWPT + robdt [6.92]
Q) (1) — X
dawP" P (1) = aw? [6.93]
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Substituting Egs.(6.90) and (6.92) into Eq.(6.17), a SDE under risk measure
()’ is obtained as follows:

dsy’
Sy?
= (r' = 17) dt + (a' — )" \/Diag(V) AW} @) 4 bW ") — byrsaw ™ @) [6.94]

— (r' =9} dt + (a' — )"/ Diag(V)dW" @) 4 (b;, —b;) [Diag(R, ;)] dW?" (@

NO| —

t>0,i,5=1,...,N, a=0,

It is worth to remark that (Q*-measure is clearly the risk neutral measure.
Because in each monetary index ¢, the money market accounts accrues inter-
est based on interest rate v . Thus, cash bond price B*(r%,t) for currency i
is defined as follows:

B ,
%ﬂﬂ:ﬁﬁ [6.95]

hence

Bi(t) = elori()ds [6.96]

Similarly, we could define cash bond pricing B’(t) = elori(8)ds for currency
j. Furthermore, let us define inter-currency cash bond price as follows:

BY(t) =

— efot [ri(s)—r;(s)]ds [6.97]

Symmetrically, the following holds:

B¥(t) = [BY(t)]
— oo —lri(s)=ri(s)lds 6.98]
hence

B
Bii

= —[r;(t) — r;(t))dt [6.99]

Lemma 6.2.2. Under the risk neutral measure Q*, S*(t)/B"(t) or S™(t) -
BP(t) is a martingale process.
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Proof. Here is the simple proof that S™(t) - B%'(t) is a martingale process,
while the proof of S/ (t)/B"(t) can be deduced analogously.

d(S% B dS™ Bit + S d B

Si.j Bivi Si.j Bi

dsi  dB’?

S B

dS%

= o~ [r;(t) — r;(t)]dt [6.100]

Substituting Eq.(6.94) into (6.100), we obtain

d(Si’ij’i) _ Si,j(ai - aj)T /Diag(V)de’”(Qi) + ‘Svm'(bi7 —bj) [Diag(Ri,j)]a thp,r(Qi)’
1
>0, 6j=1...,N, a=0, 3 [6.101]

Since AW @) and dW?"?) are new Brownian Motion vectors under Q’
measure, S™(t) - B¥(t) is a Q'-martingale process by imposing the Q’-local

martingale property. O]
The measurement change on Brownian Motion vectors also affect variance
processes via the correlation coefficients p?, n =1,...,d as follows:
AW @) = aw?, + pi(e")"/Diag(V (t))a'dt
= dW}, + p\/Unaldt [6.102]
where e" is unit vector with n—th element is 1. Moreover, {e", n=1,...,d}

forms a set of d-dimensional mutually orthogonal unit vectors(or standard
basis). Therefore, we obtain the following volatility process under Q" mea-
sure:

dvn () = X2 (059D — v, (1))t + Yo/ 0n (()dWD), [6.103]
n=1,...,d, t>0

with coeflicients defined as follows:

P = py [6.104]

X% = Xn + mpnal, [6.105]
. Q"

0@ = ur X [6.106]
Xn

[6.107]
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Similarly, interest rate process dr,, ,r = 4, j under risk neutral measure Q°
satisfies the following dynamics:

AW = awr  + pr (e™)" [Diag(R, )] (b, 0)"dt  [6.108]

or
(O dW!, + pirdbdt it m =i

aw@) =3Ol . |

’ dW7, if m=j

where €™ ,m = ¢, is the unit vector, and p;, , m = i,j is the correlation
coefficient defined before. Therefore, the following interest rate process under
()" measure are obtained:

drp(t) = A2 (62" = 1, (£))dt + n 7 (1) AWVED), [6.109]
t>0 med{ij}

with coefficients as follows:

e when m =1

r(Q")

A2 = N + b [6.111]

; A
09 =09, —= [6.112]

A

e when m =3

P = [6.113]
AP =\ 6.114]
09 =0, [6.115]

From now on, let us write () instead of Q' for abbreviation. Moreover, the log-
price of FX rate x;” = InS;”’, t > 0 under ) measure satisfies the following
SDE:

- 1 . . . ‘ 1
da*’ = |(r; — ;) = 5(a’ ~ a’)"(DiagV)(a' —a’) — 5 (i, b)) [Diag(R; ;)]* (bi, —b;)" |dt

+(a’ — a?)T/DiagVAWP"'? + (b, —/) [Diag(R,;)]* AW}, [6.116]
1
t > 0, o = O, 5,
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Obviously, Eq.(6.116) can be written in the following form:

d
. 1 . ) 1
de™ = |ri—rj— 2 E [a;, — AR 5(5%27"1'20‘ + 5]2-7“]2&) dt
n=1

d
+ (af — ) dWEQ + bredW P Y — broaw P [6.117)

k=1

t>0, a=0,

)

N —

Therefore, a system of equations defined on risk-neutral measure Q° is ob-
tained as follows:

d
. 1 , ) 1
de™’l = |ri—r; — 5 Z[a; —alPvy, — 5(()?7“1-20‘ + b?r?a) dt
n=1
d
+ 3 (al, — ad) o dWEQ 4 b d WY — b aw @),
n=1

1
t>0,n=1,...,d, a=0, 3
dvoa(t) = XD — v, (1))dt + /(DAY n=1,....d, t>0;
dr(t) = Na(08 = rm(0)dt + i (DAWT 0> 0 m = {i,j};

with the following correlation structure:

E( w2y Qawri ¥y = 0, n=1,...d,m=1i,j,t >0, [6.121]
E@WEQaw) @) = 0, n#lLnl=1,..,dt>0, [6.122]
E( w2y Qaw @y = p,dt, n=1,...,d,t>0, [6.123]
E( w2y Qawr @y = 0, m=i,jin=1,....d,t>0, [6.124]
E( W2 Dawi @y = p,dt, m=1i,jt >0, [6.125]
E@wr\Qawr, ) = 0, m#m',mm' =i,j, t>0, [6.126]
E(dWE Qaw @y = 0, n=1,...d,m=1i,j,t>0, [6.127]
E(dW,@aws @y = 0, n=1,...d,m=ij,t>0, [6.128]
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6.2.3 The Model Treatment Under Risk-Neutral Measure

In this section, the model are treated under risk neutral measure. First of
all, let us equipped Eqs.(6.118)-(6.120) with the initial condition:

9(0) = i, 6.129]
v,(0) = Do, [6.130]
rm(0) = Tmp, [6.131]

where :if)’j, Un0, Tmo are random variables that are assumed to be concen-
trated in a point with probability one. For simplicity, we identify the random
variables Zy”, Um0, Tmo With the points where they are concentrated. y,,

Tm,0 XkQ, )\g, Vs M UZ(Q), 95{ are assumed to be positive constants. In
addition, Feller condition is considered here, i.e. QXWLQU:L > 1 and Pnfn > 1
k m

Let pf (z,v,1.t, 2,0, ', t'), (z,0,7), (', 0,1) € Rx (R*)4x (R*)2, ¢, ¢ >0,
t" —t > 0 be the transition probability density function under risk neutral
measure () associated with the stochastic differential system (6.118), (6.119),
(6.120), and (6.31). That is, the probability density function having 2’ = 27,
o= (vy,...,up", ' = (rj,7})", given that z = 27 v = (vg,...,09)7,
r=(r;r;)", when ¢/ —t > 0.

In analogy with Lipton (2001) (pages 602-605), this transition probability
density function p?(a:, v,r,t,x’, v ' t') as a function of the ”past” variables
(z,v,r,t) satisfies the following backward Kolmogorov equation:

_§ — % [é(a; —al)v, + bIr?* + b?rf-o‘] % + % ;: YU a;f; - %nfrfa%
‘iéﬁ]z?}za 3;? + gpmv%(an — al)v, aa;gi + pi b ai;]fga - pj,rnjbﬂ?a ;:gi
+gxn(5n - Un)% + Ail0; — 7‘1)% + Aj(05 — Tj)aaif

+ ((n —r)-3 g(a; R G b?r?“)) %? 6132

(2, 0n, 73, 75) ERXRT xRT, 0 <t < ¥,
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with final condition:

pi(tz vt W =t) = 6’ =) [] 60, —rm) - [] 0] —va)

= 6(z' —x)-6(r} —r)o(rh —ry) - [ 6(vh —va)

n=1

Vne{l,...,drandm € {i,5}, (x,vn,rm), (2,0, 7,) ER xR xR ¢ >0,

YV 'm

and the appropriate boundary conditions. The analytical treatment is similar
to Section 6.2.1, and the detail deduction is shown in Appedix C, where the
following transition probability density function is obtained using a suitable
parametrization.

pf(z,v,r t 20 )

m
(2,0, 7m), (20,7 ) ERXRY xR t,¢' >0,t —t>0. [6.134]

Y Vny'm

/ 1 /
= eq(:tfz )2_ / dk elk(x 7x)ch;?(t/ - t?Qa 'U_,, k ’ 61}) ' L?(t/ - t7Z7 r_la k | 67“) )
R CE -

where 1 stands for the imaginary unit. L_?(t’ —t,u,v k| ©,) and L_f?(t’ —
t,r,r', k| ©,) are explicitly known functions given in Eqs.(6.135) and (6.136)
d
which both depend on the product of the modified Bessel functions, || ]ufu
and [[ 1o (see, for example, Abramowitz and Stegun, 1970). I/qun =
me{iyjy " ’
2xvn @ /42) =1 and v, = (M2 /52) — 1 are positive real indices under the
conditions 2yva® /42 > 1 and 209 /n2, > 1.

As mentioned in Chapter 2 and Section 6.2.1, positive indices imply non neg-
ative modified Bessel functions which guarantee that the function p? given
in Eq.(6.134) is a probability density function with respect to the future vari-
ables. Moreover, these conditions guarantee positive values of the variance
and interest rate processes Vt > 0 (with probability one) given that the initial
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stochastic conditions 0, g, 7m0 are positive (with probability one).
d
LE(H —t,u, 0, k| 0,) = HLin(t/ —t, 0,0,k | O, )
n=1

d d
-2 Z X"’U'Z ln(sq,7)n,b/gcqwn)/’7'r21 -2 Z XHU:L(H‘CIW’VL+CQ:Un)(t,_t)/7721
= e n=1 e n=1
d d
{ 2 3 Un(C 2 )30 0m 0/ (R 00n) = 35 My (B b))
. e n=1 e n=1 .

n=1 an

/ l/lla’Un/2

Mg, (U—"> 1, (2Mqvn(@qnv;)1/2)] } [6.135]
/1.] »vn ) b

L2 —trr k0= [[ LO( —trm k] ©,,)

me{i,j}

=2 3 AmOmIn(sqrm 0/2qrm)/Mo =2 3 AmOm(tg,rm+Carm ) (' =) /07,
= e me{i,j} e mée{i,j}

-2 Z Tm((g,rm 7#(21,7‘m)Sqﬂ“myg/(ngnsq,rm,b) - Z Mqﬂ‘m (Fq,m+,’n;*n)
e melii} e melid} .

/ Vg, rm /2
I1 [M (F2) o <2Mq,rm<fq,mm>”2>] } o

me{i,j} e

Furthermore, let us remark that formula (6.134) can be interpreted as the in-
verse Fourier transform of the convolution of the probability density functions
associated with the stochastic processes described by Eqs.(6.116)- (6.120). It
is worth noting that the integrals of LY and L& with respect the future vari-

ables v’ and r’ are given by elementary functions Wi,(qQ) and Wy, ,gQ) when
z=0.

d ,ico
ijgQ) (t'—t, v,k 0,) = H/o dvl, (v),) Ly o(t' — t,vn, vy, k; ©,), (6.137)
n=1

—+00
WA —t,rk;0,) = [] dr! (' VoLt —t, 77" k;©,), (6.138)
mefi,j} 70
Especially, when z = 0, we obtain:

-

= 3 @xZonY A2 (5g,0n,6/2C00m)  — 30 @xF0n D 42) (g,0n +Caon)T
WO —t,0,k:0,) = e e = T
d

en

(21)11(0)/73,,)(43,1)” 7/1‘(21,1)”)8!17”71,7!1/8‘17”71,5

i , [6.139]
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O 1 - X @R/ g/ Karm) — X (CAROR /M) (e +HCarm)T
WD — 1,7,k 0,) =e m<Tn e met) :
- Z ) (27“m (0)/7772n)(<g,rm _Ng,rm)sqwmvg/sq,rm,b
e me{i,j} s [6140]

Let us highlight that formulas (6.139) and (6.140) are elementary formulas
that do not involve integrals. These functions and the function L, , can be
used to get an integral representation formula for the marginal probability
density function, Dﬁq(:c,y, r,t, o’ r' '), of the future variables (2, r’).

d 400
‘D’[;Q’q(aj?Q? E) t? xl?"ﬂ_,? t,) - H/ d/l]/)/’),p?(x7 y? E) t? x,7v_,7/r_/7 t,)
n=0"0

z—x' 1 oo k(' —x z
= ¢l >%/ dk e TTIOWHD (A — t v, k; ©,)LE(H —tr, ' k| ©,), [6.141]

— 00

and for the marginal probability density function, Dq?mq(x, v,r,t, ') 1), of
the price variable x’:

+oo d +00
Dgnq(LQ,Lt,x',t'): H / dr;nH/ dv;p?(:v,y,f,t,m',v_’,r_',t’)
0 200

mefi,j}

! 1 +OO !
= et(@=7) / dk eFEIWEQN Y — ¢ 0, k; @ )WAD (' — t,r,k; ©,) . [6.142]

—0o0

It is worth to highlight that in formulas (6.141) and (6.142) the variables
x, v, r are the initial values of the log-price, the stochastic variance and
the stochastic interest rate respectively. The marginal probability density
function, D, 4, can be used to price European call and put options with
payoff functions independent of the variance process in the framework of
stochastic interest rates. Thus, Dg 4 1s used to deduce formulas for European
call and put vanilla options.

6.2.4 Integral formulas for Vanilla Foreign Exchange Call and Put
Options

Foreign exchange (FX) future (or currency future) is an important futures
contract in derivatives market. The holders of FX future are obliged to
exchange one currency for another at a fixed price (exchange rate) on a
specified date. Thus, the corresponding call and put options on FX future
are popular risk hedging tools in fluctuated FX market. In the framework of
the model (6.117)-(6.128), integral formulas are derived to approximate the
prices of the corresponding European call and put options with strike price
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E > 0 and maturity time 7. This is done using the no arbitrage pricing
theory associated with one of the currencies involved, for instance currency
i. As illustrated in De Col,Gnoatto and Grasselli 2013, the option price
is computed as the expected value of a discounted payoff with respect to
an equivalent martingale measure known as a risk-neutral measure (see, for
example, Duffie, 2001; Schoutens, 2003, Wong, 2006, Grzelak, 2011). That
is, let Sy be the spot price (future) at time zero we can compute the prices
of European call and put options with strike price £ and maturity time T'
as follows:

C(SH T, B, 1(0),0(0)) = EC ((Sé’jew _ E)+> | [6.143]

ejOT i (t) dt

T>0,57 >0, v,(0),n=1,....,d,7,(0) >0,m=1,j, [6.144]

oo mit)dt

. B — Sivj T
P(Sy’, T, E,r(0),0(0)) = E? <( 0 ° )+> : [6.145]
T>0,507>0, v,(00,n=1,....,d,7n(0) >0,m=1,j [6.146]

where (- ), = maz{-, 0}, 7= (r;,7;)", v = (v1,...,vy)" and the expectation
is taken under the risk-neutral measure (). In contrast to physical measure,
another advantage of using risk-neutral measure lies in the fact that it is not
necessary introduce the risk premium parameters.

Please note that v,(0) ,n = 1,...d and r,,(0) ,m = 4, j are not observable
in the market so that we consider them as model parameters that must be
estimated. The numerical evaluation of formula (6.143) is very time consum-
ing. We get a formula to evaluate these prices approximating the stochastic
integral that defines the discount factor as follows:

N T
T —ri(t T _ Te™
o= Jo ridt o TGN T T [6.147]

Roughly speaking, formula (6.147) has been obtained approximating r; as a
suitable weighted sum of short rate r; at t = 0 and ¢t = T'. The choice of these
weights is inspired by the analytical expression of zero-coupon bond given in
Eq.(3.40). As shown in Section 3.4, this approximation works well also for
long maturity. Furthermore, the use of formula (6.147) allows us to reduce
the computation of the option prices to the evaluation of a one dimensional
integral.
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In fact, let p?(x,y, ot ' ), (e, t), (2,0, 1) t) € RxRT X RYXRT,
t,t' >0, 7=t —t >0, be the transition probability density function of the
stochastic process described by Eqs.(6.117)—(6.128). Using formula (6.134)
for p? and (6.147), we obtain:

. —ri(0) T [T L,
Ca(Sy?, T, E,r9,v9) =€ i(0) Tox / dr' e™ (Sg’e® — E)
- In(E/S57)

+o0 o TN T +oo
/ dT;e Pt T / dT;Dv«)a@» To, Oallvﬂla T)? [6148]
0 0

Se T, E>0, ro=(r:(0),7;(0)" € R**, vy = (03(0),...,04(0)" € R™, ¢ > 1,

i ri0) B [TES) , o
Pa(Sy", T, B rg, vg) = e 058D / da' e (E - Sg'e)

—00

+o0 . TN T +00
/ drie = (+eMi®) / dr;Dv(O,@, 79,0, o' T), [6.149]
0 0
Sé’ja T7 E>0 »To = (T1(0)7TJ<O))T € R+27 Yo = (U1(0)7 s 7vd<0))T € R+d’ q< _1’

where D, is given in (6.141). Choosing ¢ > 1, we obtain:

y gid q—1—1k
o s sy’ (%)
dr' e” 1% (Sy7e” — B)e' ™" = J[6.150
/111(13/55’1) (5o ) —k? —(2¢— 1)1k +q(q—1) | |

and choosing ¢ < —1 we obtain:

y ig (s \IT
ln(E/Séy]) / ) J , b SO’] (%)
da' ™1 (B — Sy’ e )t = 0101
/_oo et 0'e" e —k2—(2q—1)2k+CJ(q—1)[ |

In addition, the following formula holds (see Erdely et al. Vol I, 1954, p. 197
formula (18)).

@

/ t%I,,(Qa%t%)e’p'tdt = azpler, [6.152]
0
and this implies the following equality:

(2

+oo
/ d?“/ (r/)l/ri/z ef(Mquﬁ*b)r’[llri (2Mq7” (fq,i'r:;)l/2>
0

(Mq,r)%7g.i

— (M) 7 (Mg, + )7 e B pe R, [6.153)
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Now using the expression of D, given in Eq.(6.141), and Eq.(6.153), (6.150)
with ¢ = 2, we obtain the approximation C4 of the call option price C' given
in (6.143), that is:

oo\ (1—2k)
y (0 — TSP e K
Ca(Sy’, T, E’@vﬂ) —e e L/ dk WO(Q)(t’ —t,v, k:,@)

21 ) —k?— 3k 4221
vro 41 reri T Mq,riTq,i
M. i <1+E/\iT)< T T )
W”?((ZQ) (t/ — t; T? k’ @) qﬁ‘,}e)\iT e Ma, Z+1+6Ai T , [6154]
Mo + 155

n=1,...,dm=147, (2,00,7m), (@, 0,1 )ERXRT xRt t,'>0,t' —t>0,q=2,

YV 'm

Proceeding in a similar way, we obtain the following approximation, P4, of
the put option price P:

.\ —(3+2k)
S’
i 0SSy [ E 0Q) (4
PA(Sy?, T, E,r9,v0) =e¢ A+eti D) — dk——————W/ (' —t,v,k;0,)

21 Jooo  —k% 4 51k 4 621
ve +1 Teti T Mgq,riTq,i
M, .. ‘ <1+e’\iT)( TN T )
WB((]Q) (t/ - t) T? k’ @7‘) < ks X T > (& qu‘ Z+1+eAiT , [6155]
2 — M. .. + Te 2
O 14eri T
n=1,...,dm=147, (2,00,7m), (@, 0,1 JERXRT xR t,'>0,t' —t>0,q= -2,

Taking the limit a*/ — 07, \,, — 07, n, — 07 in Eqgs.(6.154) and (6.155),
we derive the following exact formulas for the price of the European call and
put options of the Heston model:

CH(S(Z;].? T, Ev To, m)

2T —k2 — 3k + 2 kL
n=1,....dm=147, (T,00,7m), (@ 0,1 )ERXRT xR ¢, >0, —t>0,6350]

YUy 'm

i (1—2k)
(i) ks (O)T
t,j  ptoo E

— 00
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PH( (i)’j7T7E7T_07%>

ij —(3+1k)
. (S—OJ> e—zkri(O)T
e o S5 [ L WO —t v,k ©,), [6.157
=e e 271' —k2+5lk+6 v,q ( » U, a_r>> [ . ]

n=1,....,d,m=147, (z,v,,7,), (& v, )R xR x RT,
b >0, —t>0,9= -2,

—0o0

It is worthy of note that the integrand functions appearing in formulas
(6.154)—(6.157) are smooth functions whose integration do not require a spe-
cific care. This regularity is due to the specific approach used to derive them.
The future study will focus on the application of this theoretical model. This
includes the simulation study to compare the performance of different models
in interpreting real data.
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7 Appendix

7.1 Appendix A: The Analytical Treatment Of The
HCIR model

In Appendix A, Let us derive an integral representation formula for the tran-
sition probability density function of the process described by Egs.(3.19)-
(3.21) and initial conditions (3.23). In addition, we deduce the moments of
the price variable and the mixed moments. As mentioned in the Chapter 2,
we assume that v, x, A, v, n, v*, 0 are positive constants and that QX” > 1

and 27;\9 > 1.

Note that since the coefficients of the Kolmogorov backward equation (3.24)
and condition (3.25) are invariant by time translation and log-price transla-
tion, the function p; can be expressed as follows:

/ 1 /
pr(x,v,rt, ' o' ) = ell@—2 )2— / dk e (@' =2) f(rv, o' ' k),
T JRr

('U,T‘), (Ulvr,) S R+ X R+, k c R, T > O,q € R [71]

The representation formula (7.1) for the transition probability density func-
tion py depends on a ‘regularization’ parameter, ¢, which plays a crucial role
in deriving explicit formulas for option pricing and conditional mixed mo-
ments. Substituting Eq.(7.1) into (3.24) , we obtain that the function f is
the solution of the following problem:

af K ) 1, 0°f 1, 0f N o Of
E———wvm r)f + 7v62+§77 Tarz+[(—Zk)wp,vv+qu,vv]%
of N N of
+ (=2 k)npp X + qn pp 27 5 + x(v v)(% + A0 —7) o
v ~ ~ T
+ [5 (((f —q)p —1k(2q — 1)¢> +3 ((¢* — ) + 29 — 1 k((2¢ — 1)Q* + 2))} f
(k,v,7) ERxRT xRT, 7>0,¢g€R [7.2]

with the initial condition:
fO0,v,r 0" 7" k) =6(v —0)d(r' — 1), (v,r),(V,7") € Rt x RT, k € R, [7.3]
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7. APPENDIX

where ¢ is given by Eq.(3.22) and Ppw 1s given as follows:
Ppw = Ppv+ A . (7.4)

Now let us represent f as the inverse Fourier transform of the future variables
(v/,r") whose conjugate variables are denoted by (I, ), that is:

1 +OO / +OO !
f(ro,r 0 r' k) = —/ dl v / dé et g(t,v,r k1, €),

(21)% J o s

(v,r) e RT x RT, (k,1,§) eRxR xR, 7> 0. [7.5]

It is easy to see that the function g satisfies Eq.(7.2) with the following initial
condition:

g<07 v? r? k? l? 5) = 671{T672lv7
(v,r) e RT x R, (k,1,§) e R x R x R. [7.6]
The coefficients of the partial differential operator appearing on the right
hand side of Eq.(7.2) are first degree polynomials in v and 7 so that we seek
a solution of problem (7.2), (7.3) in the following form (see Lipton 2001):
g(T, v, T, ]{Z, l, g) — eA(T,k,l,g)efv BU(T,k,l)efr BT(T,k,£)7
(v,r) e Rt x RT, (k,[,§) eRx R xR, 7> 0. [7.7]
Substituting formula (7.7) into Eq.(7.2), we obtain that the functions A, B,

and B, must satisfy the following ordinary differential equations for (k,(,&) €
RxRxR,7>0:

dA

E(T, k,1,§) = —=X0B.(1,k,&) — xv*By(1, k, 1), [7.8]
dB, ~ ~ 7 e

dT (7—7 k? l) = @q(k)w - (X + (Zk - Q) prp,U)Bv(TJ ka l) - ?BU(TJ ku l)7 [79]
dB,

(r. 7€) = 0y (R 41k — g — LBk, €) = (A (0 — )2 ppo) By (7, k).

dr 2
[7.10]

with initial conditions:
A(0,k,1,6) =0, By(0,k, 1) =11, B.(0,k,&) =1&, (7.11)

where ¢, is the quantity given by:

Kk 1,
wo(k) = 5 +l§(2q -1)— §(q —q), keR, (7.12)
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and the quantities 1, 5, are given by (3.22) and (7.4) respectively. Eqs.(7.9)-
(7.10) are Riccati equations that can be easily solved by substituting their
solutions into Eq.(7.8) and integrating with respect to 7 in order to obtain
A.

Let us solve Eq.(7.9), and the solution of Eq.(7.10) can be obtained analo-
gously. We seek for the solution of Eq.(7.9) in the following form:

2 L0,

BU<T, ]{5, l) = ?Tv (713)

Replacing (7.13) into Eq.(7.9), we obtain C,:

l2
C’U (7'7 k7 l) = e(#q,v+@1,v)7’ Sqw.b Lkl PR s [714]
2Cy0
where ftg., (g0, Sq,g: Sqvp are given by:
1 -
Haw = =5 (X + (k= a) 7 Bp), [7.15]
Lr o 2 712

Coo = 5 |02, + 22704 (0)0] 7.16]
Squg = 1 —e 20T, [7.17]
Sq,’U,b = (Cq,v + /"Lq,'U)e_QCq’vT + (Cq,v - Mq,'l))? [7']‘8]

and the quantities ¢, pp.» in (7.15) are given by (7.12) and (7.4) respectively.
Substituting Eq.(7.14) into (7.13), we obtain:

2 2 72
(( qv /Lq,v)sqw,g + ot l Sqmd)

2
B,(1, k) = = , 7.19
( ) o Squb T 1 l%sqﬂ,’g (7.19)
where s, 4 are given by:
Sqwa = (G = Haw)e T+ (G + fg)- [7.20]
The solution of Eq.(7.10) is obtained analogously:
2
2 %OT’ 2 <( 3,7‘ - /’Lg,’r)sqﬂ‘)g + %Zg Sq,T‘,d)
BT(T, ]{7,5) == A == ) > y (721)
G Sard + 165 Sqrg
where (. is given by:
2
Sgrp F 2818, ,
Co(r, k1) = olBartCor)T | 240 25 2 °9 79] ‘ [7.22]
q,r
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and the quantities pg,, C4r, Sqrgs Sqrp are given by:

1
Pgr = ——(/\ + (k—q)nQpyr), [7.23]
1 1/2
Cor = ) [4/%7‘ + 277 (@q(k)Q —q+1 k))] / [7.24]
Squrg =1 — e 2T, [7.25]
Sqrb = (Cor + Nqﬂ‘)eixq'” + (Car — Har), [7.26]

where the quantity ¢, is given in Eqgs. (7.12) while s,, 4 is given by:

Sord = (Car = Har)e 2T 4 (G + fgyr)- [7.27]
Let us carry out the final steps of the computation. From Eq.(7.8), we obtain:

2 2
X” InCy (7, k, 1) — nielnc (r,k, ), (7.28)

AT, k1 §) = —

so that we obtain the following expression for the function g (see Eq. (7.7)):

g<7—7 /U7 7/., k? l? 5)
-2 I Cy(rkl) =2 SR (rhD)/Co = 2 I Op(Thg) -~ 25 GE8 (h£)/Cr

= € ,

(v,r) e RT xR, (k,,§) eRxR xR, 7> 0. [7.29]

Finally, in order to get an explicit expression for f (see Eq. (7.5)) we have
to compute the following integrals:

1 —+00 , 72v*n . v dCy [,
Ly (10,0 k;0,) = 5 / dl etV o™ oz ROkl = 3 G kDG [7.30]
T

1 +oo ;226 O (r 27 4O
Lyg(r,7, 1" k5 0,) = 2—/ de €7 e MO T S Tk A/Cr g 3y
T

o)

Let us show how to compute the integral in Eq.(7.107). The integral in
Eq.(7.31) can be obtained in a similar fashion as Eq.(7.107). Using the
explicit expression of C, of Eq.(7.14)) in Eq.(7.107) and the change of variable
' = —540.4(7*/2)l/$q0p and formula n. 34 on p. 156 in Oberhettinger 1973
we obtain the final expression of L, 4

Lv,q(Tv v, U/7 ka @v)

— o~ @0 /¥*)[In(sq,0,6/(260))+(ka,0+Ca,0)T] o= (20/Y*) (0= HG,0)Sa,0.9/ g0 .

vy /2
M,, (3) e~ MavOe=Mat' 1 (ON (5,02, v,0' >0, k €R, [7.32]
Uq
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where I, is the modified Bessel function of order v (see, for example, Abramowitz
and Stegun, 1970), v, = 2yv*/7* — 1, and M,,, ¥, are given by:

2 -2 2 2
M 2 squp . AGGve T M, g, = S Save o
o D g AT 8 759
T Squ,g Sq0.b T* Squ,gSqub

Arguing similarly, from Eq.(7.31) we obtain:

LT,q(Ta r, Tl? ka Qr)

— o~ (@2A0/m?)[In(sq,rb/(2Ca,r))+ (Ba,r +Ca,r)T) o= (27 /0?)(CG r—1G 1 )5a,m./Sa.rb

/ Vr/2
My, (7:—) e~ Marfae=Mart" [ (OM, (7" \/?), 7,7 >0, k € R, [7.34]
T

q

where v, = 20\0/n* — 1 and the quantities M, ., 7, are given by:

2 —2 2 -2
M 2 Sq,r,b B 4Cq,’l“/r€ Cq,rT M ~ 8 <q7rr€ Cq,rT
aor = 5 o Tqg = 2 y MgrTqg = — [7.35]
n S‘LT)Q Sq,?“,b T] qurvgsqﬂ"b

Finally, using (7.32) and (7.34) in formula (7.5) and then in (7.1) we obtain
formula (3.25), that is:

pf(% v, T, t7 xla 'U,7 TI) t,)
6(](1‘727/)

—+00
= / dk eZk(x/_z)Luq(t' —t, 0,0, k;0,) Ly (' =t 7" K ©,),

2 e
(z,v,7), (@0, r) eERXxRT xR £,/ >0, ge R, ¢’ —t>0. [7.36]

As explained in Section 3.2, the parameter ¢ is a ‘regularization’ parameter
whose choice allows us to explicitly compute some integrals appearing in the
formulas of the moments/mixed moments and option prices. In fact, using
formula n. 18 in Erdely et al. Vol I, 1954, p. 197, we obtain:

+0o0
Wy (' —tv,k;0,) = / dv' Ly 4(t' — t, 0,0, k;©,) =
0
e~ ln(sq*”vb/(%qv”))/'y?6*2X”*(Cq,vJF#qw)(t/*t)/WQe*@”/%)(&?,u*Ng,v)sq,v,g/sq,u,b’ [737]

and W), is the function given by:

“+oc0
qu(t’ —t,rk;8,) = / dr' L (t' —t,r, 7" k;©,) =
0

o 200,10/ ()1 =200 Cabita, ) U~/ = /)Gt sairaSurs | [7.38)]

155



7. APPENDIX

Furthermore, using Abramowitz and Stegun 1970 p. 375 formula n. 9.6.3, p.
486 formula n.11.4.28, p. 505 13.1.27, p. 509 formula 13.6.9 we obtain:

“+o00
quff](t’ —t,0,k;0,) = / dv' (V)" Ly (' = t, 0,0, k;©,) =
0

1 I'im+1+w) m! ()

W2 (t' —t,v,k; 0, — L
B T L VO

+oo
Wyt -tk ©,) /o L., —t,rr k0O, =

1 F(m +1+v.) m! (o)

0 (4 :
qu(t t7 r, k? @ )(M )m F(VT + 1) (VT -+ 1)mLm

(=M, g7y) , [7:40]

where L) is the generalized Laguerre polynomials (see Abramowitz and
Stegun 1970 p. 775), m! is the factorial of the integer m (i.e m! = [, 7)

and (V) = [[;2, (¥ +j — 1). The explicit expression of LY is given by (see
Abramowitz and Stegun 1970 p. 775):

Y = m+v\ 1
L (y) =) (-1 ( _j)]'y y > 0. (7.41)
7=0

Substituting Eq.(7.41) into Eqgs.(7.39) and (7.40), we deduce the following
elementary formulas:

W;{;(t’ —t,v,k;0,)

Fm+1+uw,) L (m v\ 7 i
=W° (' —t,v, k0 Y E v 2 (pp \Gmm)
'u,q( » Uy ’_v) F(l/v 1) Vv 1 s ( ) ( )

Wit —t,r k;©,)

Cim+1+wv,) L mA v\ T i
= W2 (t' —t,rk;© r) D)=L (M, )T
r,q( Ty 7_7~) F(Vr 4 1) Vr + 1 ]Zl ( ) 7¢I>

[7.43]

Using Eqs.(7.37)—(7.40) and the definitions of the marginal distribution and
of the moments with an easy computation we obtain formulas (3.28), (3.29),

(3.31), (3.33), and (3.32).
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We conclude Appendix A with some comments on the existence of the mo-
ments. Formula (3.31) shows that the existence of the moments is guaran-
teed when (;,,(0), G (0) (see formulas (7.15)-(7.16) and (7.23)-(7.24) are
real numbers. It is easy to see that sufficient conditions for the existence of
E(S]’), m=2,3,..., are:

X—74A 1
A<1 v < - — — Dy(2xA — A2y +myy), [7.44

A>2-Q)n, ppr < A L\/mvz((m —1)Q2+2). [7.45]

Finally, formula (3.31) provides the moments of the price variable of the
Heston model in the limit Q — 0%, n — 07 and A — 0", that is:

MHE(S v, r t,t') = S™ emr(tl’t)Wﬁm(t’ —t,v,0;0,),
(r,0) ERX R £t >0,t' —t>0. [7.46]
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7.2 Appendix B: The Analytical Treatment Of The
HHW model

In Appendix B, let us derive an integral representation formula for the transi-
tion probability density function of the process described by Eq.(5.18)-(5.20)
and first of all we equipped equations (5.18)—(5.20) with the initial condition:

Ty = Ty, [7.47)
vy = U, [7.48]
ro = T4, [7.49]

where x5, v(, r§ are random variables that we assume to be concentrated in a
point with probability one. For simplicity, we identify the random variables
x5, vy, ry with the points where they are concentrated. We assume v, x, A,
v, m, v*, 6 to be positive constant. Moreover we assume ?‘—f > 1.

Let p(z,v,r t, 2", 0 0" ), (z,0,7r), (2, 0',7") € R x RT x R*, ¢, ¢ > 0,
t —t' > 0 be the transition probability density function associated with the
stochastic differential system (5.18)—(5.20), that is, the probability density
function of having zy = 2/, vy = V', ry = r’ given that x;, = x, v; = v,
ry = r, when ' — ¢ > 0. This transition probability density function
pr(z,v,rt, 2,0 1 t') as a function of the “past” variables (x,v,r,t) sat-
isfies the following backward Kolmogorov equation:

Ops 1= 00 Opr 1, Ppp 1 ,0% 0’py
_%r _ 2 - - A
o~ W )G Y v g g Tt Mg,
O py Opy Ipy Lo o2y 9ps
QOZPL )P a2 02y ) 2
+77pp,7‘ axar + X(U U) av + ( T) ar + (T 2(¢U + )) 81’ )
(r,0,r) ERXxRT xRT, 0<t<t, [7.50]
where 1) =1+ A% 4 2Ap,.,. [7.51]

with final condition:

prlx v, it o ' ) =6(a —2)d(v — v)d(r’ — 1),

(x,v,7), (2/,0',7") e R x RT x RT, ¢ >0, (7.52)

and the appropriate boundary conditions. Letting 7 = t'—t, we can introduce
the function p, defined as follows:

/ / N / / / /
pb(T,£L'7'l},T,ZE,U,T) —pf([L','U,T,t,I',U,T,t),

(.T,’U,T), (x/7v/,rl) € R x R+ X R+, t/ =t+ T, T > 0. (753>
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The representation (7.53) holds since the coefficients of the Kolmogorov back-
ward equation and condition (7.52) are invariant by time translation. Using
the change of the time variable 7 = t — ' and equation (7.50), it is easy to
see that p, is the solution of the following problem:

oy _ *py 1 azpb 5 0%y *py
a (¢"‘ >62+ 82+27782+7pvaa
82 % 8 8]71, 2 8]?1,
e B (07 = )4 A0 - 4 (v G0+ ) 2,
(r,v,7) ERx R x RT, 7> 0, [7.54]
with the initial condition:
(0,2, v, 2" 0" ") = 0(2" — 2)d(v —v)do(r’ — 1),
(z,v,7), (2,0, 7") € R x RT x RT, [7.55]

and with the appropriate boundary conditions. For later convenience, we
consider the following change of dependent variable:

(z—2')

po(T, 2,0, 2 v ") = el po(Ty v, 2 0 '),
(v,r),(V,r") ERT* xRT kER, ge R, 7>0. [7.56]

Substituting (7.56) into (7.54) and (7.55), it is easy to see that p, is the
solution of the following problem:

Ipq L /- 2 82pq L, aQPq 1 282pq ~ aQPq
Yq _ — 02 24t Z.2,7 ey g

o7 (W”‘ >&ﬂ+27”&@+2"aﬁ+ﬁ%ﬂﬂwv+

3p . _ ,0p Jp
0oprS2 5oz (" = 0) + 0 a7 fpa] 5 1+ MO = 1) + anpp, 2 52
1 Ipq Vo 7,1, 2

+P+2(q—Dw+ (2q —DQ]8$+{W+201—®w+2w-—®Q Pg>

(r,v,7) ERxRT x RT, 7 >0, [7.57]

with initial condition:

pg(0, 0, 2’ W' ') = e a(@=2) (' —x)o(v —v)o(r' —r),
(z,v,7), (2, 0',7") e R x RT x RT, [7.58]

Now we consider the following representation formula for p,:

1 /
pq(Tv x,v,r, ZL'/, U/a ’I“/) = 5 / dk 6Zk(x ) f(7—7 v, T, U/a ,,,,/’ k)a
2'/T R
(v,7), (W, 7') ERT xRT, k€ R, 7 > 0. [7.59]
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This is possible since the coefficients (7.54) and the initial condition (7.55)
are independent of translation in the log-price variable. Substituting (7.59)
into (7.54), we obtain that the function f is the solution of the following
problem:

of K op, L, 0 1 ,0% i . of

g———w v+ Q)+ 57 v 4 o0 5 + (1) + 4] 5
) NN

"‘[(_Z k)npp,rQ +q77pp,rQ] or +X(U U) v +)‘<‘9 T) or

v ~ ~ 1
+ {5 ((@12 —q) —1k(2q — 1)¢> + (g —h)r + 5 ((¢" = 99 = 1h(2g = D% | f
(k,v,7) ERxRT xR, 7>0,¢g€R [7.60]
with the initial condition:

F0, 0,7, 0" v k) =60 —0)d(r' — 1),
(v,7),(W',7") e RT xR, k € R. [7.61]

Now let us represent f as the inverse Fourier transform of the future variables
(v',r") whose conjugate variables are denoted by (I, §), that is:

f(rv,rmd' r' k) B /dl u’ /dﬁezgr T, 0,1,k 1, E),
)2
(UT)GR+XR(I€,Z,§ ERXRxR, 7>0. [7.62]

It is easy to see that the function g satisfies Eq.(7.60) with the following
initial condition:

g(0,v,7, k,1,&) = e tére v, (7.63)

(v,r) e RT xR, (k,[,§) e RxR xR, 7> 0. '
Please note that ¢ is the Fourier transform with respect to the future vari-
ables (v',7") of the function obtained by extending f, as a function of the
variables (¢v/,7), with zero when v' ¢ R™. The coefficients of the partial dif-
ferential operator appearing on the right hand side of (7.54) are first degree
polynomials in v and r so that we seek a solution of problem (7.60), (7.61)
in the form (see Lipton, 2001):

g(T v. T k)[)g) _ eA(T,k,l7§)e—UBv(T,k,l)e—TBr(T,k,§)7
(v,r) e RT xR", (k,,§) eRxR xR, 7> 0. [7.64]
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Substituting formula (7.64) into equation (7.60), we obtain that the functions
A and B,, B, must satisfy the following ordinary differential equations:

Z—A(T,k,l,f) = —ANOB.(1,k,&) — xv*B,(7,k,1) + (—gpq(k)§22
-

2
HOE— 0Bk ) + B 0.9))

2
= —<,0q(/€)Q2 — [N — (vk —q)Q2pp.n)| B (1, k, &) + 77—BE(T, k,&) — xv*By(T, k, 1)

2
(k&) ERXR, 7>0, (kL&) ERXxRXR, 7> 0, [7.65]

dB, - . 2
dr (7—7 k:7l) = Spq(k)w - (X + (Zk - q)’ypp,v)Bv<7_7 kal) - %33(7—7 kJ)?

(k,)) ERxR, 7>0, [7.66]

dB,

?(Tvkag) = (Zk - Q) - )‘Br(Ta k7§)

(k,6) ER xR, 7 > 0, 17.67]

with initial condition:

A(0,k,1,8) =0, By(0,k,1) =11, B.(0,k,§) =1,
(k,1,§) e Rx R xR. [7.68]

where ¢, is the quantity given in (7.12) and ¥, j,, are given by (5.21) and
(7.4) respectively. Firstly, equations (7.67) can be solved:

k — k —
By(r,k, &) = (16 = BT ) e 21 7.69]
A A
Secondly, Eq.(7.66) is Riccati equations that can be solved elementarily by
substituting their solutions into (7.65) and integrating with respect to 7 to
obtain A. We seck for the solution of Eq.(7.66) in the following form:

2 L0,

B,(1,k, 1) = = .
(r. k.Y v Cy

(7.70)

Replacing Eq.(7.70) into Eq.(7.66), we obtain that C, must satisfy the fol-
lowing problem:

d*C, dc, ~?

7z + (k=) 7 Ppo) —— = (k)0 =0, (7.71)
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with initial conditions

dc, o

Co(0, k1) = 1, 0.k, D) =1L, (kD) eRxR (7.72)

T

Please note that Eq.(7.71) is a second order ordinary differential equation
with coefficients depends on 7 so that is solution is given by:

ﬁ
Co(r k1) = eliatanrr | Sandt 20y Sang | 7.7
2040
where
1 -
Hgp = _é(X + (Z k — Q) g pp,v) [774]
Lr o 2 Y2
Guo = 5 |42+ 29%0a(R)0] 7.7
Squg = 1 — € 20T, [7.76]
Sq7’li,b = (Cq,'U + /‘quU)e_chva —"_ (Cq,'U - Mq,'U)' [7’77]
where ftg.0, Cgvs Squ.gs Sqwp are given in Eqgs. (7.74)—(7.77). We have:
dC,
?(T; ka l) - e(Mq,’u+<q,U)T .
2 2
(Nq,v - Cq,v)(ﬂq,v + Cgv — 772 l)e_%q’ﬂ + (,Uq,v + Cq,v)(Cq,v = Pgov T 772 )
2Gq
6(“Q7U+CQ7U)T 72
= € = e )suos + 1T 5gna). 778
q,v
where s, , 4 are given by:
Sqv,d = (Cq,v - qu,v)e_ch’” + (Cq,v + qu,v)- [7.79]

Substituting Eqs.(7.73)—(7.78) into (7.70), we obtain:

2 2 2
2 (( v M ,U)S U, + Guls 7Uad>
By(r k1) = =0 en vt 2 B [7.80]

2 72
v Squb T Zl75q,v,g

Let us carry out the final steps of the computation. From Eq.(7.65), we
obtain:

dA 9 n*
_(Ta ka l>f) = _QDq(k)Q - [)‘9 - (Zk - Q>QPP,T77]BT(Ta k,f) + EBr (Tvk,g)

dr ‘
xv* Cy(1, k, 1)
_9 ARV
v Cy(T, k1)
—_———

In Gy (1,k,1)

[7.81]
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By integration both sides of the equation, we obtain

AT,k 1,€) = —p (K)PT — [N — (1k — q)Q ppp1] /OT B.(1,k,&)dr

1, [ :
+5° / Bf(T,kz,g)dr—2>$; InC,(r,k 1)+ CSTA  [7.82]
0

where
/ B,(r, k,&)dr = / {(zé ey ] q} dr
0 0 A A
k —q.—e N ik —gq
= — T1 )
3 S ) St Tt CS [7.83]
P A (e e e
0 0 A A
k+1q ,—e 2T k +q k4aq, —e
— (= 9 _
[(5 SN W W R W
(k +1q)°

and CSTA, CST1 and CST2 are constants. Substituting Eqgs.(7.83) and
(7.84) into (7.82), we can obtain:

A(T7 k, l,f) = _90!1<k)927— - P\Q - (Zk - q)Q pp,ﬂ]] -1 |:(§ — k+g —e M k+ ZqT:|

LD WY

1, k+1g.,—e 27 k +q k+1q. —e > (k+aq)?
_Z _ ) _

N K s e s e s wl Ul wt A e S Ve
—2X; In Cy (7, k, &) + CSTA2 [7.85]

where CSTA2 is also a constant with combination of CSTA, CST1 and CST2
multiplied by parameters ©, := (A, n,0,€, p, ). Considering initial condition
Eqgs.(7.68) and (7.72), we could obtain CSTA2 analytically. Moreover, we
could reallocate the components of CSTA2 into polynomials in 121(7', k, &)
defined as follows:

A7,k 1,€) = A(r k, &) — 22 1 €y (7, K, 1)

2
where

i E+wg. l—e ™ k4

AT, k1) = =g (F)PT — [N — (1k = q)Q pyem] -2 | (€ — A\ q) A\ + A qT]
1, k+1q.,1—e 2 k +1q k+1g. 1—e?  (k+q)?

—_—— P 2 _ )
K0 L s ey S wl U Wt e v B
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Substituting Eq.(7.85), B, and B, into (7.64), we obtain:

g<7_’ v, T, ]{?, l, 5) — eA(T,k,l,E)e—v BU(T,k,l)e—'f' Br(’r,k,ﬁ)7

= VeThl) g (r k). [7.87]

(v,r) ERT xR, (k,[,§) e RxR xR, 7> 0.

where
2xv* 2v dC,
U, (7, k,l,v) = — " InC,(7, k,1) — ? ?(T, k. 1)/C,, [7.88]
U, (1, k, &,1) = A(T,k,€) = 7 By(7, k, €) [7.89]

Firstly, we concentrate on the function W, (7, k, ) given by:

\Ijr(Tu ka §7T) = QO(Ta k7T) + Ql(Ta ku T) ’ 5 - Q2(T) ’ 52

where

_k+zq1—e*’\7+k5+zq
A A x

k41g\°1—e 2 k41g\°1—e ™ k+q\’
n -2 + T
2 A 2\ A A A

, <k’4}-\lq) (1—e ) r

QO(T? k,r) = _90q<k)927 - [)‘9 - (@k - Q)Qpp,rn] ot [

L,

1k — 2 ik — 2

= — (k)T — g < S q) (1 —Wy(1)) + % ( 3 q) (1 —2Uy(7) + Ws)
—(tk — @)Wy () r [7.90]
with
1 — 67m)\T
U, (r)= ——, =1,2,... 91
=" m 7.91]
fgr = A0 — 1k — q)Qppm [7.92]

Let us define Qo(r, k) as follows:

~

Qo(T, k) [7.93]

= — i, (K)PT — pigr (’k; q> (r — Wy (7)) + ’7; (’k; q)g (7 — 20, (7) + Uy)

Thus, Eq.(7.90) can be written as
Qo(r, k, 1) = Qo(1, k) — (th — q) T (1) 7 [7.94]
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1 —e
Q1 (1, k, 1) = =[N — 1k — @) ppr1] (T)

E4+awg\ [1—e?™ 1—e B
2 - —1e T 7.95
+7 ( 3 > [ o 3 e Tr [7.95]

Moreover, let us define Qy(7, k,7) := 1Q1(7, k, 1)

~ _ e—)\’r
Qu(rihr) = 0= 1k = )] ()

P <zk—q) {1 —e M1 e‘”] R

A 2\ A

= 1gs U1 (1) + 1 (Zk; q) (\1/2(7) - qfl(T)) v e [7.96]

Let us define Q4 (T, k) as follows

Q) =y i)+ 7 (ST () - v [ro
Hence, we obtain
Qi(1 k1) = Qi(1, k) +re ™7 [7.98]
2] _ =27 2
Q2(7) = %% = %%(T) [7.99]

In order to get an explicit expression for f, that is the inverse Fourier trans-
form of g with respect to the variable v and 7/, we have to compute the
following integrals.

1 +oo /
L’Uvq(T7 v, 'Ula k:a @’U) = 2_ / dl ezlv e\pv(T’k’l’U) [7100]
T J -0
1 oo /
L'ryq(Ta r, Tl? ka Qr) = 2_ / df ezﬁr Q\IIT(T’k’g’T) [7101]
T J -

Let us focus on Eq.(7.101)

1 +00 )
Ly (r,rm 7" k;©,) = — / dg &7 Wk )

21 ) _ o
1 +oo ) ,
- er(T,k,T) / dg 6Q4(T,k,r,7‘ YE—Qa2(T) € [7102]
2T e
1 fpya Q(rkira!) o0 —Qa(r) [57 Q4(T,k,r,r/):| 2
=5 @ (TR 50,5 / dée 20 [7.103)
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where
Qu(7, kv = Q (7, k1) + 10’ [7.104]

Thanks to Gaussian Integral (with complex offset), we can obtain the inte-
gration part analytically.

t0o oo el @atzkrn]?
/ dt e Q2( ){5 2Q5(7) } _ Q;T) [7.105]

where (Q2(7) > 0, and substituting Eq.(7.105) into (7.102), we obtain:

(or' + Q1(7, Kk, 7))?
1 Qo(r.k,r)+
Lw(T, o, k;©,) = ———=c¢ 4Q2(7)

24/ mQa(T)
r’ — Ql(T, k, r))2

1
Qo(m,k,r)—=
1 ' 2( 2Qx(7)

B 2/mQx(T) ‘

Furthermore, in order to get an explicit expression for f (see Eq. (7.5)), the
following integrals should be computed analytically.

[7.106]

1 oo ;2 o _ 20 dCy (,
Lv,q(T,U,Ul,k’;@v) o / dl ezlv e ﬁz In Cy(7,k,1) e 2 dr (1,k,1)/Cy [7107]

=5 N

The integral in Eq.(7.31) can be similarly computed. Substituting Eqs.(7.14)
and (7.78) into Eq.(7.107), and using the change of variable I’ = —s,, ,(v*/2)l/Sq.0.,
i.e.

3 ( tiv - :ug,v)sq,v,g +l Sq,v,d72/2
’72 Squb T 1 l Sq,v’gy2/2
2 Sq v,g 2 2 , 8C2U€72<q,v7
=5 G = Hge) = | =57 7.108
Y2 8q v,b( “Y Mqﬂ) ! 1—20 ’ [ J

we obtain L, , as follows:

Ly o (1,0, k;0,) = 1 M, e~ 1000/ 200+ a4 Ga))

27
t+oo (Vqwoq)el!

e—(2u/72)(Cg’v_#g’v)sq,v,g/sqmﬁ/ dl/e—(zl’)Mq,ve—@xu*/'y?)ln(l—zl/)e T ’[7'109]

—00
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where qu, U, are given in Eq.(7.33). Now, using formula n.34 on p.156 in
Oberhettinger 1973, we obtain the final expression of L, 4:

L (7‘, v, Ul, k" @v) = e_(QX”*/’YQ)[ln(sq,v,b/2Cv)+(Nq,v+Cq,v)T] 6_(27)/'72)@3,11_“g,v)sqvvvg/sqw,b .

v?q
~ ~ _Vv/2 ~ V'U/2 ~ ~ ~ / ~
Mq,”L) (Mq,vﬁq> (Mqﬂ;v,) e—Mq,q;”Ue—Mq’v'l) va (2Mq,v(1~}q7j,)1/2),
v,v' >0, k € R, [7.110]
where v, = 2xv*/y* — 1. Let us focus on W (t' —t,7,k; ©,) as follows:
+o00

W;Z(t/ —t,rk;0,) = / dr' (r™) L, (T, ' k; ©,)

—00

1 (T’ — Q1<T, k,r) ’
Tk, 1 e ’(m _5 2Q (T)
— QO( 7k7 )— 2
e NG /_Oo dr’' (r)e ., [7.111]

where

1 (r’ — Qu(7, K, r))2
2 2@2(7’)

_ /+Oo dr' (r)e
2/ Qa(T) J o
is the moment of normal distribution A (Q1, 2Q5). Therefore
1 1 Q7 k,r)?

m (4 . — QO(T:]C:T) m _ m —_— -
W —t,rk©,) =e (") (=V2)" U(=5m, 5, o0 ) 112

where U (—%m, %, Qig;]zf))Q) stands for confluent hyper-geometric function.

Moreover, when m = 0, we can obtain:

0 . _ _Qo(t'—t,k,r
WOt —t,r,k; ©,) = eQU=Hhn) [7.113]

The following result is remarkable when we consider £ = 0 and m = 0.

1 A0 + qQ Pp,rT 1-— 67)‘7
Wr(‘),q(TJ T,O;@r> = 5((]2 - q>Q2T — fp -m | = :

2 2 1— —2\T 1— —AT 1— —AT
+% T 9t ]—i—q(—e)r [7.114]

L)

q

2\ A A

Moreover, from Abramowitz and Stegun 1970 P.509 13.6.9, we obtain
m . _ 0 . =
Wit —trk;0,) =W, (t'—trk0,) = [7.115]
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where

+1 :
W (757) (B L Q3 ) :m € even

A P
Q1(2Qa)" 1 278

[1]

: L% <—ﬁ) :m € odd
Lﬂ) 4Q2 :

As described in Section 5.2, the parameter ¢ is a ‘regularization’ parameter
whose choice allows us to explicitly compute some integrals appearing in the
formulas of the moments/mixed moments and option prices. In fact, using
formula n. 18 in Erdely et al. Vol I, 1954, p.197, we obtain:

+o0o
Wl?,q(t, - t? v, k?@v) - A dUI Lv’q(t, - t, v, U/, ]{J,QU> =

€2V 50,0/ (2072 20" Carbtta ) (/3 o= (0P G b a0 [7.116)]

+oo

W (t' —tv,k0,) :/ vg(t =tV k;0,) =
0

1 (m+1—|—1/v) m!

(Myg)™ Tww+1) (v + 1

W, =tk 0,) L&) (=M, ,0,) ,[7.117]

where LY are the generalized Laguerre polynomials (see Abramowitz and
Stegun 1970 p. 775), m! is the factorial of the integer m (i.e m! = [, 7)

and (V) = [[;Z; (¥ +j — 1). The explicit expression of LY is given by (see
Abramowitz and Stegun 1970 p. 775):

1w =3 - (M) vz (7.018)

j=0 '

Substituting Eq.(7.118) into Eq.(7.117), we deduce the following elementary
formulae

Wit —t,v,k;8,)

Fm+1+wv Zm m+ v\ U i
— ‘1/'0 t/ _ t k ’U v ]‘17.) (] m)
U,q( ’/U’ ’@U) F(VU + 1) I/,U + 1 — ( 7q> ’

7=1

[7.119]

Using Eqs.(7.116)—(7.115) and the definitions of the marginal distribution
and of the moments with an easy computation, we obtain formulas (5.28),
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(5.29), and (7.129), (7.131), (7.130). Moreover, Eqs.(7.110), (7.34) and (7.61)
imply:

)

f(rv,r 0 ' k) = Ly o(1,0,0', k; ©,) - Lpg(T,7,7", k;©,) =

e_QXU In(sq,v,5/26qg,0) /7> e—QXU (Cqyotrq,0)T/7? [ —2v( Cqu Mqu )8q,0,9/ (72 sqvb)e_Mq,v(ﬁq'f‘v/)

~ 2
1(r" — T, k,r
o “”“’”—5( Qi ( >)

Vo /2
1
M,, i) L, (2M,,(3,0)2) | ———¢ 2Qx(7)
Vg 24/mQs(T)
(z,0,7), (@0, r") eERXxRT xR, t,¢' >0, —t >0, qg€R. [7.120]

Finally, substituting Eq.(7.120) into Eq.(7.1), we obtain the representation
formula of the probability density function ps(x,v,r,t, 2,0, 7", t') as follows.

pf(l’, v, T, t) 'Tla U,7 T/7 t,)

eq(:r z') +o00 r(o?
= / dk e* =L, (' —t,0,0, k;0,) Lyt —t, 7,7 k; ©,),

2m oo

(z,v,7), (@0, r) eERXxRT xRY ./ >0, ge R, t' —t>0. [7.121]

Motivated by the fact that the derivative pricing often requires the integra-
tion of the transition probability density function with respect to the future
variance, we deduce the analytical expression of the marginal probability
density function, D, (x,v,r, ¢, 2’1" t"), of the future variables (z’, ") with re-
spect vy, t' > 0, given that z; = x, vy = v, ry, =7, t > 0, t < t'. To derive a
simple expression for D,, we use the following results (see Erdely et al. Vol
I, 1954, p. 197 formula (18)):

400 5 , ({} )Vv/2 ~
P,(t,v,k) = / dv/(vl)uu/QIVU (2Mq,v (f)qvl)l/Q)e_Mq’v v _ &—qu,vvqy
0

q7v

v>0, kR, [7.122]
Using (7.122), we integrate the joint probability density function over the

future variance v’ to find the marginal probability density function of a2/,
that is:

+o0
Dy q(z,v,r t, 2" 7' 1) = / dv' py(z,v,rt a0 ' 1)
0
q(z—z") 1 > k(x'—x) 1170 (4 . / /..
=e — dke W, —t0,k0,) L (' —t,r,7" k;8,), [7.123]

27
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More specifically,
“+o0
Dy(z,v,rt, 2’ v 1) = / dv' ps(z,v,rta’ o' ) =
0

+o00
eq(xfr’)i/ dk (@ =) o =2xv" ln(sq,u,b/%q,v)/vz€*2xv*(<q,v+uq,v)(t’*t)/v2 .
2m J_

o0

1(r — Ql(r, k,r) ’
1 Qo(T,kJ,T‘)—§
e~ 2v(CFo—tG,0)Sa 0/ (VPsqwn) .~ 2Q(7) . [7.124]
2/mQ(T)
(z,0,7) ERXRT xRT (2/,7) e Rx R, t,¢' >0, —t>0,qgeR.

Integrating the transition probability density function with respect to the
future variables v/, 7', we obtain the marginal density of zy = 2/, ' > 0 with
respect to vy, Ty given that o, =z, vy, = v, r, =7, 0 <t <t

+00 +oo
Dy oz, v r t, 2 8) = / d'r”/ dv' pe(x, v, o o ') =
0 0

/ 1 +oo /
o / dk MW (¢ — b0, ki @, )W (' — tr, k:©,) , [7.125]

—0o0

or more specifically

+o0 +o00o
Dy oz, v, r t, 2’ ) :/ dv’/ dr' pg(x,v,r t 2’ o' r' ) =
0 0
1 oo
edlz—z") _—_ / dk P =) o=2xv* n(sq,0,6/2a,0)/7” o =2X0" (Cq0Hhg,0) (H' =) /72
2T
6_2U(Cg,v—Ng,u)sq,v,g/(VQSq,u,b) . eQO(t/—t,kﬂ")

(r,o,1) ERXxRT xRT, 2’ €R, t,t' >0, —t>0,qg€R. [7.126]

—00

In fact, the marginal probability density function, D, ,, can be used to price
European call and put options with payoff functions independent of the vari-
ance process in the framework of stochastic interest rates. Thus, we use D, 4
to deduce formulas for European call and put vanilla options. As stressed
in Christoffersen et al. 2009, a multi-factor model is more flexible for con-
ditional kurtosis and skewness. Thanks to formula (7.129), we can easily
compute these indicators. Finally, a useful byproduct of these formulas are
the moments and the mixed moments associated with the Heston model.

It is worth to highlight that, in formulas (5.28) and (7.126), x, v, r are, re-
spectively, the initial value of the (log-)price, the initial value of the stochastic
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variance and the initial value of the stochastic interest rate. These two last
parameters are not observable in the financial market and should be esti-
mated by using an appropriate calibration procedure. The estimation of the
initial stochastic volatility is a common practice as suggested by Biihler, 2002.

We conclude Appendix B by deriving an explicit expression of the moments
M, (S, v, t,t") = E(S)F |Sy = S, ve = v, 1w = r). Thank to the “trick”
used in the derivation of the formula for the transition probability density
function, this is done in a very simple way. In fact, using (7.126) with ¢ = m
and S’ = Se” (i.e. S is the price observed at time ¢, ¢ < t'), we have:

+o0o
M., = E(S)) = San/ dz'e™ Dy . (0, vo, 70,0, 2, 1) =

—00

1 +0o0 +oo
6"%/ dk </ da’ e e~ ””) I/V0 (t’,vo,k;@v)qu(t’,ro,k;Qr)

[e.9]

(So,Uo,T'Q) e RT xRT x R+, qc R, t' > 0. [7127]

Choosing m = ¢, the integral in the bracket gives us a delta Dirac’s function
of the conjugate variable k which allows us to have the following explicit
formula for the moments. By virtue of the Dirac delta function properties,

we have: N
1 o / / /
Py da’ em em0=2) k@' =0) — 5(k), (7.128)
T
and

Moy = E(Si") = SgWy (1, 00,0,0,) Wy, (¢,10,0;0,.),
(S(),UQ,’I“()) e Rt x Rt x R+, t' > 0. [7129]

Similarly, using the explicit formulas for the integrals (3.26) and (3.27), we
obtain the following explicit formulas for the mixed moments:

E(S[r?) = Sgnwy (00,05 0,) W2 (t,719,0;0,),

v,mq r,mi

(So, v, 70) € RT x RT xR*, ¢ >0, [7.130]
and

E(Siv?) = Sqmwine (¢, v0,0; 0, YWP  (t',70,0;8,),

v,m1 r,mi

(SQ,’U(),T()) S Rt x RT x RJr, t > 0, [7131]
where the functions W7, WP, W W m =1,2,... are elementary func-
tions given by (7.116), (7.111), (7.117) and (7.115) respectively.
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7.3 Appendix C: The Analytical Treatment Of Mutis-
cale Hybrid Heston Model Under Risk Neutral

Measure

In Appendix C, let us derive an integral representation formula under risk
neutral measure for the transition probability density function of the process
described by Eqgs.(6.118)-(6.120) and initial conditions (6.129) where we iden-
tify the initial condition of random variables ié’j , Unos Tm,o With the points
where they are concentrated. We assume 0y, 0, 7m0, Xn, Amy> Vis Tms Vs Om
to be positive constant. Moreover, we assume %‘LQU” > 1 and 2ufn > 1 In
addition, we deduce the moments of the volatility variables and the mixed
moments. For simplicity, here we just delete the index () from every param-
eter and Brownian motion, i.e. W[/ = Wy @ Wh' = Wf{;@), Xn = X9,

vy = o' and so on so forth.

Let py(x, v, v t, 2,0/ 1/, ), (x,v,7), (/,0/,1') € R x (RT)? x (RT)?, ¢, ¢ >0,
t' —t > 0, be the transition probability density function associated with
the stochastic differential system (6.118),(6.119),(6.120), and (6.31), that
is, the probability density function of having 2’ = :ci;j, Vo= (v],..., )T,
r' = (rj,r)" given that z = z;’, v = (v1,...,va)", © = (rs,7;)", when
t' —t > 0. In analogy with Llpton (2001), this transition probability density
function p¢(x, v, 1, t, 2,0/, 1, ') as a function of the "past” variables (x, v, r, t)

satisfies the following backward Kolmogorov equation:

Opy 1 . i N2 2 2a 2 2a 2 2a82pf
5 =3 L 1(an—an) Up + Ui + by ] L 42 Z % 277er el
%%2'7“]2' o1 +me% = ) 8;(%” T pitiibir ?aaga?;a Pirtsbi ]zaaig;;
+an Uy — v n8 +)\(9 z)aa—erAj(Qj—Tj)%

+ (( - 13) - %Z( — Vo — S+ 2a>> et 7132

(z,vn,73,75) ERXRT xRY, 0<t < ¥,
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with final condition:

J d
pr(t,x,v,rt =t 2’ o) = 5(x'—x)H(S(T;n—rm)-Hé(U;—vn)
m=i n=1

d
= (2" —x) - o(r; —r)d(r —ry) H v, —wv,), [7.133]

(2,0, 7m), (&' 0], 7l ) € R X ]R+ x RT, ¢ >0,
and the appropriate boundary conditions. Letting 7 = t'—¢, we can introduce
the function p, defined as follows:

2 B A VRS Y A
,y,r,x,v_,r)—pf(t,x,y,r,t,x,g,r),

pb(Twr
(r,v,7), (@0, 7") ER x (RY)Ix (R, ¢/ =t+7,7>0.

(7.134)

The representation (7.134) holds since the coefficients of the Kolmogorov
backward equation and condition (7.133) are invariant by time translation.
Substituting the change of the time variable 7 =t — ¢’ into Eq.(7.132), it is
worth nothing that p, is the solution of the following problem:

d
Opy 1 2 2a 2 2a (9 pb 0? pb 1, 8 4
- - [§ a — aJ Vv, + birit + bjrj —_— g 5771 Tl

or 2 —~ TnUn 50 02 o
+an T — 2— + (0, — ’)g_l;j + (6, —rj)g—fj
T ((ri ) - %ém; ), (B b§r§a)) o 7.135

(z,0n,7i,75) ERXRT xRY xRY, 0 <t < ¢,

with the initial condition:

J d
pb<0a x,v,T, $,>U_/7 7’/) = 5(3:/ - QZ’) H 5(T;n - Tm) . H 6(”7/7, - Un)
m=i n=1
d
= 02" —x) - 0(ri —r)o(r; —r;) - H §(v, —vy,), [7.136]
n=1
(T, 00, ), (@00, 7)) ER X RT x RY ¢ >0,
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and with the appropriate boundary conditions. For later convenience, let us
consider the following change of dependent variable:

pb(Tu x,v,r, xlv rU_l? T/) = 6q(x7x/)pq<7—7 x,v,r, xla U_la T/) [7137]
(z,v,7), (@, v,7") ER x (RN x (R, ¢ =t+7,7>0.

Substituting Eq.(7.137) into (7.135)— (7.136), we obtain that p, is the solution
of the following problem:

d

apq_l i j 22a 22a apq qu
5—52(% a) + b;r b +Z""

n=1

e R zpm% e e DT
d
—pjabre ;igq + nzl [Xn(Tn = n) + @npno(ag, — al)vn] 2&
+ [Ni(0; = 73) + qnipiabiri®] 2—12 + X0 —5) + qmipsa (—0;)r7?] %
[ Uy - r2e 2o J2 Opq
4 ;?(a;—cﬂl) (2 — 1) + ( o (2q—1)> + (—7’]—1—76 (2¢ 1))] o

+
M=
<

5 (0 —a)* (¢ = q) + (qm + Tia P(q" Q)> + <Q(—7’j) + é@?(q? - q>)] Pq

(z,vn,7,75) ERXRT x RY xR, 0 <t < ¥, [7.138]

Il
—

n

with the initial condition:

J d
pg(0, 2,0, 2 W) = 1§ — ) H 8(rl —rm) - H d(v), — vp)
m=t n=1

d
= eQ(x_x/)(S(aj’ —x)- 5(7": — TZ')(S(T; — 7“]') : H 5(0; — V), [7.139]

1
(z,vn,73,7;) ERxRT x RY x R*, 7 =0,

Now we consider the following representation formula for p, with a Fourier
transform:

1 ,
po(T 20,1 2 0 ) = —/dke”“(x =) f(r,v, 1,01 k),
2'/T R

(v,7) € (R, (,r) x (RT)? k€R, 7>0. [7.140]
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This is possible since the coefficients (7.135) and the initial condition (7.136)
are independent of translation in the log-price variable. Substituting Eq.(7.140)
into (7.135), we obtain that the function f is the solution of the following
problem:

2

0*f

h (9

l\DI»—t
“’l\.’)

d
—k?
G = g | Dl = e, b e an
n=1

d
1 2 2 2 1 af 2 af
2 n;7; E Zk pn v'yn agz)vna_vn + (_Zk)pi,rnibiri 87'1'

9 - .
f T Z [X”(U:L o Un) + qfYn/On,v(a:L - aﬁl)vn} —f

ov,,
a_f 2a] af
(97"1

+ (N (05 = 5) + quipsa (=)
+{ > Stah— )7 (¢ — ) — k2o = )] + (e — ) + SR [ -0

n=1

—(— Zk>p] Tn]bJTJQa or,

n=1

+ [}\1(6@ — 7"@') + qnipi,rbiriza} or
J

2(1

—1k(2q — 1)}) + ( (—q + k) + 7()2 [(¢* — q) — k(2 — 1)}) }f [7.141]

(2,00, 75,75) ERXxRT x RY xRY, 0 <t < ¢,

with the initial condition:

FO, 0,00 7 K) =6 — r)o(rh — ) [ 00f —vi),  [7.142)
n=1

(vi, 73, 75), (v, 3, 75) € RT X RT x RY, k€ R.

R R

Now let us represent f as the inverse Fourier transform of the future variables
(v',r") whose conjugate variables are denoted by (I, ), that is:

1=

d+2 d
frntd b = (57) [T [ e H/d£ o g, K LE),
™

(Un,rm) € RT x RY (k, n,fm)eRxRxR,T>0. [7.143]
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It is easy to see that the function g satisfies Eq.(7.141) with the following
initial condition:

k
9(0,v,7,k,L,§) = e GG [Jetine, [7.144]
n=1

j k
= [[eom]]e ™, [7.145]
m=s n=1
(Vp, 7m) € RT x RY, (k,1,,6n) ERXR X R, 7> 0.

Please note that ¢ is the Fourier transform with respect to the future variables
(v, ') of the function obtained by extending f, as a function of the variables
(v,r), with zero when v, ¢ R* and/or r,, ¢ RT. The coefficients of the
partial differential operator appearing on the right hand side of (7.135) are
first degree polynomials in v and r so that we seek a solution of problem
(7.141), (7.142) in the form (see Lipton, 2001):

J d
g(T’ Q7 Z) k7 £7 é) —_ eA(Tvki’é) H eme B’l‘m (Tvkvém) H efv’ﬂ B’Un (Tvkzln)’
m=t n=1

d

- nB'un 7kvln
ATELE) o=ri Bry (Th &) o =75 Br(T.h:&5) v (r )7 (7.146]

(U, mm) € RT x RT, (k,1,§) € R x (R)? x (R)?, 7 > 0.

Substituting Eq.(7.146) into Eq.(7.141) and setting a = v we obtain that
the functions A(7,k,L,§) , By, (7, k,1,), and B, (7,k,&), By, (7, k,§;) must

satisfy the following ordinary differential equations:

dA &
E(Ta ka L §) - _/\'L 6)1 B’ri (7—7 k’ gz) - /\j Qj Brj (7—7 ku §j> - Z XnU:Lan (7—7 ka ln)
n=1
(k1o 6,6) ERX R X R X R, 7> 0, [7.147]
dB
(k1
- (T7 ) )
2 ' a; _GZL 2
= B — e = G (g2 g) — ke 2g - 1)
. . 72
- [Xn + (1k — Q)'Vnpn,v(a; - a;)} B, — 77133“

2
= @Zn(k)(aZJ)Q - (Xn + (Zk - Q)'Ynﬁn,v)an (Ta k, ln) - %Bgn (7—’ k, ln)v [7'148]
(k,l,) ERxR,7>0
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R

where @ (k) = o = 5 (¢* = @) =tk 24 = 1)}, Pnw = pap(@, — ay) -
dB,, LT b 1
(T k&) = S+ (k= a) = 5 [(¢° — ) — k(29 — 1))
2
- P\i + (Zk - C])Uiﬂi,rbi] B,, (7'7 k, fz‘) - %BZ(T, kf,fi)
2
= ¢ ()b + (tk = q) = [\ + (k= q)mipisbi) By, (. k. &) — 2B (m. k. &)
(k&) ER xR, 7> 0, [7.149]
i kz 1 2
where gii(k) = o — 5 [(¢" — ¢) —k(2¢ — 1)] .
dB,, k2 b2
k&) = b+ (a— k) = 2 [(@ — ¢) — k(20 = 1)]
2
’)’I.
— [N+ (ke = @)n;pjn(=05)] By, — 5]333.

2
T n;
= Spq] (k’)b? + (q — Zk) — [)\J + (q — Zk‘)?’]jpiﬂnbj] BT]. (T, ]{3, 5]) — EJBEJ (T, ]{3, 5])
(k,&) e RxR,7>0, [7.150]
- o1, . N
where @4 (k) = 5 735 [(¢* — q) —1k(2¢ — 1)]. Tt is worth to highlight that,
in comparison with the analytical treatment under physical measure in Sec-

tion 5.2, the following equality holds. Indeed, this equality simplifies our
computation of the FX option pricing formulas as well as correlating SDEs.

aulk) = g (8) = S (0) = (k) = & — L (¢ ) kg - 1] (1151

with initial condition:

A(07 kai?é) - 07 an(07ku ln) - Zlny B’r'i(07 k7§z) - Z§i7 B’r’j (07 k7§j> - Z§j7
with (k,1,£) € R x R? x R?.

Eqs.(7.148), (7.149) and (7.150) are Riccati equdations that can be solved
elementarily by substituting their solutions into Eq.(7.147) and integrating
with respect to 7 to obtain A(7, k,[,£). The following steps are exactly the
same with Section6.2.1. We could get the joint probability density func-
tion (pdf) in Eq.(7.165) and the pdf over the future variance v’ to find the
marginal density for (2/,1’) in Eq.(7.166).
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Let us derive the joint transition probability density function p; in the case
a = 1/2, that is when the CIR interest rate model is considered. Considering
integration on Eq.(7.147) for A(7,k,[,&), we obtain:

A(T k.1 ¢)
2 L 20,0,
= — nl CvnTkl lncrm Tvk7’£m7
nzl o O = L T k)

2n 2,0, 2),0,
- —§ Xla 0 (k) — 20 (k) — 29 0 (7, b€
fYn 771 77]'

Hence, the function g(7,v,7,k,[, ) in Eq.(7.144) is given by:

n=1

d

S22 4 O (rkdy) -2 2 gy /O
g(ﬂy,ﬂk,bé):n(@ 2 n(mhln) =28 =g (kln)/Con H
n:l mE{’L,]}
22Am 0 2rm 407
—Mlncrm(TJﬁfm — =g = T,k,gm C”'m
e Vo —ar (rkém)/ ) [7.153]

(Up, ) € RT x RT, (K, 1,,6n) ERXR X R, 7> 0.

In order to obtain an explicit expression for f(7,v,r, v/, k) in Eq.(7.143),
that is the inverse Fourier transform of g(7,v,r, k,[,§) with respect to the
variable v and 7/, we have to compute the following integrals:

Lvn(Tu Un, U;u k | @vn)
1 Heo

T or

2XnUn Un, dcvn
—Xvi%lnc’vn(ﬂk’,ln) e_ZTn (T,k\ln) [ Copy

dl, e’ e [7.154]

/
LTm 7—7 Tma Tm? k | @Tm)

1 [r ;= Rmbm gy Oy (k) — 2 Y (1 ke, /O
_ _/ d{m 6me7"m€ 'W'gn n m( ’ 7£ )6 7772n dr ( ’ 75 )/ m [7155]

Let us show how to compute the integral appearing in (7.154) and (7.155)
analogously by using Eq.(6.59) and (6.63) with the change of variable I/, =

1, 0n) Sema 4 the following equality:

2 Squp,b

2 2 , (8G, e %
Sq,vn,dsqun,b - ( q,Un - /J/’Un) qvn7g - Zln W 5 [7.156]
Thus, Ly, (7,vn, v, k | ©, ) can be written as follows:
L (T U ’Ul ]{j ‘ @ ) g iMq 67(ZXWU:L/’Y%)[1n(3q,vn,b/2Cq,vn)+(Hq,vn+Cq,un)7'] .
Un ny “n 27T ,Un,
+oo

—00

178

[7.152]

~ ’
( qV’Unvq,")”n

o= @0n /7)o 120 S0r0m.0 0 / Il €=t Mg =2t ) (11, R

[7.157]



where

2 g 2 ~2gunT
2500 L 4(Cgypn ) Une 000 M. & — ég‘?v”nv"e ’ [7.158]
avn = 3 » Ugn = 3 » Mo, VUgn = 5 . .
Yn Sqvn.g S b TYn Savn.gSqunb

Now using formula n.34 on p.156 in Oberhettinger 1973, we obtain:

/
L’Un(T7 Una U’n,’ k ‘ @’U")
— 67(2)(””;‘1/7721)[111(5%1/717b/2<q7’Un)+(:U‘Qa’un +<q7’Un)T} 67(21]"/7727,)(43,'071 *Ng,vn)sq,vn,g/sq,vn;bM

q,Un
(Mq;un @qm)—uq,ml/? (Mq,'unv;z)ywn /2 6_Mq’vnﬁq’n€_Mq’U"U;‘ ]qun (qu’vn (77q,nv;)1/2)7
s with, vn,0! >0, k € R. 7.159]

where Vg, = 2xn0; /72 —1 and I, , is the modified Bessel function of order
Vgu, (see, for example, Abramowitz and Stegun, 1970). Similarly, we obtain:

er(Ta T'm, r;m k | @rm)

— 6_(2>‘m0m/7772n)[1n(8q,’rm,b/2gq,7'm)+(H077”m+§q,7'm)7—] e—(%m/nfn)(ﬁirm —Nz,y-m)sq,rm,g/sq,rmbe

q,"m
= —Vg,rm /2 I \NYarm /2 =My i © = Mg rm T ~ 7 \1/2
(Mq,rmrq,n) o (Mq,rme) moe Taermie Tmarm mIVq,'rm (2Mq,rm (T(Lmrm) / ),
. /
with, 7,7 >0, k € R, [7.160]
where
2 -2 2 —2Cq,rm T

2 Sgenp - 4(Cqrm )°Tme Casrm™ Mo - 8 (g Tme€ —00™m

arm — o5 o Tgm = 2 s MarnTgm = —5 )
Tl Sq,rm.g Sqrm,b T Sq,rm,g5¢,rn.b

and Vg, = 2\ /02 — 1, m=1i,j [7.161]

The following results are remarkable (see Abramowitz and Stegun 1970 pp.
375 and 486):

Pp,vn (T7 UTL? k)

+°° i P o e S
— / dU;.L(U;_L)Vq,vn/Z_[Vq’vn (2Mq,vn (Uqﬂ)nvil)l/Z)e Mg,y vy, _ q,M—qu,vnyq’n,
0 4,n
v, >0, k €R, [7.162]
P I'm (7—7 Tm, k)
+o00 R B , (7: m)uq,,.m/z ~
— dr;n(r;l)uq,rm/zlyqyrm(2Mq7,ﬂm (Fom 1 Y/2) e Mairm o = q,M—qu,rmrq,m’
0 4rm
Tm > O, k€ R, [7163]
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Substituting Eqgs.(7.159) and (7.160) into Eq.(7.142), we obtain:

d
f(Tu v, r, y/7£17 k) = H Lvn(Tu Un,s U;H k) ’ LTi(Ta T4, T;a k)LTj (T7 Tj? 7”;, k)
n=2

d d J
=2 30 Xnvn In(sq,0,,6/2Cq,0n)/ 75 —2 3y XnVyy (Ba,on +Ca,on)T/V =2 30 AmOm I0(Sq,rm b/2Cq,rm ) /M
n= n= m=1

€ = (&

J d
-2 Z_Amem(ﬂqmm"‘@mm)’r/n?n { -2 Zl Un(Cg,vn _Nﬁ,vn)Sq,vmg/(’Y?LSq,vn,b)
= . 6 n= .

e
.6 m=1

/

d - d Vg, om /2
— 3 Mg,un (3g,n+07,) v aon -
e = | | [Mq,vn (~ = ) Ay, (2Mq,vn(vq,n U;)lﬂ)] }

q7n

J
. m(Cg,rm—#3,rm)Sq,rm,g/(ﬂgnsq,rm,b) - Z_Mq,?“m (rq,m"'_T;n)
e m=i .

PN
Q)
b
i
:

’ Vg, rm /2
11 [Mq,rm (f m ) Ly (2My (P r;n)1/2)] } [7.164]

q?m

(2,0, 7m), (20,7 ) ERXRY xR, t,¢/ >0,t —t>0.

rUnr T m

Substituting Eq.(7.164) into Eq.(7.140), we obtain the probability density
function py(x,v,r,t, 2/, v/, 1, t') as follows:

! ]. !
pilz, vt 2 v ) = eq(“)—/dk k(@ —2) . {
21 Jr

d d
-2 Zl Xnvy, ln(sqﬂ)n,b/QC‘LU’rL)/’Y’VZl -2 Zl Xn vy, (Kq,vn +<q,vn)(t/_t)/73b
n— 6 n—

e
i j
-2 Z.Amem (g, ,b/20q,rm) /M —2 Z_)‘WGM(Mq,rm""Cqmm)(t,_t)/???n
-e m=1 e m=1
d d
{ 22 35 0n(@ o —H2 ) as0me ) (R Saom) = 3 Mo (T +04)
. e n=1 e n=1 .
d /U/ VlIaU'n,/2
~ 1\1/2
H Mq’vn <~ - ) : IVq,vn (2M(I7’Un (U%n Un) / )
n=1 Ygn
i j
{ 2 30 Q=12 VSarrma) (PaSarms) = 35 Mar (Faum+7n)
. e m=1 e m=1 .
J 7’/ Vg,rm /2 .
H Mq»rm <~ = ) ’ [Vq,rm (2Mq7Tm (f.qvm Tin) / ) ? [7165]
ey Tqm
m=
(T, 00, 7m), (/0,7 )ERXRY xRY ¢t/ >0,¢ —t>0.
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Thanks to Eq.(7.162), we integrate the joint probability density function in
Eq.(7.165) over the future variance v’ to find the marginal density for (2, 1")
as follows:

d too
Dy(z,v,r,t, 2 0 t) =[] (/ dvy, py(z, v, t,t,x’,v_’,f,t’)>
n=1 0

_ eq(xfz’)i / dk ezk(x’fx) .
27T R

d d
-2 Zl XnUp In(Sq,0p ,0/28q,0n) /78 —2 Zl Xn 0 (g on +Ca,0n ) (' =) /72
e n= e e

J J
-2 X ] A Om In(Sq,rp, 5/ 2Cq,rm )/ =2 3 ) AmOm (g, rm +Ca,rm ) (E' —1) /17,
. e m=1 e m=1

d
{ 23 (b0 )Saremg ) (V0 0m ) }
‘4 €

n=1

m=1 e m=1

J J
{ -2 Z_Tm(Cg,rm—#g,rm)Sqmm,g/(ﬂ?nsq,rm,b) - Z_Mq,Tm(FQam'i'r'/m)
L e .

j / quTm/2
1T (M., (;m ) L. (2My, (Fym r;n)l/Q)] }} [7.166]
m=i m
(2, Vny ), (200,70 ) ER X R x RY ¢, ¢/ >0, —t > 0.
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